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£ Amazon Machine Learning - Batch Predictions » Create batch prediction

1. ML model for batch prediction 2. Data for batch prediction 3. Batch prediction results

Batch prediction results

The estimated cost for generating your predictions is $4.20. This estimate is based on the 41188 data records included in your
prediction reguest.

The Amazon ML fee for batch predictions is $0.10/1000 predictions rounded to nearest penny. Learn more

Type the path to the 53 location in which the prediction results will be saved.

53 destination a3/l | Bucket-r

Batch prediction
name
(Optional)

Batch prediction: ML model: Banking.csv

Cancel Previous:

arved. Privacy Pollcy Terms of Use
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F—2L—RH14X

NYFFROIANZRBEED-HIC, AmazonML(&" FTF—29 A X2 F—2LA—RY A
XT%Uﬁ?o;WJZF%MWEiu —RT77AINORAOL I—RAEYL - R X%
ER KL TOB RIS 5 2. 7L I K OBA AT L & CEAE DB EAY
LEBETREHYEEA,

TR ET— VA AFFATERVWBEONY FFRHAIANDORELY)

TF—RRAET— I T A XERNATERWVEE, Amazon ML BNY FFAOIANZREED L
FETEFREA, NVFFRHEVIIANTDLEHICERALTVWETF—XY —ANFE Amazon ML
ICE>TRIAETNTVWAEWES, ChA—BRIWTT., <hlk, Amazon Redshift (Amazon Redshift)
F /=l Amazon Relational Database Service (Amazon RDS) V7 TUICE TV EF—XY —AZERK
L, F—REENELEZETLTVAEWVESX, F—RYV—ADERNF THU Y NTHOBEEDEIC
F1—A2TENTVBFEIIRELE T, COFE. Amazon ML OV —I)LRENY FFRAO RS
ICDO2VWTEBAILET, RBREYBLTNYFFRAVIIANERITTRD, Va4 HF—REaFv o)
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LTFRICHEAT B F— 2 Y — R INPROGRESS F1zid READY REIZE 2 2 RICRD LA T
EFET,

JTILEZALFRIANDRREY

Amazon ML >V —)LZERLTUTILEZALFRIY RRA NEERTDE, FRREDZO
CIVRRANEFHNITD-HORENERETHIHEEF YN T 1 —FHURENRTEIE
T, cOBRTR, "H—EAORENR—T ) THHATNATVBRELSIZ, EFILOTA AL >TESR
WERT . Fio, BED Amazon ML U7 L Z A AFRBEIC OV TESHMSELERT,

Create a real-time endpoint

3
Do you want to create a real-time endpoint for mi-6pJECIRYABJ (ML model:

Banking.csv)? A real-time endpoint allows you to request predictions in real
time,

The size of your model is 400.1 KB. You will incur the reserved capacity charge
of 50,001 for every hour your endpoint is active. The prediction charge for real-
time predictions is $0.,0001 per prediction, rounded up to the nearest penny.
Learn more
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NEY D

« Amazon Machine Learning TEZ XA L OB ZERT S
- BHEZZEVOESXED

- BWZEBT 7T -3 DEE

« Amazon Machine Learning 7’0+ A

Amazon Machine Learning TEZ XA L ORBEZHRT S

Amazon Machine Learning ZEAL T, EROBRZOHINFHZ2BEEBICEHBEBEZERATD LN T
EBET, L&A, Amazon Machine Learning ZEAL TEFX— N ANLDP ESHEZFHTS
ICE. ANLADPESHZELLK BB ULEEFA—INOBHZRETEIHXLEN HVET, TORER, #BEFE
BaEAL, chSsOEFXA=ILOHLS—mBILLT, HILLWEFXA=INANLATHZOeEMZ T
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BMLT77O0-F&2EATEET,

NAF VB EREDH,
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c COX=IEANLTL&SH,

s COBEMEEATLELESD, TREERETLLSD,

c COLEI—RBEEICII>TEINLEEOTLLSA, TREEORY NZKI2TEI P NEEDT
L&Sh,
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El)E 2 EEE DB,
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s CORBEDISBZERTIENDTLLSHS

BMRFEZEZVO2ESNEDH

MLIESSWEIBEEORBENHARTREBZVCLEZEATHBKIENEETI,. MLTIZY U %=E
REFICBERYVI-IVNFRARTEDFENIBYET., LA, BERIL—I, HHE, £
FF—RBRFEELEERTICTOISLATESAMENFIEZFEAL CEREZRETEDHE
k. MLEZEH ) XA,

LTORRATRE, BBFEEEZEALET,

s W= ZD—FA2ITTERV, (BFAXA—NFANLDESHZRATEIRED) ABICLDERA
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TEREBA. ZBROERNZACKEIDARMABYERT, L—IFHRYVICES<OERICHK
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ABAN—IILZERIIO—T12JIBCRISICERBIIBVERT, COBBEZMRNICHERT
BHIC. ML Z2ERATEXRT,

« AT—=V2TTERV, BEADEX—I)ZFHTERAL., ANLADESHZHMTEZHEN D
WET, LEL, CORAIVHN, AEBFENDEX—LEBREFENMDAYET. MLY D 1—
Ak, ARESEEZRETDIDOICHRNTT,

WHEET7IT—>3>0RBE

T7VTr—23>oRER, —ENATY T E2RURETOELATY, MLT77UT—232%
*ﬁﬁ@“%t‘_(&"\ LTO—MNEFIEZRITLET,
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SR E T — R OIRE
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ZLNHBE. T—RREIRINFFENEERXNTEBRZICAFTEEEA, BEHEX—T Y M ENEL
TEFETDERE, BZ2<NHE. MLEBEZBRIDEOOREEEBRAT YT T, T ILF—
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F—RIIOVWTHORREBDZEESBHLET. EFLOFATMNG, H#RLTVET—20
HIZAN2TLET,

T—RESMTRDEER, ATOREERIZHBENBYVET,
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. F7IE Subject Matter Expert NER T &V, F—REFEHEFEBEYOEDTT A, T—XI
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EHETHZFRH,. EREBAITIWURMCERNICHBLTVEVWZEADA 2 LEELRT,
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WET, =&XE, Tthe fox jumped over the fence; EVWSTFARN S n-grams ZFEK TS5
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IBH_ET, BE. NL—Z2TJ DA% 70-80%. FMEDE%Z 20-30% £LET. ML AT A
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BEHERBEILEMTEHENTVET, BREF, MLEFILICK > TREBENZZ—T'Y NOEE
BN RZ—TY REBE&SEELLKBVWBERICELBIRFILTATT, BRBEHRE. COXRFILT %
E—QELLTEENLET, RBELENEBERXZRIDRICHAZ CEZBELTVET, Amazon
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TINFAXZEHNICFHRTDCEICL 2T, EFINFAXEZB/NTEERT, EFILTFA Xz D&
TRE, EFLIOTFREINBTIZARMEI D EITEFRELTSEZ L,
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F7ALRNOS Y Y TNRALTICBTHEHME, "RL—ZU TN BLTEFT AN
B, BBRLTEEL,

IEAIL

EAMLRE, MEETILIERZDIIANDEZRICEICKI>T, NL-—Z2VTF—&blex—/N—
7149892 (DFY, MILIBZRADYICNEZ—2%Z2ERTSD) DEBH<DICRIEERT, L1IE
A, TEBRTNENEBTVIANNEROBEDTVIARNZO0ICTRIEILEL2T, EFITHE
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RAEN2HEOHRZRS TMRENFHYVET, BFRELT, L1 EALEREFTILZREFSICL, EFIL
RO/ AXDEZBBLET, L2EALIZKRY, 20T I A NOENNELEZY, ADBERD
HEMAEBVBEICUVIA NEZEETEET, Reqularization type 8 KU Regularization
amount NZX—XZFEAL T, L1 £ L2 EBMtOERZRAELE T, FEICKEBZERLET
&, IXTOHEDOVTA M EOLRY, EFINFINR—22EBTERIBYET,

F7ALNOEMLOBEICETBHME. "RL——VINSA—R BATEF T NE, %5
BLTEE W,

TFIILRBE QM

MLEFIDOBRE. NL—Z2JHRIRRENLET—RZREBEITIOTELELS, RABVTF—5%
—MWRILTDNE—22FBITDHEeTT,. EFINZEALES, EFILONL-—Z2TICERALTO
BWRABWEHTEETILIONT #—XVANRFENESH ZBREBITDEHNEETT, ChZfTd
Lk, EFLZERALTRMET—2EY N (RET—X) ORZFZTFTAL, FREThEZ-TY R Z

EBEORE (V7 RMIIIL—R) EEEBRLUET,

EFIOTFAREZAET AN, ML TRERZBBODX RNV IANFERAZTHATVERT. BREXKNUIA
DEBREF ML ZAVICL2TEBY KT, CNSODARNIVTAZHEL T, EFILONT XA
ZYMIBDEHNEETT,

NAFVDOTE

EZ<ONAFIGETIIVALAORBEOH DG FRHAIT T, AOATR., BESH SN ED
VZACBLTVWREVWSATLNEEMZRLET, CORADTOFRAZFLL T, BEREERE
FEICTEIZIHNESHERETDLEDHIC, PELEWME (HY hA7) ZBRLTAOT EERT
BiElcky), AOAT7Z2BRLET, AOAT7HFLEMERY REVRARFEDIZAETFHEN, A
OA7HFLEWMERY PEWVWHERRF, BEOTVFZAELTTFRHERET,
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Any records below the _ Any records above the
ut-off number will be cut-off number will be
predicted as predicted as ™

Observations

True False False True
Megative Megative Positive Positive

R1NAFTUGEETFINOADT S

EROBRHNOEZEEFARFCEIVT, FREATO4 2077 ICoEEhET ELVED
FR(ELWERH), EULVAOTFR (ELVEKRE), BOLEOTFR BiRd) ER2LEOTFR (&
HiRN)o

NAFTUDEREXARNI AR, 2BEOELVFRE 2BEOIS—%2EE2LLET, BENE
XN RAK, BE (ACC), IEREE (precision), 'V 1—)L, BHRHE, F1EEMETT, EXKNUD
Ak, FRAEFIOEBZZIHEEZAELET. BEACC)FELVWTFHNIEZRELE T, EffE
(Precision) I&, EEFHEhZnsOFORTEBROENEEEBELET, UI—ILF. EE
NENEIEOSEEEFRAENLEOOHEZRNELE T, F1 AIEMEE. ERsE)I-IIZzHE&E
bELEFETT,

AUC &, BIODBATDXRNIYIATY, EFIOEIZAELT, EOHFICODVTIYFWVWAOT
ZFRALAOHIEEBELET, AUC FEBIRLEZLEVEASHMILTWA LS, LEWEZERE
FICAUCXRNUTARSETFLDOFRNT # XV AZHNDENTERT,

ESZALOBBEILI>TE, ChSOXRNVITAOBENOHTY RTSEKVKEFILILE 2L
FIRABHBDAELNERA, LERRF, 2 D2OEDRATTVT—32T, MLEFILOEHN I
BICERBIHENHIET,
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s —FOTT7TVT—232 TR, EOFRANERICE (SVEREY) THHEEEL, WO2HPDE
DHlZE (PREOVI-IL) ELTRIEITZ AN HYET,

c BIOT7VTr—23>Tlk, TeEBRYZS<KOEOHZELL FRTIXRENF 2L ELNBVIE
H@EWUI-I), EELTHE>THEENBIV 2P DEDOHEZTANET (FEEOER
#)o

Amazon ML Tl&, SAIICKY), FRHEhL [0 OEEOARAIT7ZWMELET, fle 0FkEF 1 &
LTHDEITIAREZIDLOOAAT LEWVMER., F7FI)IBMTOS5ICEREENATVWET, Amazon
MLICKY), BBDAODATLEVMERBIRTBDCEICIDHERRIATE, EDFAZI—XICE2 1
B ALEVWEEZRBIRTEERD,

BRIOZADDE

NAFTUHEBEOTOLREFREY, FHEFSOLAITLE MEZBRIDBEEHY Ett
ho FRENBZEER, FARITHFBEBLVITR (DEY, IRL) TY, B, RI7HE
WEFAET NP BALOATAEEZEATHLETEET, COBAE. FHENLEEESY
ANBAESHERET B LHOFHAITOLE VEEBRTIZC LN TEET,

BROZATHERAEND —BNBEXNIIAR, NMMFTIUSEOT—ATERAEINDIXNIIAER
ULTY, HOITXNTDIZRAEE2I9TACBIDELTIIN—TLIE, XNUIRE/INAF
VOBBBELTRICEILEL 2T, XMNVTVARVZAZEILFHEEAE T, RIC. NIOFY
(B ZAZERICES), £, MEFY (VZ7AOHEEILR)EXTHFEND) OLVThAZEES
EOC. NMMFIARNITABRIXNTOIZATEHIENE T, Amazon ML TIE, YT OF1F F1
AEEZEALT, BRIZADEFOTFAOED ZFTML KT
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Predicted Values

K2 &
& & & &
i o N w
Q_D A::- ?1:_‘* FLs {("\
57.02%
L]
@ T
5 Thriller 21.23%  qq
= (18.0K) e
=
20.85% .
2 )
7756%  033%  1312% 100.00%
fotal | {658y (ai0) (111K (sdaky 047
Correct Prediction | | | m
0 20 40 B0 80 100%
Incorrect Prediction | | | m
0 20 40 B0 80 100%

R 2: 8BEU AT EETILOREITH

BHROZABBETRETIZHRIEITDCLERIRBATT . BEATIER,

i T —2DREIVTAE, E

LOFRER ETFROBKEFEEZRIRTY,

JyogLvyv>a>

BIFRR AT DIFE.

—MROEBEX RNV TR, ZFFHFHRRE (RMSE) B L FHIENRE

£ (MAPE) T9, cNSODXRNVIRATIE, FREAEHER—5Y N ERBOKER OB OER
ZRAELET (JZRMYI—RA)s Amazon ML Tk, BIREFILOFAOEREEZFMITD L0

ICRMSE XKD OANERAETNET,

7 LBE O
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I
I|||||II..
-40 I 30

Prediction < Target 1 Prediction > Target

Select Bin Width: a0 20 10 5 L

590
550

500
450
400
380
300
250
200
150

100

)| —— T —— ----.I.I

-180 -110

5

Lo ]

K3 BRFREFILOERODH

EREECEERZLEI—TH2ON —BNEBFETT, FHMETFT—XOBAOERREE. EOX—

TFYRNEFRAEAEZ—TYMNDOEVZEKRLTVET, BRRE., EFIINFFRATELZVEZ—SY N
NDBPERLTVET, EOERRE. EFULNFZ—IY FEBILFEL TV (EBOX—5Y N
FRRX—=TYRKRYVKREW) CEEZRLET, BOERRE., EFIUNFZ—TY NZBAFHMEL TVWD
(EBOZR—=TY RFFRRX—TYRKYPEW) CEEZRLET, FHMET—ZFORERROEARNT T A
A, EOZFLETRIRILERTEHLTVREE., EFINFSUOFLICZAZLBLTVWT, 22—

TYNEOBENHETERNICBAFAXRLEENMFRALTVEWCEZRLET, BRAEOZ
RALEULERILFERICESBEWVWEES, ETIILOTFAIS—ICAI’OBEN TELTVWET, EFIIL
EHEEMTDE, BEOEFILTF Y 7FYLTVBEVWNEZ—EETFTINF T+ 7 F vy 32K%ICIT
2hELhERA

EFIILEEDE L

T—XICE2EMLEFINEBZ LS, BERE. COML7OEAZEY)RLETL, W22 DN
DI—>3a>aEBLET, RUORETIHEICTFIANBETINEBDIERFTERVHAELNEEA
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L. EFLZHRELTESICRVTRHZBRSETILELIERA, NTF N RZELETED
EOIC, ChSDATYTZRVERTZENTERT,

CT2IE: NL—Z T BB EERT
2. e IE: WE KR RV EREZEMNT S

3. EFTFINGA=BZOF1——20: FBF7INIVALTERATARNL—ZINTA—Z20EZE
ATHh

TEFNTAYNTUOR—=T4 9 NEFA—=N—=T 1Y K

EFLOBEMEERTBo R, TRLOBEFrEVEVSHEORANZEREER S5 LTE
ETY, ChEBRTHET, BEOLDOFREBUSCENTEET, RL—Z2IF—&E
HEF—ZOFHAIS—ERT, FHEFAFRL—ZVIF—RICHUTT YA =74 RO A—
N—74Yy RO EHWTEET,

W ¢ A VA

> > >

Underfitting * Balanced . Owverfitting

KL= YF—RTOEFLONTA—I VAN BLEER, EFLANL—ZVIF—RICT
A—7 4y RLTWET., Chid, EFLFALE X EREFRDENFBV) EX—F Y ME(Y &
RENDEANZV) DEREF Y 7F v TERVCENBERTT, RL—ZVIF—ZTOEFIL
ODINT =X VAN &L TEH, HEF—ZTONT 4 —I VAR < BV EFBRENDBE. T
FIHFRNL—=VFF—RIA—N—T 4y RLTVET, Chid, EFIFREF—2ERELT
VT, BTV AWMICHLT—BILTERVZ EABERTY,

NL—Z2TF—Z2TONT#—XAFBVRRE. EFILAFEZ—7Y N eHATHICEEMTE
2 (ANHENTDICHATNATVEV) CETHIARMENI BN ERT. TETILOREMZEDHDC
ET. NT7F—XRVAZHETERT, TTLOREMZEHDICE, ROBEZHAL TLEEL,

c HLLORXAVEEOHESICEEOTHIINERZEMTS, Kz, BELEORA(TZEE
T2 NITZLYAADEMELE)
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- FRAISEAMLOEZRST

EFIFNL—Z2TF—RIZA-N—=T7 1Y RLTVRHEEE., ETFIORBMEZETEEIHE
ZHADOABENTT,. EFIOREMZETSERICE,. ROBREZHL TEEL,

o HREDBER: BEDHAEDOEZELBL<TE,. nTIFLDOV A XENE<TD, BLT, BERH
EOBERST L EZRILET,
- EFRATHEALOEZIEYT,

FETILAVALICEZBTROL+DBT—ENBWVWESD, RL—ZVIF—RETARNT—20OE
ENFBKBBIZENHYNET, ROFIEEZRITLTINT ARV AZMLEEERENTEFRT,

s NL=Z2TF—2DHINEZEPT,
c BFEORNL—Z2IF—2ONAOHREEP T,

EFI)INZEAL FRAOHER

T, MLEFILONT 2 —I AN KLY, FRAOERICERATE ET, Amazon Machine
Learning Tk, EFNEFERALLEFRAZERKTD 2 DO5ENHVET,

NY FFH

NYFFRIE, —EOHFANOFAUZ —EICERLTHAS, —ENBSEFEREHOBRAIICHLTT Y
2AVERTIZDHEEILENTT, BE, TOLSBTITVIT—23avick, BLAT—0EHR
AHYVEBA, FEAR, BBDRRBOEEF Y AR—O—ZHBELTE—TYNCITIEEZRET
BEEF., IXTOBEEOFRHAOTZESEBL, TEFILOFAZY—-RNLT, EOBBNfNREEBAT
SUEMENIBVAZEREIL, BATITEMNI REGVB TS LU 5% OBEEZX—T'Y NCLE
£

A2Z42FH
AVFAVFRIFT VAR, LATVI—ORVRET, BOY TN ERBRILTH YT E

129 2FRZERTRERICEALET, LealF, FREZFEALT, BEOKNZOHF I3V
FEBRRNZIH IV THZIARMEIEVWAESH ZHEICHKTEERT,
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MLWTF—RTOETFIOBRNL—Z2T

EFINFBEOSVFAZ TR LHICE. FROEILKZ>TVWAF—2N, EFINFSNL—Z2T
TNETF—RERBOIHZRE >TVBARENfFHYVET, T—205HIEHFEOKZBE LEICE
FTHRENFREND L, TEFILOF7O/4 . 1ERYERTEND2DOTIRAL, CLUIEHRNE
MEBTT, T—E0ODHNFTONL—Z_2T0F—205HASKIBICEBELTVWAZEF DA 12
5, BET—FEZHMENICERL, KUFLVWF—RTEFILEZBRNL—Z27325 22680
LET, T—REGBICHEFIZERHITDEOOEREA—NAY RFREVOTHNE, &V)
BRELHKE, L&A, 80, 8E, FLEBAKRE, EHNCETILENL—Z27FB2ET
¥o Amazon ML TEFIZBRL—Z29931CF,. HILLNL—Z2F9F—RIZETVTHL W
EFINEERTDILEN HYET,

Amazon Machine Learning 7’0t A

RDOFRIF., CORFIXARNTHBPBEATVWA ML7OEA%E, Amazon ML OV —)L&ZFERALT
ETIT2HEZHRALET,

ML 7’0+t A Amazon ML Z A%

F—R DB Amazon ML TF—REHHT B, F—RY—REERL. F—&
1A MRS ERRBLTIEE L,

NL—Z298&V Amazon ML EF—&Y —AZ9&EILT, F—2D70% 2FFI fL—
FET—2Y —AIC 9. 30% EEFINOFR/INT A —X 2 AQOFHMICFERATEE T,

T—R%Z5E X s
MLEFILNDERT A HF—RZ2FT A NORETHEMAT S E. Amazon

MLET—2Z258ILET,

ML EFILDERD A HF— REHDAXLRETHEAL ., ML EF)L O
FBBRENATVBIFE, Amazon ML ' F— R Z2 5 EITHDZHATS
EHOATIAVHRREN, T—2D 30% THAZRITLET,

NL—Z29F7—24& MLEFIDERTAHF—REFTAIINORETHERTSE, Amazon
n>vv ) MLIEETF—R%Z2>vYYI7ILLET, £, F—X%Z Amazon ML (1~
R—=RTBHICYYTITBDEETEET,

7Ot A#EE NL—Z2IF— 2B —RIULOLEHOFELBERICEFEHZT70O
AR, BEZHEFENET, MLETFILOER DA F—RETFT #
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ML 7’0t A

EFILoNL—-Z2
5

EFINZA—2D
E:37N

EFNNT 4=
20 FH

HEE D IEIR

TFRABEDNDAOTL
& WMEDERTE

EFILOEA

Amazon ML 2 A%

INDERETHEATSE, Amazon ML 7 — X O#EEMIBEL FE DR
BRRLET,

BREAEREZEEITRICE. MLEFILOERVAHF—RO [HAXR
L FA7232zERL THEBEREL S EZRHLET,

ML EFILOERD 4 H— REFEAL T Amazon ML TEFILZERT
2BE. Amazon ML A" EFILO KL —Z2 T &2TVE T,

Amazon ML Tl&, EFILOFRNT #—X 2 AICHEETS 4 DO/)NZ
X—RZHFABTEET, TholFE, TEFILYA X, GO, vy 7
LDRAT, BREEHRILTT. MLEFILDOERT A HF—RZFEHL
TMLEFINEERTREE. [NARL] AT 32V EERTDECH
SONTXA—RERETEET,

AMAEDOERD A F—REFEAL T, EFILOFRANT #—I > AZFHE
LET,

Amazon ML OZBTII IV XATK, FB7OLRAICHEYEFELL
WHEEZHIBRTEE T, ChSOMEZHIBRIDCEZTRTICE. ML
EFI)INOEREFIC [L1 regularization |/NTX—XZEIRLE T,

EBBZAOATLEVETEFIOFEL R—MOFRANT #—X > A%
L., ThLSEDRATTUT—232VICETVWTAOTLE WVME
ZRELET, AOATP7LEWER, EFIFYYFFRZERT S HE
ERELET. RRESLUTREFhZHEIDIHER/HEL XTI,

NY FFROERT A F—RZFEAL T, EFLICLZENNY FOTF
AERMELET,

£/, Predict API ZFEALTMLEFINOUTILERA LAFREEL
L., AVFIX RTEZOSEINOFTAEZMEBLET,

Amazon Machine Learning 7’0t A
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Amazon Machine Learning M &€

Amazon Machine Learning Z#S THERATAICEE. AWS THOU Y MFBEIZBYERT, THIU b
ZEFETHEVEEE. TAWSADOHA VT Y7 Z28RBLTLKEEY,

AWS ICHATYv7T5

TRV DIT H—ERXAWS) ICHA>T Y73 E, Amazon ML ZEE AWS DT X TOH—
ERACHULTAWS FTHOY RFBENICHA O TYTENET, Bk, FRATH D H—ERAOR

EOHINEBERENET, TTICAWS THIV R ZHBEEN0BEAR. COFIEZAFY LTS
Vo AWS 7HUY REBEHSTREVESR, RICHAITDIFIBICH>TTHIVNEERLTLE
&V,

BAVTYTULTAWS THIY N EERTBICE

1. http://aws.amazon.com ICF7 VAL, [HWA T v 7] Z2BRLE T,
2. BELOERICH > T EEL,

BAVTY7TFIEO—REL T, BEFCHLZZTEY, EFOF—NY REZAVTPINZAS
FRENFROSNET,

AWS IZHA T Y793 Version Latest 29
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F1—KNUFJ): Amazon ML ZFERAL TX— T 1T
TJ77—\OREEFRHTS

Amazon Machine Learning (Amazon ML) T, FRIEFILEZBELTNL—ZJ L. AT7—57)
TRV A=23VIITTIT—23 0 2KRARNTBENTEET, COF1—KUTILT

&, Amazon ML >V —=)ILZFEALTF—XYV—RZ2EKTHHE,. BHED (ML) TTFILZEE
I2hHE, BRETTVT—2a THEATEDFHEZERTZIETIINEEAT I HEEHBALE

ER

COYVTIIEBTIR, Z—TYRNER 2 EXN—TTAVITFYTIOR=VOBENEBEEZRAT
BPFEERLTVETH, TFERETEFEMLEFILZERLTCHEATZOICRAURRABATERT,

HOTWNEBZRETITBICK, AV T7 )T KET—/N1 & (UCI) Machine Learning Repository
ICHD—RICRATREBRITELIN—T T IF—2EY N2FRALET, Chso7F—2tvY
NIk, BEICEITZ2—RIEHRE, BENUION—TTAVIEBBICEDLSICBELENICET
PBEHRAISENRTVET, COTF—RXZFEAL T, BEMESIAE (CD) ELTEHShEIFRAD
EHESZBATAAREEN REEVERDNE2EERERBAILET,

/A Warning

CcOF1—KNUTIIE, AWS ERRARICEENTVEL A, Amazon ML ORE O FFHIC
DWTIE. "Amazon Machine Learning Dfl&, 2B L TS EE L\,

AR SR

F1-—KUTIILZERTITBRICE, AWSTHUY NFBETT, AWSTHIVRNEZXRESHETHE
WiB& k. TAmazon Machine Learning DY R 7Y 7' 28BL TS EE L,

ATYT

« ATVT 1. TF—RE%EETD

« ATVT 2 RL—ZVI9F—3YV—RAEERTD

« ATV 7 3 ML EFILDOIERK

c ATYZ 4 MLEFILOFANT #—XAZHEREL, AIT7OLZVEZRETD
c ATVYV7 5 MLEFLZFEALTFAZERT S

AREH Version Latest 30
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« ATV 6:OU—"T VS

ATY T 1. F—R2&%#FEITS

BEFEBETE, BERETF—2Z2BBL. NL—Z T 2BBITRRICENAANELL 74— Y RE
NTVBEZBRALET, COFI—KNUTILOEHIZ, Y2 TINF—&R+EY h%& UCI Machine
Learning VAR KU A SEEL., Amazon ML 4 RSA VICERTD KD T7+—IY KL, XD
YA—RTEBELSICLELE, COMEYIVDOFIEICH>T, F—XtY M%& Amazon Simple
Storage Service (Amazon S3) ANL—2 OBmMASKX V> O—RL, BAOSSNTY NZTY TS
A—RLTLKEZL,

Amazon ML 7 #—<I Y REHFICDOVWTIE. "TAmazon ML O F—ZFERKICO2V\W T, Z283BLTLE
=L

T—REY hEXTVO-RIBICE

1. banking.zip 27Uy VLT, $BLEORTOEPHASICATVIHRZBALLEETROE
BF—ZNREFEENTVWBEI I 7ML EATDO—RLET, 7FI)ILA—%f#HEL. banking.csv
774 )02 01— ICRELET,

2. banking-batch.zip 22 Y VLT, AREEOHIBEENRBEBICRIETINESHOFRICER
I277ANEAIO—RLET, 72)F—2fFHEL ., banking-batch.csv 77 ()L
E1—2ICREFLET,

3. banking.csvZHEE T, F—RDITEINFRRENET, AVE—1T L., BIOEHSR
FEERTVET, BRE RR—ZB0ERB7ONT AT, FSHARXRI—DHEENRMLERRTSDE
DT, EZWE nr_employed BS HAZRN—NDERAREZXRLET, BT, BE—DHAZ
I—CEIIBAOIL Y3V ERLET.

banking.csv
euribordm nr_employed Vi
I 4.857 2191 0
i 4.857 5191 0
i 4.857 5191 0
i 4.857 5191 0

MLEFIIC., TCOHARN—EFLVWRREHTAITA4TLETHL EVSERICEAT
£E535ELET, COBRBANDEZIE banking.csv F—2tEY MO [y] BHEET. EiE 1 (I
W) EEE 0 (WWR) TF. Amazon ML ICFRIHEE2BLTESVEVERE, X—5 Y k
B EHUET,
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http://archive.ics.uci.edu/ml/
samples/banking.zip
samples/banking-batch.zip
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® Note

BHEY] ENAFTUEBMTT, 2 O2DEOVTNA 1 DOXAEEDHDENTE, C
NESF0FELE1TT, TOUCIF—RtY NTR, yBHEE. [Yes] £ [No]
TT, TOT—REY NEHBEETNATVERT, [y| BED yes ZEKRTHITNTDIE
A1, NoZEBERTDINTOEN OICHE2>TVET, MBODTF—XZFEATZES
k. NMFUBHICHDEZFERITDICENTEEXRT, BIBEDOFMICOVTIRE,

FAttributeType 7 1 —)L ROER 1 #SBLTEE L,

LTofE. yIBEDOEZNATIBHOBIT 1 ICEETIRHEDT—FERLTVET,

Before transformation

banking.csv
euribor3m nr_employed
4.857 5191
4.857 5191
4.857 5191
4.857 5191
4.857 5191

After transformation

banking.csv

euribor3m nr_employed
4.857
4.857
4.857
4.857
4.857

5191
5191
5191
5191
5191

no
no
yes

yes
no

L T o B = R == |

banking-batch.csv 774 I)LIC [y BEREENTVELEA. ML EFILEZERLEET, TOE

TFILNEEALT77AILAOEZELI-—RO[y] ZFRLET,

RIZ, banking.csv B KT banking-batch.csv 77 A4 )% AmazonS3 IC7 Y 7O—RL &

EE

A7 Y71 PR ERT B
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Amazon S3 DBICT7AI 2T Y 7O—RTBICIE

1. %4 24> AWS Management Console L., https://console.aws.amazon.com/s3/ T Amazon
S3OAYY—-)IZRHEXT,

2. [IXTONTY R VART, NTYREERTDA, 77427 Y70 RIBDEREER
LET,

3. FET—3UN-T, [7Yy7O—-R]IZERLKXT,

4. [Add Files] 2 RL &7,

5. RATATRY VATTAINY FIZBEL TH S banking.csv & KV banking-
batch.csv Zi&RL, [F—7] Z&RLFT,

ShT, NL—ZYUF—8Y—REHRTS EEHTEELL,

ATV 2. NL—Z20F—32Y—A&BERTS

banking.csv F—#& 1t Y M % Amazon Simple Storage Service (Amazon S3) OFFTICT Y 7’ O— R
LE#ET, The@EALTINL—Z2T9F7F—82Y—RZERLET, T—FY—ARK, ALTF—20D
FTEANT—RICETRIEEBZRXRTF— XA EREE N TLS Amazon Machine Learning (Amazon
ML) A7 IORTT, Amazon ML &, ML EFIILORKNL—Z2 T RHEGEORETT—XY —
AEFEALET,

F—RY—ZAEERTDICE. UTFEEELET,

« F—2&®0O Amazon S3 DJ/FTETF—EZANDT 7 AT
c FoAHNOBHOBHBLUEBMOE WE, XF. W7V, £LENAF)) ZELAF—
>

« Amazon ML A" FRIZZFEB L TREITHBEHEORE., 2FEWEX—TY NEH

@ Note
F—RY—RAFSBOIKT, ERICETF—2ZREFELEBFA. Amazon S3 ICHEREFEESNTLS
T7ANZBBEFELEIZEELBRVEIDSICLET, BBELRFZEL LHES. Amazon ML &
ML EFILOERK., FHADERK. FLEREFANDERDEHICEFNSICT IV EATERLKY)
x99,
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NL—Z2UF—2Y—RAZERTBICE

1.

Amazon Machine Learning 12/ Y — )L (https://console.aws.amazon.com/machinelearning/) %
EXT,

(AT 2] Z2BRLET.

® Note

COF1—KNUTITIE, Amazon ML Z¥HTHEATRH L ZRRELTVE

T, Amazon ML ZERAL = ENHBEEIE. Amazon ML &Y S 17R— R® [Create
new...] FIREK..) ROVFEIVUARNEFRALT, F—RY—AZFHBRICERLF
9,

[Get started with Amazon Machine Learning] (Amazon Machine Learning ® £ ABR) R—
T. [Launch] (£8) ZFRL ET,

I_i ANS ~ Services ~

£ Amazon Machine Learning -

Get started with Amazon Machine Learning
Standard setup

Start creating your first ML model. If you don't have your
data ready, you can use our sample dataset.

Amazon Machine Learning Tutorial

Dashboard View Dashboard

Skip straight to the Amazon Machine Learning dashboard.

[ABF—=ZRIR=DO, [T—2OEHA] T[S FBRENATVWB L ZRELET,

Where is your data located? @ s3 @ Redshift

ATFYT 2 NL—ZVTF—RY—REERKTS Version Latest 34
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5 [S3OBAM]ICEK. "ATY T 1. F—X%2%EIT S, THERL Iz banking.csv 774 I)LD%E
2RBBFAEANLET, HlZE., your-bucket/banking.csv % £ TF, Amazon ML A/
v RNBIZs3: BRAMLUET,

6. [F—XY—AHA]IC "Banking Data 1, ZAHLET,

53 location s3:/l | aml-sample-data/banking.csv

Enter the path to a single file or folder in Amazon 33. You need to grant Amazon
ML permission to read this data. Learn more.

If yvou already have a schema for this data, provide it in a file at s3.//=path-of-input-
data==chema. If you don't have a schema, Amazon ML will help you create one on

the next page. €3

Datasource name Banking Data 1

7. WRERBERLET,
8. [S3TVLEA#ER|XATOAVRY VAT, [V ZBIRLET,

S3 permissions

Amazon Machine Learning requires read permission on this 53 location to read
input. Would you like to grant Amazon Machine Learning read permission on this

53 input location?

No Yes

9. Amazon ML A" S3 MBAITF— R T FAINICT IV EATESGRAENEBERF., XAOKLDBER—
IHNFRRENET, 7ONT 1 &2HEREL., [£1T) ZBRLET,

AFY7 2 NL—=ZVFF—RY—REERTD Version Latest 35
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The validation is successful. To go to the next step, choose
Continue

Datasource name Banking Data 1
Data location s3://aml-sample-data/banking.csv
Data format CSV
Schema source s3:/(aml-sample-data/banking.csv.schema
Number of files 1
Total size 4.7 MB

RIC, AF—TEZBEIILET, AF—TEF. Amazon ML YA DF—2% ML EFIILAHICERT S
EHICHERBFEROETT, ThIZE., BEOBRFBLVENHTSNET—RZAT, BREE
HEOBRBEEN HVYET, Amazon ML ICAF—TICETICE. 2 DOFENFHV)ET,

« Amazon S3 F—REZTFYJJO—RIBDEZEIL, BIOAF—IXT7A4ILZRELET,
« Amazon ML ICEBM XA 7 O#BE AF—XDEREZHFITLET,
COF1—KRUTI T, Amazon ML ICAF—T Z#HRET X,

BOAF—IT77AINOEROEM-ZOVWTIE., "TAmazon ML DF—ZAF—IX %2ER T2, 25
BLTLSEEL,

Amazon ML IC AF—V Z#HAIT B3 ICF

1. [Schema] (AF¥—N) R—2 (2, Amazon ML A"#RIL EAF—IYHARTRENET, Amazon ML
AHERL EEBHENDTF—2BEZHRELET. Amazon ML A" F—RZIEL<HViAL, BHICIEL
WHEE A ITOND EHICEELR R, BHEICELVWF—XEFE)HTShTWAH LT
ED

e AP yes TlE no BE 2 DOREBOKAZF OBEME. NMFV]&EX—IEhTWD &
ENfrHVUET,

c ATIVERTEOCHEREIXFINFERAETIERRE. [HTIV]EX—IENTVS
BEANBHVNET,

s JEFICERZFOBENERAENZIELG, BE] ELTX—TJEhTLWIRENHYERT,

ATYVT 2 RL—ZVTF—BY—REERT S Version Latest 36
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¢ AR—ATRYSNEREN S BDIUFHFIERAETNIERE. [FFAN ELTI—Y&hN
TVWBHEFHYET,

Name

age

campaign

cons_conf_idx

cons_price_idx

contact

day_of week

default

duration

education

emp_var_rate

-

Data Type

Numeric -

Numeric -

Numeric -

Numeric -

Categorical -

Categorical -

Categorical -

Numeric -

Categorical -

Numeric -

Sample Field Value 1

2. ZOF1—KNUTFTILTIE, Amazon ML A TXRTOEMOF—XBEEZEFLL<BRLTVWS L

& . [Continue] (#t1T) Z&IRL £7,

RIS, 2=TY NEHZERLET,

B—4Y Mg, MLEFAA FHESBIDLENHIBERTHDCEIEBL T EEL, B[]
k., B2 OBEENMBECF T IR—VIEMALTVBAES A%, 1(BWV) £ 0(WWE) TRL

x5

(® Note

T—2Y—RAZMLETFIONL—ZVIBLVOFHAICERATRIHEEICOAKA, Z—TYRNE
MEBERLTSEE,

ATYVT 2. NL=—ZVT0F—RY—RAEERTS
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y| BEz2Z2—7Y NEBHELTERTZICE

1. T—7ILOATT, BE—OXRAEZBRLTT—TILOREDR—JICERET, T, [y]|B
ENFRRENET,

1-100f21 » »

Cancel Previous m

2. [B—=TYRIBTy] ZRRLET,

T L T Y

Q

Amazon ML &, 2= Y REL Ty MBIREhTVWBR 2B LET,
3. [Continue] ( #t1T ) ZEIRL FT,

4. [{TIDIR—=20, [F—RIL@EBIFHAEENRTVETA?] T, T7F)IL M0 [No] FBIRENT
WBEZHRLET,

5. [LEa1—]#&&EBIRL, [#1T] ZERLET,
RL—Z—295F—2Y—REERLELESD. EFILOER OEFBHFrTEEL =,

ATY 7 3 MLEFILOER

NL=—Z2T9F—RYV—R=ZERLE, ThEaERALTMLEFILEZERL, EFILENL—Z
VOLT, BREFMELET, ML EFI)IEFE. Amazon ML A RL—Z29FICF—XTRO2ITZ /N
A—2DEFEV)TT, EFINEZFERALTCFAUEERLET,
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MLEFILZERTDICE

1.

FEABBR VAT —RERNL—Z2VIF—RV—REEFINOTEEZERT B 28, Amazon
Machine Learning (Amazon ML) kERR LA NL—Z_2 07—V —RAZ2BEBMIZFERL. [ML
model settings] (ML EFILERE) R—JICEEBBLET., ML EFILHZRE]|R—D T, [MLE
FILBRIICH LT, F72F)L KD [ML model: Banking Data 1| A"RREhTVWB L&
BLEY,

FIFIRNBEEDOOLAYRTVERZFATHE, MLEFIINEFHEICHEBILTEEITD IDICE
AIB5%ET,

[INL—ZV T B LCFHAERE] T, [T7ALRNABRENATVDZEZRABLET,

Select training Recipes and training parameters control the ML model training
and evaluation process. You can select these settings for your ML model or use the
settings defaults provided by Amazaon MI__ In either case, you can n::hnn_se to
have Amazon ML reserve a portion of the input data for evaluation
Learn more

= Default (Recommended)

Choose this option if you want to use Amazon ML's
recommended recipe, training parameters, and evaluation
settings. €

Mame this
evaluation
(Optional)

Evaluation: ML model: Banking Data 1

[COFHMICBEZERE] T. T 7 #J)L ME Evaluation: ML model: Banking Data 1 %%
NDEREFEALZET,

[LE1—]Z2BRL T, REZWEL., [ET] ZERLFT,

[Finish] (£7) 2RI B &, Amazon ML FEF1—IZEFIIZEML E£F¥F, Amazon ML A
EFINEEKTRE, F7AILWNZEALTROT V>3V 2ERTLET,

c 1 DRTF—EDT0% ZE, £5 12K D30% Z28LLSIC. NL—ZVITF—RY—-R
Z220t023aVICHAILRY

c ABTF—RD70% 8L EIVIVTMLEFILZENL—Z2TULET

c ABT—EDEYD 30% ZFEALTETINEZFELET

EFILFFI—-ICA>TWVWAHE, Amazon ML [ A7 —2X A% [Pending] ((REH) & L THEL
£9, Amazon ML " EFILZEKL TVWBE. Amazon ML l& A7—2X A% [In Progress] (&
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TR ELTHRELERT, IXNTOTIZAVHARTIDE, AT—RAN [RTEH] ELTL
R—hEhET, K790, AN TIBETHEET,

ShT, EFLONTA—IVAERREL, 7Y NATORITERET S REFBOELL,

EFIONL—Z20BROFHMAICETAEEME. MLEFILORNL—Z22T KT evaluate an
ML model 2B L T EE L\,

ATY7 4 MLEFILOFRINT #A—X > AZHEE L, AOT7D
LEVMEZRET S

ML EFI)ILZ#EK L. Amazon Machine Learning (Amazon ML) (C& 2 TEHlI L =D T, EERICHE
FATERNESHRTHEL &S, FHlEiF. AmazonML &, MLEFILONT #—X > AmE%
RETHHBETHE AUC) XNV VAEFENDIEREZEEOREXAN) VAZFELE L, T

7=, Amazon ML I& AUC X KUV AZBIRL T, MLEFILOREN FREAEOMBEZET 7)) Tr—
2AaAVICELTVRAES A ZHSEBET, (AUC OFMICOVWTIE, ML EFI/ILOEEMEDEE &
ZRUTLKEZEV, JAUC XNV RAZMBFEL R, AOAT7OLEVMER®AY AT ZHAELT, £
FILOFRNT A—IVRAEHKBELLEL &5,

MLEFILDO AUC XNU TV AZH#FEITSICE

1. IMLEFLOBH RA—S O ML EFILLR—KN FEF—S 3RS T, [FHE].
[Evaluation: ML model: Banking model 1 (F/fi: ML €7 )L: $R1TEFIL 1)]. [BIE] OIEIZEIRL
-

2. [FMEOBME|R—DT, TETFILOAUCNT#—X2AXKNVORZEY, HEOBEZ R
x9,

ATV T 4 MLEFILOFANT #—X 2 A%ERL, AATFOLEVMEERET S Version Latest 40
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ML model performance metric

On your most recent evaluation, ev-3fFBUP2WSVL | the ML model's quality
score is considered extremely good for most machine learning

applications. @
b

[re—

0 1
AUC: 0.94

Caseline AUL. Ul

Next step: If you want to use this ML model to generate predictions, explore
trade-offs to optimize the performance of your ML model first. €

P et
Score threshold: 0.5

Adjust score threshold

MLEFILEE, FRAF—2YV—ANOZRLI—-—ROBETFRIAODT7ZERL. LEWMEZEARALTO
(WWADIBE) TR 1(BVDOBE) ONAFUIRILVICEBLET, RAOATFOLEVMEZEETS
CET, MLEFIHFCNSOIRILEZEDRSICEIVETRIHZRETEXRT, 2T, AO7L
EVMEZRELET,

MLEFIOAOT7OLE MEZRETDICIE

1. FMEOBE]|R—2 T, [ADTLEMEZTE] 2 2RLET,

ATV T 4 MLEFILOFANT #—X 2 A%ERL, AATFOLEVMEERET S Version Latest 41
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ML model performance

This chart shows the distributions of your predicted answers for the actual "1" and "0" records in your evaluation data. Any overlap of the actual "1" mm &
"0 is where your ML model guesses wrong. Learn mare

Adjust the slider to indicate how much error you can tolerate from your ML model based on your needs. Moving the score threshold to the right decreases
the number of false positives and increases the number of false negatives.

Explain this chart
| Trade-off based on score threshold 0.5

Reset score threshold (0.5)

+ 91% are correct
500 true positive
10,766 true negative

# of Records

« 9% are errors
226 false positive
863 false negative

o,
) " N NN . g
R NN sy SR ~r ¢ 6% of the records are predicted as ™1
o e S e N A A e S A N A A S S N S N N N N N AR SN A SIS Py o W W HTT TS
Predicted most likely to be Score Predicted most likely to be
wym

ng 1 + 945 of the records are predicted as "0"

o Save score threshold at 0.50

Falze negative (7.0%) )
False positive (1.8%) w Advanced metrics

Accuracy 0.9119

False positive rate 0.0206
Precision 0.6887

Recall 0.3668

[ T e R B |
— =& =& -

AA7LEWMEZRAEBIBDCETMLETFILONT A—NAX NI VAZHARTEXT,
DEZFRETDE, FANELWVWEKBENDFIC, EFLFFRACHLTIHE >XEOHDERE
ENFEDYET, £k, FATHRIPRREBSLTRERNOBAEEEINET,

FLLVRETHAIEMI RESVFRNANELVERBENDETAIOTOLEVEZ LTS C
EWLE2T, EFINELVFRERBTEODHY NATZHBETEXRT, £, BERIN
BLBEBETAOATOLEWMEZBS T CEETEXRT, EDFRAOZ—XIZIEUT, AY MF
7ZERLET, COF1I—HRUTILITE, BREDFEEF YO R—VEANFN DD B2, R
BRELVEELLVREDEEZE<LET,

EEAE, BREYTRIVSATIPBEENDLMN 3% 22— Y NICRETHELFET, EEL
LORZEASA REET, AOAT7DOLEVEND [3% of the records are predicted as "1" ("1" & F
BENDI—RO 3N ICBEDEIRELET,
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ML model performance

This chart shows the distributions of your predicted answers for the actual "1" and "0" records in your evaluation data. Any overlap of the actual "1" mm &
"0 is where your ML model guesses wrong. Learn more.

Adjust the slider to indicate how much error you can tolerate from your ML model based on your needs. Moving the score threshold to the right decreases
the number of false positives and increases the number of false negatives.

Explain this chart
| Trade-off based on score threshold 0.77

Reset score threshold (0.77)

« 90% are correct
261 true positive
10,907 true negative

# of Records

« 10% are errors
85 false positive
1,102 false negative

Mm\u\\\\\\} o M » 3% of the records are predicted as "1"
M e W P .

Predmted most likely to be Score Predmted most likely to be

» 97% of the records are predicted as "0"

11 Save score threshold at 0.77

False negative (8.9%) )
Falzs positive (0.7%) % Advanced metrics

False positive rate 0.0077 0
Precision 0.7543 0 1
Recall 0.1915 0
Accuracy 0.9039 0

CORATOLEWVMEN ML ETFILONT A ALCREFITEZEICEEL TSLEETV, Bid
$U:OOO7 _Cj-o L-q) *ﬁtﬂﬁ‘*n*é?ébtbijo

3. [Save score threshold at 0.77 (A7 O L & W\EZ 0.77 TRE)] ZEIRLFT,

COMLEFINZFEALTFAUZTSLTGIC, 077 28ABLO—RE ", . BYoOLId—RE
0y EFRIEIET,

AA7OLEWVMEDFMICIOVWTRR, N1FTUDDE 22RLTSEZL,

hT, EFNZERALTTFRZERT 2 EBITERL L,

ATYT7 5EMLETFINEFEALTTFRHZERTS

Amazon Machine Learning (Amazon ML) &, NY FEUTILRA LD 2 EEOFRHZERTEE
C

ATY T 5EMLETFILEZFEALTCFRAZERT S Version Latest 43
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DT LEALTFRIE, Amazon ML A*F > FXY RTERTRIE-OHRAIHNITZFRATT, UTIL
2ALFRE, ENALUNTT), DITHA4N, BROCBREAVETIOTATIHERATIHEDOH
2EOTTIVT—3aVICRETT.

NYFFRE, —EOFRACHITZFANOEY FTI. Amazon ML BNY FFRATL I— RznE
TREH, RBICEHEIDADZIENFBNET, NMURSI0T1 T ICRREEALBEV—EDE
RMELEFRUZXEETRT7UT—>32 i, NvFFRZEALET,

COFI—RNUTILTER, BENBBEIrTRREYTRAITATIR2HLESHZETFRHTRUTI
BALFRAEERLET, BEENBBEEOREBENYFFALERLET. NY FFRHOEBEEE,
"banking-batch.csvy TPYZ7O—RULEATY T 1. F—32%EISD 774 EZFEALE
ER

DTINEALTREERLEL &5,

(® Note

UTNEALFRUFBERT7ZVT—>3 2056 MLEFILOUTILRA LIS RR
AV RNEERTIBENF VLT, UTILRALIY RRAY N FB AR BB EAF
HLET, VTN EALTFRZERLTHEEIZIANZAREIZHEIC, UTILEALTIY
RRAVKREEREFICVIT TSIV TUTIILRA LATFRBEEZR T EN TEET,
DFI—KJTILTRE, UATZRITLET,

VTINEALTRZERATSICE

1. [MLEFILAR—N FESF—>3 2 RA 2T, [Tryreal-time predictions (U 7L 2 A LAF B D
HA)] ZEBRLET,

ATY 7T 5EMLETFILEERALTCTFRHZERT D Version Latest 44
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WP AWS v Servic

& Amazon Machi

ML model report

| summary
Settings

Monitoring

Tools

@I-ﬁme predi@

2. [LO—ROBEYNHF] ZBRLET,

Try real-time predictions

Try generating realtime predictions for free using the web browser on this page. To request a
real-time prediction, complete the following form or provide.s Eeeed in CSV format. To
provide a data record, choose the Paste a record butj

UN. | Paste a record

Q Items per page: | 10 - 1-100f21 > %

= Name Type Value
3. [LOA—ROBYRHNAATOTRY VAT, ROZHEEMY)FTET,

32,services,divorced,basic.9y, no,unknown,yes,cellular,dec,mon,110,1,11,0,nonexistent,-1.8,¢

4. [Paste arecord] (LO—ROBEYFF) XA F7OTKRY AT [Submit] (1) ZiBIRL., CDER
BOFRAZERTEDEZEEBLET, Amazon ML IEU TP LR A LFRT7 A —LICEZADL
7,

Q Items per page: | 10 - 1-10of21 »
= Name Type Value
1 age Mumeric 32.0
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® Note
B2 DEZADLT, {B] 71 —)ILRICEZANTEZIEETEERT, BIRLEXYY
RICAADHST, EFINERNL—Z T2 EDICEALEN > EBREZRHETIHNE
FHYET,

5. R=JOTHT, [FADHEK] ZBRLET,

TRl ARl D [Prediction results (FRIFER) RA VICKRTRENE T, <O FRD [Predicted label
(FRIZRIE O TT, 2FY, COBENEBEFREF Y OR—2VICREBLESIZHYEE
Ao [Predicted label (FRIZARI) 1 &k, BEAF Y OR=—VICKETHABEENI GVCEZE
®KLET,

e T I e i T

; Prediction results

Target name y
ML model type BINARY

Predicted

label 0

§
{
"prediction”: {
i "predictedLabel™: "0"
E "predictedScores"; {
j "0": 0.033486433
I
"details" {
< "PredictiveModelType": "BINARY™
5 "Algorithm"™ "SGD"
b
f 1

I

b

T, NYFFRZEERLET, Amazon ML ICEALTWS ML EFILOBEI, BRTEFRELE
¥ 2 ANT—2X D Amazon Simple Storage Service (Amazon S3) D iFFT (Amazon ML & Z O F—

ATY T 5EMLETFILEZFEALTCFRAZERT S Version Latest 46
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ENSNYFFRF—2Y—RAEZERLET). BRZRINT S -HD Amazon S3 DFEFiziRMEtL
S

NY FFRAZERTDICE

1.

8.

[Amazon Machine Learning]. [/\Y FF8] OJEIZIERLE T,

i'i ANS Services Edit

% Amazon Machine Learning ~ ‘

Dashboard

ML Model Pe

Datasources

ML Models This chart shows
Evaluations ML Model guesst

Adjust the slider-
false positives ar

FLWNY FFRRZER] 2BRLET,

[ML model for batch predictions (/N ¥ FF8® ML £F)L)] R—2 T, [ML model: Banking Data
1 (ML EFIL: BIT7F—2 1) ZEIRLET,

Amazon ML &, ML EFI)L&. ID, #EXEZ, BLVPBEETZITFT—XYV—AIDEZEXRRLET,

[Continue] ( #t1T ) ZBIRL E T,

FRAZEERTBDICEF., FRICKELZT—2% Amazon ML ICEEHITBIUENFHYET., chiFA
HF—REBENET, £, AHDTF—E22TF—2Y—AICAHLT, Amazon ML A 5T7 0+
ATEDELSICLET,

[ABT—RERE]| T, [T—2ESZELHY, T—FY—AZERTILEN HV) TT] Z2&ER
LEXT,

Locate the input data @ | already created a datasource pointing to my $3 data

@ My data is in 53, and | need to create a datasource

[F—&Y—A%&]IC "Banking Data 2; ZAHLZET,

[S3 M3FFA] I, banking-batch.csv 77 A DOTELBIFMEANLET: your-bucket/
banking-batch.csv/banking-batch.csv,

[CSVD 1TECRIBABENTVERIAN? T, BV ZRBRRLET,

ATY T 5EMLETFILEZFEALTCFRAZERT S Version Latest 47
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9. HRZERLZET,

Amazon ML EF—X DG ERIEL £7,

10. [Continue] ( #t1T ) ZERL E T,

11. [S3 destination] (S3EFEX) ICIk. TATY 1. F—2 &% FEITS, TI7A4INZET7y70O—R
L 7= Amazon S3 OBFINBHZADLET, Amazon ML BT ICFREREZT7 Yy 7O—RL
9,

12. [Batch prediction name] (/\¥Y FFRIB]) Tk, 77 %)L M® Batch prediction: ML
model: Banking Data 1 ZZFNFEXFEALET. Amazon ML &, FRIDERICERTSE
FILCEITVWTF7AILNOEFZERLET, COFI—RUTILTR, EFILEFRCEH
L—Z—>UF—2Y—AN#IZ Banking Data 1& VWS FHAFITSNTWVWET,

13. [Review] (LE 1 —) #BIRL X T,

14. [S3T OV EAER| ZATOJRY VAT, [RV] ZBRLET,

S3 permissions

Amazon Machine Learning requires write permission on this 53 location to write output

Would you like to grant Amazon Machine Learning write permission on this 53 location?
No Yes

15. [LEI—=]R—D7T, [ET]ZBRLET,
NYFFRDOYIITARS Amazon ML IZIAfEEh, F1—ICAVWET, Amazon ML #/NY F
FRAZVNETZOICANDRERF. T—RYV—ADH A XE MLEFILOEMREICK>TEREY)
F¥9, Amazon ML FU VT AN ZREL TVWSME. [In Progress] (#1TH) D AT—RXAEH/E
LET. NVTFFRANFRTITRE, VITIAMDAT—RAN [RTER] ICEDYET,
T, GRERTIDENTEET,

TRZRRIBICE

1. [Amazon Machine Learning]. [/NY FF 8l OIEIZERLE T,

ATY 7T 5EMLETFILEERALTCTFRHZERT D Version Latest 48
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i‘i AWS ~ Services v

‘ ._1" Amazon Machine Learning ~ ‘

Dashboard

Datasources

ML Models

Evaluations

Fi
2. FH—ET. [Batch prediction: ML model: Banking Data 1 (/A¥Y FF8: ML EF)L: 8177 — &
1)] #3&3RL £ 9, [Batch prediction info (/N Y FFRMER)] R—IHARRENET,

Name Subscription propensity Predictions
ID  bp-usDMGZYFagl
Creation Time Mar 5, 2015 3:28:33 PM
Status Completed
Log Download Log
Datasource ID ds-33Rqgz9w3ee
ML Model ID  ml-u7ljoShX2kx
Input 53 URL s3J//aml-data/banking-batch.csv
Output 53 URL s3./faml-data/

3. NYFFRAOKERZRRTSICIE. Amazon S3 1>V —JL (https://console.aws.amazon.com/
s3) ICF U +EAL. [Output S3 URL] (S3 1 URL) 7 1 —J)L RTZB&E hd Amazon S3 D5
ICBEBLET, <CHS s3://aml-data/batch-prediction/result ElEBRIDRER
73N ICBELET,

i‘i AWS ~ Services ~

Upload Create Folder | Actions v

All Buckets [ aml-data / batch-prediction / result
Name

[ ] @ bp-ubDMGZYFasl-banking-batch.csv.gz
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FRlE, gz ILRFORAWEEBENE gzip 77 M ILICREEINET,
4. FRAT7ANZTAONYZTIZX O O0—RL, BRLTHEET,

Lbezt.ﬁ.nﬁwer score

0 0.06046
0.00507
0.01410
0.00170
0.00184
0.07133
0.30811

o o o o o o

CDT7 7 A [bestAnswer] & [score] D 2 DDFIE, F—RY—ARNOZEHOITANIHY) E
T, [bestAnswer] BINFERIE., "TATY T 4 MLEFINOFR/NT #—X 2 A%/EL. A0
TOLEWMEZRET D, TRELEADATZOLEWVMEQ77 ICETVWTWVWET, 0.77 28 A3
score Ik, bestAnswer " 1 THV) ., ChIFEENBREELETRTH Y, score A 0.77 K&
Tl& bestAnswer A" 0 THV), ChFBENBBEELEFATT,

ROBIE, AOQ7LEWVMEO077 ICEIDKEBLVEDFAZRLET,

EDOFHR,

bestAnswer score
1 0.8228876

DI TlE, [bestAnswer] DfElE 1 T, score MfElE 0.8228876 £7%V) £, [bestAnswer] O fEA
1 THDDIE, score FAOATDLEWME0.77 K EKREVEHTT, [bestAnswer] " 1 DIFF,
BESEREBATIURENS BV CLERT LD, BEENETFRHERBEEIAET,

85,
bestAnswer score
0 0.7695356

ZDHITIE, [bestAnswer] DEIE 0 TF, Zhld score DEA, RAOAT7DODLEVMETH S 0.77 &V)
£ 27\ 0.7695356 THD-HTT, [bestAnswer] A" 0 DIBE., BENRRZBEBA T2 AREMENE
WCEZRT®H, BENBFRAEABZENET,

NYFORTE NYFAR(T—RY-ADER) OTICHBLET,
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FRZDHLUIER, B—TYRNER O EX—TTAVIFYIOR—VERTTEERT, LA, F
AT 1 DIRNTOALTFZ2REDCENTEXRT,

chT, EFILZEHERL, LEI—-LT, EALEOT, ERLET—REAWS VY —R&T!)—
TYTLT, FEBREFRELBVRSIIL, DT—T0AR—RAZESDREIZREET,

ATV 6 00—TvT

Amazon Simple Storage Service (Amazon S3) DEMPEZEE TS 28 (C. Amazon S3 ICR7TFE
nhTVWBF—RZHIRLET, tHOKRMEH Amazon ML DY —RAICH LU THREERELEEAN, *
NS ZHIBRL T — O AR—AZBEIZ L EZHEBOLET,

Amazon S3 ICREFEENTVWBRANTF—E2ZHIBRTZICIE

1. https://console.aws.amazon.com/s3/ T Amazon S3 1V —J)LZHE LT,

2. banking.csv 8 & banking-batch.csv 77 4 JLAREFEE N TWVWS Amazon S3 DIFFTIC
BEBLET,

3. banking.csv, banking-batch.csv. &KX .writePermissionCheck.tmp 77 1) %
BRULET,

4. [Fo2arv]zERL., [HIR]) Z2BRLET,
5. BABZROBIAXAYE—IHNKRRENES, [OK ZEIRLET,

Amazon ML AT L ENY FFAOREHK. EEEFI1I—-—NITITERL ETF—E2Y—A, TF
I, BLRUOFHAEZREFELTERETNELGAN, D—OAR—ADNALHEICESBEVLSIZETNS ZH|
BRIBDEZ2HBMOLET,

INY FFRZHIBRT S (CIE

1. NYFFROEHZREL 2 Amazon S3 DBFTICBEILF T,
2. batch-prediction 7#J)A%&RL £,
3. [7o2ar]z=B#IRL, [HIR] Z2BRLET,
4, BRERHBIXAYE—IHFRRENLES, [OK] ZEBRLUET,

Amazon ML UY —RZHIRT B I I

1. Amazon ML A Y 21R—RT, "OUY—RA&ZBIRLET,

ATV 6 I9V—TFYT Version Latest 51
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« Banking Data 1 7—&Y—A
* Banking Data 1_[percentBegin=0, percentEnd=70, strategy=sequential]

T—RJ—A
* Banking Data 1_[percentBegin=70, percentEnd=100, strategy=sequentiall
F—8Y—2

« Banking Data 2 ¥—&ZV—X
« ML model: Banking Data 1ML EFI
e Evaluation: ML model: Banking Data 1 s/
2. [TOo23a2]z&ERL. [HIRR] Z2ZBRLET,
3. HAFTATRY VAT, [HIR] ZBIRLU TINTOERLEVY—RAZHIRLET,

CNTFI-—RNUTILRETTY, AVV—ILZ2FERLTTF—2YV—RA, TFI. BT FRAOHEK
Z#1T9I I, "TAmazon Machine Learning RO Y /N—H 4 R, ZZRBLTLKEE, API Z
FATBHEICDOVTIE, Amazon Machine Learning APl U 7 7 L A SBL T E&E L\,

ATVT 6. 9V—"TY S Version Latest 52
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T—R—ADEKEER

Amazon ML F—&ZY—AZFEAL T, MLEFI)IEKNL—Z2YL. ML EFI)ILZFHEL. ML EF
LNEFERALTINYFFRAEERTEICENTEET, T—RY—ARATZIIRNIRE, AHTF—X
ICETRART—ENEBENTVET, F—RY—AZERTSHE, Amazon ML B AL TF—R &5
AEV), TOBMICETHERKTZFEL. Hit. AF—X. BrTz0OBERZT—XV—A
FTSIORNO—HELTHEMLET, T—FY—RAEERL &, Amazon ML DF—Z A 4
rEFEALTADTF—ROMH7ANT 1 ZFARD N TE, F—RY—RAZHAL T, MLEF
IENL——_2U0TEET,

(® Note

ZMOto3 3> Tk, Amazon Machine Learning OIS ICBEBEL TWA & &ZFIIREL TV
x7,

NEY D

¢ Amazon ML O F—RFEKICD2WT

« Amazon ML D F—ZAF—NZEKTS

- T—2D5E

- T—REER

+ Amazon ML T® Amazon S3 O fF

 Amazon Redshift DF—2 A S Amazon ML T—&2 Y —A&ERKT S

« Amazon RDS F—ZX—ANT—RZHEAL T Amazon ML F—& Y —RAZ KT S

Amazon ML O F—Z2FERICD2WVWT

ANT—RIE, F—E2YV—ADERICERATEIT—XTT. ADWT—RIFE. BOXXYE (.csv)
XA TREFITDIXENHYET, csv 77AMIILDOETR, B—OF—XLA—RFELEFHHF—Z
T, sV 77AIIDOEFICEK, BRAOEMNEENTVERT, £EARF, RORIEF., ThEIAN
BMEDTIC4 DOBAEZIFD csv 77MIILORBZRLTVET, FFAICE, N TS
NE8 DOBMAEENATVET, B, customerld, jobld, HE., ¥£. O—>, F¥ o R—
>, HiM. willRespondToCampaign DL 5%, BIFRICL>TRENDBZEAICEITZLUTOERE
KZLET,
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Attributes

‘r--‘.--W.

1,3;basic.4y,no,no,1,261,0
. 21, high.school, no,no, 22,1495,
Observations: 3;1,high.achool, yes, no, 65,226, 1

4,2, basic.6y, no,no,1,151,0

&%

Amazon ML TEEBH ORIV ETT, BHEBRROKLSICEETEET,

c ABF—RELTHERATS csv 77 ALOBIDT AYFA—FEEHENET) CEHSEED
%

s ABTF—REBUSSNTY MIHBBIDAF—NXTT7AINICEBHERZZDD

AF—XRT77AIINOERAOFMCIOVTR, "F—FAF—XOEHR 2FRLTIEEL,

KD csv 77 ANDOBICE, AYVE—TOBRBEOBTAESENTVERT,

customerId, jobId, education,housing,loan, campaign,duration,willRespondToCampaign
1,3,basic.4y,no,no0,1,261,0

2,1,high.school,no,no,22,149,0

3,1,high.school, yes,no,65,226,1

4,2,basic.6y,no,no,1,151,0

ABT77AINEXOEHR

ADTF—BZBC csv 77Nk, ROEHZBLELTVIRBEN HYET,

« ASCII, Unicode, EBCDIC B DX FEEY heFRALETL—2TFARNTHRITAIERY £
Ao
- BAMETEREN, 11701 DOBRNEN HY)ET,
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c BAIZCEIZ, BEEZONTRYZHAEN B ET,

- BHEICOVY (RYWXFE) FEENATVREEE., BHELGAZ _E5|ARTEHTCXEN HY)
S

- BEREK, TOKRDYEZERITRBERNFERLF —EONFTHIITARNFTRTIITDIHEN HBYE
9,

- BHENFZESIARTEEATVTE, BHRELCTRIFZEEHDIERETEERRA,

s INXNTOHAUE, BLBOEME—EOEMZF > TVWATNERYEEA,

- ZEHAMER 100KB AT TR ITIEFRY) EH A, Amazon ML i&, SIEHIZ 100KB ZE A DTN
TOEMZIERLET., Amazon ML & 10,000 ZEB X BRI ZIERTH E. csv 77 M I &4&N
EEENET,

Amazon ML ADF—ZADELTERO 774\ 2FEHRT

Amazon ML I AN ZE—DT77AIIELTRHEETECEE, T77MIIDESELTERERHETZ LS
TEFXET, AL V>3 R ROZHBEE[/EIHBENf HVYET,

c FRTOT7ANEALF—RRAF—IHFBETT,
« IXNTD 7T 7AI)LIEREL Amazon Simple Storage Service (Amazon S3) 7’L 7 14 ¥ U AICETE
L. L33V IcEETH/NAGRAS Y1 () TRDSEFhEE Y EE A,

FEZRE, F—2T774I)LOABFAN inputl.csv, input2.csv, KT inputd.csv T, S3/NT Y hEAH
s3://lexamplebucket DF/BE, 77 A IILNAFRDES K ET,

s3://examplebucket/path/to/data/input1.csv
s3://examplebucket/path/to/data/input2.csv
s3://lexamplebucket/path/to/data/input3.csv
XD S3 NIZFF%E Amazon ML DA B E L TRELET,

's3://examplebucket/path/to/data/!

CSV XX DITRXF

CesVI77ANEERTDE, FBRARRERETRANETRTILET, COXFRERREIhELA
A, Enter ¥—F Lk Return F—2H 9L, EHAOKRRBICEBBNICEEFNET T, TRERTHE

Amazon ML ADF—ZADELTERO 7 7 (I 2 RT3 Version Latest 55
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WX FlE, ARL—FT AT ATALAICK>TERYET, Linux X OSX B ED Unix ZATAT
&, \n (10 EH D ASCI J— R 10 £z 16 EFD 0x0a) TRENDTA 71— RXFZEH
L &9, Microsoft Windows Tl&, \n\in (10 % ® ASCII J— R 13 B KT 10, £ 16 EFH TR
0x0d B KT 0x02) TRENDBITHE RV TA VT 1 —REFREFNZ 2 DOXFZFEALET,

OS X & & O Microsoft Excel ZFAL T .csv 77 AN EERTDEEEF. ROFIEEZETLET,
EULWERFABIREATVWACEEZERELTLSEETL,

OSX BV Excel ZFAL T csv 77 M ERETZICIE

1. csv 77 M)\ 2REFETD L&, [X] ZBIRL . [Windows B XXV (.csv)] ZBIRL F T,
2. [Save] ZEBIRLE T,

006 Excel Warkbeok (x5
=5 H = Q. Ja e ull
ry Excel 97-2004 Workbook {x1s)
= Excal Template {.xlbx)
Excal 97-2004 Template (.xlt)
Comma Separated Values [.csv)
Web Page {.htrm)
POF
) 1 Il @ Q, i
"
:-_J:‘ FAVORITES Excel Binary Workbook Lxlsb) - I
;:z o Applications Exeel Macro-Enabled Workbook (xlsm) 1987 1--15ddecx  1L24PM E
i3 5 Desktop Exeel Macro-Enabled Template (altm)
524 — Excal 2004 XML Spreadsheet (xoml)
525 Zatl L Excel Add-In {.xlam) he g
=t €9 Downloads Excel 97-2004 Add-In {.xla) « by
=3 . Single File Web Page (.mht) B
g = ERE UTF-16 Unicode Text [.txt} ik
J3 Music Tab Delimited Text {.txt) 4 i
=2 (2 Pictures Windows Formatted Text [ txt) D-14.doex 12/30/14 wityan( N
532 ME-DOS Formatted Text {.txt) L
B IR/ Windows Comma Separated (.csv) | b | [
535 Deseription MS-DOS Cormma Separated (csv)
536 h n the ac e ed Text (pra) mas to sepa. rane
637 lses in cell: ta Interchange Format {.dif) show b
638 Symbolic Link (.slk)
= Learn more about Ble form Excel 5.0/95 Workbook {xls)
541
42
=E] Options, .. Compatibility Report... Compatibility check recommended
= New Folder Cancel Save | N
=T Y TSUR=T

/A Important

Amazon ML A'FHIASHBZE W=, A NEXYV) OfE (.csv) EilE MS-DOS H> XX 4)V)
(csv) TERZHERAL T csv 77 ML EZRELBEVTLSEEV,

Amazon ML D TF—ZRAF—N ZEHRT S

AF—NR@F., ADF—REFNICRRTEIT—ZRATOINTOBMETERENTVET, chic
&), Amazon ML B F—Z YV —ARNOTF—2E2BHE L EJ. Amazon ML &, AF—YHNOEH%E
FALT, AXTF—20FHAIY) EER, RETOFE. ELVEMZHROER, 2B7)ILJVXLD
WRARZITVET, AF—NZIEELEVEES. Amazon ML EF—2 A SHBRIL £,

Amazon ML D F—R AF—Y ZER TS Version Latest 56
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AF—X DB

Amazon ML AN T—RZEL<FHEY), ERAFRZERTSICE. SEBEAELVF—2E
EYHETShTVAMBEN BYET, FT—RENfBRHICEDISICEIYHTShTVWSDA, &
O, BHEETF—RBENRAF—NICEDRSICEFNTLVEIDIDHZRTAHATELLS, EOBENE
X=F VY IR=VICRHTEINEZFRATZLEHIC, "BEEF Y OR—2) OflZHPELET,
ABT7T7ANEIDOINHD csv 77A4ILTT,

1,3,web developer,basic.4y,no,no,1,261,0
2,1,car repair,high.school,no,no,22,149,0
3,1,car mechanic,high.school,yes,no,65,226,1

4,2,software developer,basic.6y,no,no,1,151,0

LTE., COTF—RXDAF—NTY,

"version": "1.0",

"rowId": "customerId",

"targetAttributeName": "willRespondToCampaign",
"dataFormat": "CSV",

"dataFileContainsHeader": false,

"attributes": [

{
"attributeName": "customerId",
"attributeType": "CATEGORICAL"
},
{
"attributeName": "jobId",
"attributeType": "CATEGORICAL"
},
{
"attributeName": "jobDescription",
"attributeType": "TEXT"
},
{
"attributeName": "education",
"attributeType": "CATEGORICAL"
},
{
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"attributeName":
"attributeType":
.
{
"attributeName":
"attributeType":
},
{
"attributeName":
"attributeType":
},
{
"attributeName":
"attributeType":
},
{
"attributeName":
"attributeType":
}

COBDAF—IT7AILTR,

"rowId": "customerId",

"housing",
"CATEGORICAL"

"loan",
"CATEGORICAL"

"campaign",
"NUMERIC"

"duration",
"NUMERIC"

"willRespondToCampaign",
"BINARY"

rowId OEA customerId £ > TVWET,

Bt willRespondToCampaign kX —4'Y REMHELTEREENTVET,

"targetAttributeName": "willRespondToCampaign ",

customerId B & CATEGORICAL F—REFHZWOFICEER TSN TWT, jobId BHEL
CATEGORICAL F—XE(F 2 HBHOFICEENFSNhTWVWT, jobDescription B & TEXT 7—
ZHF 3FEOIICEERN TSN TWVWT, education BEE CATEGORICAL F—2HiF 4 FEEHD
FICEEER TS hTWT, UTREKRICHEZEET, 9 FB DFIE willRespondToCampaign B &
BINARY F—RHE(CEEMNFFSNTVWT, COBMERER—TY NEBHEELTEERZEETNTVET,

AF =X D
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targetAttributeName 7 4 — )L R D fEF

targetAttributeName fEl&., FRITHZ2EBMHOBRTT. EFINEZERELETMMEITZEE
(&, targetAttributeName ZE|V) HTHDHEHNFHVET,

MLEFIDORNL—Z2T%FMliZ 5 & E L, targetAttributeName &, Z2—4%"Y NEH®D
FTELV, BEZECANTF—RAOBEBHOBEZEBAL FI, Amazon ML (&, EBEESLX—
Ty REEALT, NZ—2ZBREL, MLETFILZERLET,

EFINZFTFMETBEE,. Amazon ML B Z—7'Y hEFERALTFROREZFIYILET. ML EF
ILEERLTEMEL 25, BV HTSshWEEL targetAttributeName O F—XZ AL T, ML
EFLNTTFRZERTDENTEXRT,

T—BY—AZERTBEE AmazonML A2V =T, &kE, AF—XT7AIILT,. =T~
BHZERELET, MAODAF XTI 7ML ZERTZDERE. ROBXZEALTE—TY NEK
ZERLET,

"targetAttributeName": "exampleAttributeTarget",

NPT, exampleAttributeTarget FZ—%'Y REMETHIALT7AILAOBHDOBRF T
£

rowlD 7 4 — )L RO EH

row IDF, ANWTF—ZOBMHICEENRTSNATWVWERAT23a>0T73TTY, EELIZESE. row
IDEX—VENEBUNFRAEACEENETT, COBMEFEATIE, FRALHAOXISHZE
BERFLPI<BYET, RWrow ID OHIE, DAZIY—ID X-REERO—EDOEMETT,

(® Note

TIDWEFSBATT, MLETILERNL—Z2995EE, Amazon ML A ThZFERTS
EFxHYEBA. TIDELTEMEZIBIRTDE, MLETFILORNL—Z2F9AGEAET AL
<BYETD,

F—R2Y—AZERTHEE Amazon ML AV =)L T, £k, AF—XT77A4J) T, row ID %&
EELET, HEBOAFXF—NXT7 74N E2ERTHEEEF. XOBXZFEALCrow IDZEEHELF
9,

targetAttributeName 7 1 —J)L RO fEHA Version Latest 59
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"rowId": "exampleRow",

AR DB T, exampleRow F1TID ELTERENEANTZ7AIILAOBHEHEDORZRI T,

NYFFRAZERTRHEE. ROXSBHINBSNBZEENHBYVET,

tag, bestAnswer, score
55,0,0.46317
102,1,0.89625

CDHITIE, RowID (EEM customerId 2R L ET, & XIE. customerld 55 FEWVEEE
(0.46317) TEX—=)LF ¥ UR=VILRIBETDEHF FRE N, —H. customerId 102 EEWE
TR (0.89625) TE X—LF ¥ UR—VICRBTDCEAFRHENET,

AttributeType 7 41 —J)L RO {EH
Amazon ML TlF., B 4 2O F—X2BFHYET,
NAF
2 DDARERIREED K ZIF DB MIZ BINARY ZiBIRL T (yes £k no B &),

FEAE, BRIANFHRBEETHINESHZEBHTDEHD isNew BHEIZIE., TOANF
BHEETHDELEEZRT true fBE, TOANFHRBEETEREVWCEZRT false BN HY) F
ER

EWZEDOERF. 0. n, no, f. BKY false T,
BMBREDEK, 1. y. yes, t. BKY true T,

Amazon ML B/NA FUAIDOAXFENMNXFRIERL, AEROZAERYKREET, L&A
&, " FalLSe " @FBMWBENAFTVETT, BUF—XYV—ARNT, FHITZNSAFVEZRE
TEBBENTEET (true, no. BRT 1B E), NMFUEBHDZHD Amazon ML O
k. 0&1NDHKTT,

yslais Ly
[Roni=#Ho—ZE0XFIEEZRZEHIC CATEGORICAL ZBIRLET, L&xiE, 1—H—

ID., A, BEHESRATIVETT, ATIVEBMHREE-—XFIHELTHEDLO, E5ICKN—0Y
DEENBDERFHYEEA,

AttributeType 7 1 — )L RO Version Latest 60
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e

BEZMEE L THSBEMHIC(E NUMERIC Zi8IRL £,
fezlE, BE, BEEB. BLTV VY IORIHETT,

BFEECIRNTOBMNIBETHD EEFRYELA, B, DEEOATIVEHRE. £<

NS, BMETRENET, BHEL A BENBICE, BENNORFELRTEZIHEN BV E
T, EEAWEF, BEEID 664727 N SIEFERE ID 124552 LDV THE DLV ERAN, EE 10

EVSEMRE. TOBMANEES 2HF O2BMKIVEEVCEZERLET, A, 280 1
BABODAD 2 BEYEHHZDVREEDESSICTERDIAEENI HD S, BETEH Y EH
Ao

(@ Note
AF—TDERIZ Amazon ML Z{EH 321548, BMFAEFEHITIDINTOEMIC
Numeric F—AXEAE) HTENET, Amazon ML A" AF—X 2R THHEE .
BPORBIYYETEFIVIL, ThSDEM%Z CATEGORICAL ICEREL F T,

[TFARN]

BIEOXNZINTHIEMICIE TEXT ZBIRLET, TFARNBHE., HAIAT EE Amazon ML
ICKYY =D ICEBEh, ZATXYSNET,

&AW, email subject & email & subject IC% V), email-subject here & email-
subject & here IC&VWET,

RL—Z2VJAF—NXOEBOT—RBNfTFMAF—NXOEHOF—RBE—HLEWE

4. Amazon ML FFHEF— 2B EZRNL—Z2JF—RBILEDEBTEELET, HlIZEFE,. NL—Z
VITF—RAF XN TEXT OF—2BEZZH age ICEV) HTTE, FHlIAF—<H NUMERIC @
T—X 8% age ICE|V) HTBIFES. Amazon ML I 5l 7— X TE#pZ NUMERIC Tl < TEXT £
BELTHRWVWET,

BF—RBICEEMNTSNEHKITOHEM-IODVWTIK, TEER&FKET 2B LTLSEE L,
Amazon ML ICAF—T Z2iEH 93

FARXTDTF—RY—AILRGRAF—IHNVETT, Amazon ML ICAF—I ZRBHTSICIF,. 2 2DA
ENSEIRTEFET,

Amazon ML [CAF—Y &Rt TS Version Latest 61



Amazon Machine Learning FROYN—HA R
« Amazon ML ¥ ADTF—RT77AI)ILAOEEHOT—XEZ#HAL. BBNICAF—IZERTS
DEFALET,

- Amazon Simple Storage Service (Amazon S3) F—XZTF7 Y 7O—RTBDEEIL, AF—XT7A
NeRHELET,

Amazon ML IC& D AF—N DERZHFT T3

Amazon ML OV =)L ZFERALTF—2Y—A%Z/ERTDE., Amazon ML BEHOEICE DIV
Bz )—)LEZFEAL TAF—IEZERKLET, Amazon ML THER L EAF—T ZHEEL, EET
BOWEBERETF— 2T 2 EBETD 2B BEHLET,

AF—NzRHI3

AF—NXT7A4IN%ZEKL S, Amazon ML THERATAREICTIHBENHYET, chlllE 2 20
72asKsIET,

1. Amazon ML OV —=)LZEHAL TAF—NZRHL FT,

AV ZzERALTTF—RY—RAZERL. ANDT—RTT7AILDT 7 4B schema L
RFEEBMUTCAF—XITI7AINEEHAMIAXRET, HlZE. AHF—ZAD Amazon Simple
Storage Service (Amazon S3) URI 7" s3://my-bucket-name/data/input.csv TH D HFE., AF—Y
A M URIE s3://my-bucket-name/data/input.csv.schema (Z7%& V) ¥F, Amazon ML &, F—ZH' S
AF—TXEZHATEIOTREELS, BHEIhLEAF—NXT7 7ML ZEHNICHELET,

Amazon ML ADTF—RABKELTTI7AINOFT4 LI RN) ZFERATSICIE, .schema LR F %

TFALOVRNUNRZEMLUET, LEARE., F—57 7 4L s3://lexamplebucket/path/to/data/
EVSEFRICHBHEE. AF—NAD URI IF s3://examplebucket/path/to/data/.schema &7 V) &
T,

2. Amazon MLAPI ZEAL TAF—NZRHELE T,

Amazon ML APl| ZHO'H L TF—R YV —RA 2K T B FENHERF. AF¥F—X
774)% Amazon S3 IZ7 Y 7’O—RL T, CreateDataSourceFromS3 APl M

DataSchemalLocationS3 BHETENDT7 74 IAD URI ZRERHL ETT., FMAIIC DOV TR,
FCreateDataSourceFromS3, ZZ B L T &L\,

E#C Amazon S3 ICIRIFTAKH V) I(C, CreateDataSource* APIs DR/ O— RTEEAF—
NEZRBIBENTEERT, ChZETSICIE, DataSchema, CreateDataSourceFromS3.,
F /-lE CreateDataSourceFromRDS APl @ CreateDataSourceFromRedshift B IC AF—

Amazon ML [CAF—Y &Rt TS Version Latest 62
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IDXFEHEINXNTERELET, FMICODVWTIE, "Amazon =8 API U7 7LV AL 5
BLT< &L,

T—32 D5 E

MLETFLOEEANGZERRE. ETILENL-—Z2TI20LFEATNIENZEAHIROT—X
AVAZVALDOVTOERBEFRAZITSCETT, MLEFILZERALTFRZITSEIC. ETIL
DFRNT XD AZFMIZBEN HVET, RAODT—2Z228 ML EFILFROREZ M
FREHIZ, ITIEBFAZA>TVWARTF—RO—MBE/ROTF—2O7OFELTFHERLED
L, MLEFIUAZOT—RDERAZENETELK FRTRIAZHMELET.,. T—FY—RA%ZD
L—Z20F7F—8Y—AREHAT—2Y—ARICTELERT,

Amazon ML IZl&. F—RZ5ETHEHDO 3 2OATTarFrdbyEd,

- F—AXNEFE - Amazon Simple Storage Service (Amazon S3) IC 7Y 7O—RL T 2 20D HI%
DF—RY—AEERTHHIC, F—RE 2 2DF—ZANBHCHBTHEHFTEET,

« Amazon ML > —4 > ¥ )D& - NL—Z2 9 F =Y —RAEFHET—FYV —AZERT DEIC
Amazon ML IZF—2 %2> —4 22 v )LICDETBRDERTEEXT,

« Amazon ML S A LRE - NL—Z2JF—RY—REFHOATF—RFYV —AZERTHEIC
Amazon ML I — RENES VA LAYV Y REFRALTTF 2205 TE2RDERTEXT,

T—2 DB E

NL—Z2TF—2Y—AEFHAT—RY—ATT— R ZARNICHBITZHEERF. T—XZFZD
T—REMICHEIL. ADBEREFHMEROERINOT -2V —AZERLET,

F—=RO =Ty )L xnE

NL—Z2JEFMDOEDICANT—RE2RETH2EEBEFEF,. FT—FLI—ROJEFZEREEFL A
HFe, F—ROEELTVEVWVS 7Y NEBRTZCETT, cOT7O—FFk. BENDHFAEE
FEEOEBEEENOTF—RICHLTMLEFILEZ2FMIZESICENTT, LexE, BES5H

BEBOBEIVS—IAVRNT—20HY), COBBETF—X2ZFALTEAOBEICS—I XN
ZEFRHTRDELET, NL—Z2J0EBHOKBFEY) LFMMSEEOKRDYIASOTF—RZFEATD L,
TF—REESAEASHBENLELI-RF—2EFEFATIELNE, EFIOREERY ERICHEET
EET,
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RORE, =T v )R EERAIIBENHIBEE, FZVALEREERAIILEND
2HEEDNHERLTVET,

Case 1: Sequential split is the correct strategy Case 2: Sequential split is the wrong strategy
Month=1 Target=apple
Month=2 Target=book

Training Datasource Training Datasource

Month=3 Target=cat
Month=4 Target=dog

Evaluation Datasource Evaluation Datasource
Month=5 Target=egg

F—RY—RBERTDE, T—RY—RE—T2T v )ICPEITHENTE, Amazon ML
. RL=Z270EHIZTF—Z20OBID 70% 2FEAL., S HMADEDHICTF—XDEY D 30% =F
ALET, chid Amazon ML OV =) 2 FERALTF—RE20ETHEE0F 72N NOT 70—
FT9,

T—R2DZ R LD E

ANTF—REZRNL—Z2VTF—RY—AELFAT—R YV —RACF VA LILBETHET, NL—Z
VIOTF—RYV—RAREFHAT—RY—ATTF—ROFHNEUTVBR CENRIAEENET, ADLTF—FD
JEFZRETILENBZVEERE., COAT a2V EERLET,

Amazon ML &> — REBLEELBERX VY RZEFALTTF—2 208 LET, >—RE., —F
FADNEIHEIC, —BRETF—2EEORABRICETVTVWET, F72I)NTIE. Amazon
MLOVY—=)IEALTF—RD S3DEFMmEXFHNELTHERALET, API 1—H—F
NARLXFHERBETEXRT, 2FVY., SSNTY NEF—EHNFELUESE. Amazon

ML FBERUBETTF—RXZDEILET, Amazon ML OF—R R EIFEZZZEE TS

(L&, CreateDatasourceFromS3, CreateDatasourceFromRedshift, Fi &
CreateDatasourceFromRDS APl ZAL T — RXFIDEZEELE T, NS5O APl &
AUTKRL—Z2VJEHEARICAZDT—RY —AZERTHEERE. NL—Z2TF—XEFHE

F—=ROT R LixHE Version Latest 64



Amazon Machine Learning FROY/IN—HA K

TF—EFBEELBEVKRSIC, 1 20F—RYV—ALRLTF—RY—REH/BTT7ZTICEALS—RX
FIEZERTDCENEETT,

Adventure
Comedy — Training Datasource
Documentary
Romance
— Evaluation Datasource
Thriller

SREOMLEFINEZRARKITIBOHBEOEE LR, RL—ZVJEEREhETF—REUTVE
WF—BTMLETFINZFMIAETT, A, MLZFEALTHRBEOS ¥ )LZFRL., b
L—Z20F—2ICEER., OXT1, RFAIXVEV-—OIZ T VI)IOREFEENATVSRELE

T, EL, FHMlTF—RICEAONAERAVZ—DOZ ¥ VIIDOT—BOHNFEENTVET., D5
. MLEFILBAONAERUZ O+ U )ICHTHIEREESLTHES T, FHMEEETILSFT
RRF¥—, AXFT4, RFAXVRI—DIF+IIONEZ—2ENLETBBLEYZFMEL X
BATULE. TOHER, v VIIBEBRERICAZET, IXTOD Y2 I)LO ML EFILFAOREN R
BEENET, EFILETHAERERH X ICEEZ>TVS RGRABFEANFEEICEL>TVD) Y, &Y

5XBA. ChiE. ADTF—EZANT—REY MADID 1 DIC&L2TY—REhTHS, -T2

YN DEENDEECRETDARMNIBYET.

NL—Z2TF—2Y—AEFHMAT—RYV—ADT—E BN ERZDHEE. TTFIILFATHTETZ—
RARRENET, A7 Z—MOFRICOVWTR., FHMET7Z—h 28RL TSEEL,
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F—2Y—ADERKFIC Amazon S3 TANT—RET A LI v v 7)LL V), Amazon
Redshift SQL 7 1) ® random() B8 E 4=k MySQL SQL ¥ TJ® rand() B EFEAL TA D
F—RESUALMELTWVWSEE, Amazon ML TS A LD B2 ERATR2HEREH ) EFEA, D
KROBIZ/E, TV IINPEATIIVEFEALT, BRODPHEFONL—Z2TF—RY—
ABRPTHET—RY —RAZERT D ENTEXT,

T — R AE

Amazon ML [&, F— X ZEBID-OICHEATERIANT—RICE TR RRMEAZHAELTT.
IR

Amazon ML B £EFTBEBEHERATICOVWT, AT oRRKFTFZF7AELET,

HE:

« ZHEARNT S A
- BWBEOHK
- B/ME, RRIE, FEE. ZFKE

NAFVEeERTI),

s ADUKNHFTIVIEILEBZEOED)
c EATBEARNT S LA

- REHEELE

- —EDEOHK

- ENEOEIE (NMTFTUDkK)

« REBIADTV—R

- REMELDT—R

TEAN:

. BHOBH

. 2—4y NEDME (B—F Y AMAREENTUSHE)
. AFT— RE

« —ENOTJ—K
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c TAND— REOFH

« J—ROKRE OEH

« ZFHEEIULDTU—R

Amazon ML A2V =) TOF—RAHARNOTIOtA

Amazon ML OV =)L T, FEOTF—RY—ADBBEF ID ZiEIRL T, [Data Insights] (7—
BRAVHA N R=DERRITERT, cOR—I TR, XOBEHRZED., 7—FYV—RICEEFNT
SNEANTF—RICODVWTHEBIZLOOX NI IAERBILERHELET,

« F—RNOEY

- BESH

- RELI-{E

« Invalid values (X7 &)

« F—RBBOEHOFI)—RKE
« F—REBIOEBODE

UTotwo2a>Tl, XMUDIJARETRILICOWTEHLLSHBALET,

T—2DOEHN

T—2YV—ADTF—REHNLR—KNIE, F—2Y—XID, HHl. TTULLGEM. REOAT—
BA, B—=7Y RNEM, ADTF—E2BEHRSINTY NOBFFF, F—RT7F—I Y N, fBxhizL
I—ROBELVCLEBARICRELEFELI—ROR) 8LV TF—2BBOEHOBZRLET,
BEDH

R—=TY "RDHLAR—KNIZE, F—RYV—ADX—7Y NEBEODHNRRENE T, ROHFIT
l&. willRespondToCampaign Z2—%"Y NEMA 0 ICEL W 39,922 Bl O&BANBHYET, Chid, E

X=)LFFYIR=VICREBELBED >IEBEEDOH T, willRespondToCampaign A" 1 ICF L L 5,289
EQOBBNFHYET, ChiF, EX—LF Y IR=VIIBEZELEBEEOHTT,
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Data insights a

Data Summary Target Distributions: willRespondToCampaign

Missing Values
38,922

Variables 35,000

Binary 30,000

Categorical 25,000

Numeric

20,000
Text

15,000

10,000

5,289
5,000

X%EL I-{B

RELULEEOLR-NIE, EFrRELTVRIALT—ZOBUEAVARENET, BET—ZEHOD
BHEOKN REL LEZZFOARMESBVET, ELELEEMLETFIONL-ZVT0EICHE
IRARMN BB, ARRTHNE, RELLEZRTIZDCEZHRERLET,

MLEFIORNL—Z2THIC, 2—7Y NEHNFROASBEVIEES, Amazon ML EXST3L
O—RZEBLET, Z—TYREUENLI-RICEETZHN, HOBRERBHENEN TELTVDE
4. Amazon ML BXEL-EZREELET, CDIFES. Amazon ML EREEMZ/ERL. Th
Z1ICERELT, COBMNMrXRELTVWREERLET, iKY, Amazon ML FREL =&
DREDSNER—2FEFEHTEET,

Bz E

EYHEMERE, BET—ZBENATITF—2BTOHREELET, EVMLERE. F—XBELKR—KOD
ZHOHGI )it Z2RRLTREDODITZENTEEXT, XOHBITIE, duration FEEMIC 1 DDE
WMBEENAF)F—2H (housing BHEIC 1 D& loan BHIC 1 2) IZ2 DOEMBEHN HY ET,
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Numeric Variables

Variables = Correlations to Target Missing Values Invalid Values Range Mean Median Preview

duration 0.05165 2 (0% 1(0%) 0-4918  258.1618 180 |

Binary Variables
Variables =  Correlations to Target Percent True Invalid Values Preview
campaign NA 100% 2TEET (B1%) -
housing 0.01842 6% 1 {0%6) . .
loan 0.00656 16% 1 {0%6) .
willRespondToCampaign  NA 12% 0 (0%a) .

THER—T Y NOIEE

F—R2Y—REERTDE, Amazon ML EF—2 Y —RAZfML. BREZ—TY NOBOMEBEX
HEERETEET, FEAE, RROMBERARNES—THINEIHNICKEBFEEZRIFTH
BEMABYETHY., HEOFA XA IAVICRFAINFEAEZVAREEN B ET,

TEDIRETZL<KDERZERNL—Z2T0F—RICEDBZEN —MBUIZIRANTZI9F14ATT, L
AL, FRAHODBEVELDEREEDHDDEICE>TEAETND /A XF. MLEFILOREERE
BELLEMEREX20EIBYET,

EFLENL—Z20TFBEEICEEOLDBRVERZHIRTZDET, EFILOFRANT #—X >
AZEEETEDCENTEET, LOETHEREBVOCATERATESIERNEERT D _ENTE
F9, ek Amazon ML DEMAXA N ZAALTT, LYEOFEHICOVWTR., "#BFEOT—XZE
i, EBBELTIEE W,

F—RABOBMENY T —fET

T—REARLKR—KRTRE, ROTF—RXBETEMEY V) KA ZRRITERT,

- NAFV
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- ATV

- WfE

* [TFABN]

NAFVF=BBOHYI) IR, IXTONSFUBEMANRTENET, [R—T Y NEDHE
BIESR] BIC I, Z—7' Y RIICBUSINETHAEE MBIFHMIRRENK T, [true DEIE] FIIC
&, €1 OFMECEIESHNF RRENET, [Invalid values (FEXEE)] FIICF. BUIBEOHEEREM
DEMDEEOEIENRRENKT, [TLEI-]ICE. EEBEDTZT7 1 ALBDHEAD) TN
HWERT,

Binary Variables
Variables =  Correlations to Target Percent True Invalid Values Preview
campaign MNA 100% 27667 (61%) -
housing 0.01842 56% 1 (0%) [ .
loan 0.00656 16% 1{0%) . -
willRespondToCampaign  NA 12% 0 (0%a) . _

ATIVTF—RBEOYI) K. —BEOECH, ZELEELE, SLVRELEVEEDOEZRFD
IRTOATIVEBHZERLET, [TLEI-]FICE., EBMEDTZT7 1 ALBIHBADI L IH
HYERT,
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Categorical Variables

Variables =  Correlations to Target Unigue Values Most Frequent Least Frequent Preview
campaign 0.00433 49 i 39 |I...._
customerid NA 45211 45211 1 I
education D.00355 5 secondary '
housing 0.01846 4 1 1
jobld 0.00671 13 blue-collar ...
willRespondToCampaign  MA 3 0 I__

BET—RBOH ) —HKETICE, KELULEOH, EMEE, EOEHHEH, FHEE, BLUHPREE
EUIXRTOBERBUN RRENET, [FLEI-HICE. BEBEDIT S 71 HILEBL2HEEADY Y
IOFHYET,

Numeric Variables
Variables =« Correlations to Target Missing Values Invalid Values Range Mean Median Preview
duration 0.05165 2 {D%45) 1 {0%a) 0-4918  258.1618 180 I o

THFARNT—RBOYIV—FFFEF. IXTOTFANEYE, BHEAOEZOREK, BEAO—E
NIT— RO, BUHADOEZEOHRE, FROBH, KLVPREBIUDT—RERRLET, [7L
E1-13ICk. BBREDITZTAALBDHANDIIHNHY)ET,

Text attributes

Attributes « Correlations to target * = Total words = Unique words: Words in attribute (range): Word length (range) Most prominent words
Phrase 0.07118 791741 12811 0-48 1-18 enters, trust
1 -1 of 1 Attributes

* Gorrelations to Target is an approximate statistic for text attnbutes.

RXOBIE, 4 D OLA—REFOLELI—EVSTFANEHOTFANT—XBHEHZRLTVE
9,
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1. The fox jumped over the fence.
2. This movie is intriguing.
3
4

. Fascinating movie.

COBIOFICE, ROBEBIRRENET,

- [BHE]BICE, EROBHHNIRRENET, COBITRE, COFICEF TLELI—) ERFELZE
g,

« [B—7Y NEOMBERRIIE., F—TYMEEENATVRIEEICOABFEELET, HEARK.
DEMNZX—TY MCBAUTREHEIZIBHROEZAELET, HEANfSVEE, COEBMHEX—
TFYRIOVWTERY B DEHRZETRLET, HBER., TFANBEHEOBFRB{LEhERALER—TY
NEDBEDOHERBROBINSAEEIET,

c [BEFTV—REIICE, FLO—REN—IMLLTERENZEF ORI RRE N, ZATREY
S5hET. cOPITRE, COHICE T2, ERFENET,

c [CEOT—RIFICE. BEO—BEOBRFEOBANRRENET., COHITRE. ZOHICE 04 &
RIRENET,

c [BEROD—R (EE)]FICKE, BERADO 1TTORFRIRRIENET. COBITE., Z0HICE
'0~61 ERTFENFET,

« [D—RORE (EE)JICE. BERCEEFNDINFOROEENI REnET, COBITRE., D3l
IZE "2~11) ERFRENFET,

c [REBUDT—RIFICE, BRICRTENDEFZEOT DV INFENEZUARNRRENET,
=Ty NEMNFHBHE. BEFRX—TYNEOHBIEI > TS IRFENET, 2FY.
BEARESVEBNIRIDICVARENETT, T—RRCEX—TY M EFEELBEVES, BERETO
I>hAE-LCR 2T IRBFENET,

ATAVBHENATUBKO S T2 ERET S

ATIAVEEGNAFVERLCEER TSI [TLEI-VYOZOUYITRE, TORMED
SHABLOCBEORNATIVEICHTEIAD T 7TAIINOH Y TINTF—RERRTEEXT,

ERE, ROROV—=>23y MNE, ATTIVEM jobld DBHZERLTVET, 2AICIE LA
10 @OATIVENFRTEN, HOITXTOER "Z20M4,) ICTIL—TLEhTVET, ZTOEE
BUOADT77AINAOERABE, ANT—RT77ALD SO TIINBERNERRID OOV I
ODEE10BOATIVEEZS > IHTFLET,
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Categorical Variables: jobld

Top 10 jobld

9,732y 273 g 458

9,000
S0 7,597

7,000

6,000

5171
5,000

4,000
3,000

2,263
2,000 1,579

1,000 : .
0
g £ &

All Categories

Ranking Category Count -

1 blue-collar 9732 Sample data

2 management 8458 Sample data

3 technician 7897 Sample data
BEBMEOZMIZOVT

BEBMODHEZRTIDICE, BEDO[TLEI-VIZIUYILET, BEEEMEO S %Z
KRTRTBEEICE, 500, 200, 100, 50, 20 DEVH A XZBERTEET, EVHA AN KREVE
E, RRENBBIZTOREBLBLBYIVET, €510, REBEVHFAADIFE, 7HOBREE
FESBYET, RIS, NMTY RS XZ20ICRETRDE. RRENDIHOBRBENf BLELE
ER

ROAD)—=223Y MIRTRSIC, &ME, FHHE, FRREELRTFTENETT,
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Mumeric Variables: duration

Select Bin Width: 500 200

100

50

20

14,034
12,000
10,000
8,000
6,000
4,000
2,000 |I
0 III.I L R RS,

THEFANBHEDTHIZOWT

4500 48300

Min: 0 Mean: 258.1618 Max: 4918

THFANBHOSWERTRIZICE, BEDO [ZTLEI-1UZOZIUYILET, TFANEM

DoHeRd e, ROBBHIRRENEXT,
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Text attributes: Phrase

Ranking «  Token Word prominence Count

1 enters 0.01105 7 0.0%
2 trust 0.00884 28 0.0%
3 bad 0.00735 833 0.2%
- film 0.00669 4747 1.3%
5 movie 0.00611 4242 1.2%
B unwieldy 0.00805 11 0.0%
7 good 0.00574 1620  05%
8 ashamed 0.00551 7 0.0%
9 funny 0.00550 1078 0.3%
10 wankery 0.00498 g 0.0%

1-100f 11091 > »

Zox2T

TEANN=OVEF, BETZIEBOEICL>TTIFTEI, REFRBEDHNSREERAR
BEDICAEETNET,

Token

K=, ABDTFARD SHRIITHIRTIENTVRIEREZRRLET,
JD—R7Z7OZF2A

=Ty NEENFHZDBE. BEBERXA—TYRNEOHBIZL>TZ 90, HENEE

BVWI—RABRAICVARNENET, F—RIEEZ—TY M EFELEVGES, BERI>NO
E—. 38hEBEAREFEROEICLI >TTIINFTFENET,

ARPZNY

ATV R, F—OUARRLUIEADLII-ROBZERLET,
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Ao RNEIE

ATV REIEBRE, F—OUARRENIZANT—RITOEEEZRLET,

Amazon ML T® Amazon S3 O

Amazon Simple Storage Service (Amazon S3 ) &, 1 2 Z—FXY NADAKNL—>TT, Simple
Storage Service (Amazon S3) T2 &, WOTEIVIT LOEEOEHASEZENENT—X
ZREBLIVCEBTEE T, Amazon ML E 7 ZAXDVF—ROVRZKNIJELTUTORARYT
Amazon S3 ZFERAL £ T,

s ABT77ANETOVEALT, MLEFLORNL—Z2VIBLRVCHERAOTF—RY—AATS 1D
NEERT D,

s ANMT7ANZTI7EALTINY FFRZERT S,

s MLEFNZFEALTINY FFRAZERTIE. BELESSNTYNCFRATZ7 7ML E2HNT
%

« Amazon Redshift & 7= l& Amazon Relational Database Service (Amazon RDS) ICfRFL =57 —24&
% .csv 77AI)NICIE—LT, Amazon S3 IC7 Y 70— RT3,

Amazon ML AC N8N R AT EETT3IZE. Amazon S3 F—RICT VAT EOOT oA
¥R %Z Amazon ML I 593 XEBENHYET,

(® Note

H—N—RIOESIL7T7AMILOXEZTAND SSNTY NINYFFRAT7A4ILEELT
BWFETEEREBA, UITARNCI Deny AYH—HFIEVEE, RS —IZ s3:PutObject
T3>0 s3:x-amz-server-side-encryption IRAEENTVEVC & 2R
TRk, NTY RRUS—ABEESHLENTVEVTZ7AILOT7Y 7O—RZHFTT
BEEBRLTLKEETVN, SSH—N—BIOBESILNTY REKRU—OFMICOVTIE.

" Amazon Simple Storage Service 1—%—HA4 K, @ "H—N—floBS{LZEFEAL L
T—R2DREL ESRLTLEZ L,

Amazon S3\NOF—2OTFT v 70O—R

Amazon ML & Amazon S3DIZFA S TF— X ZFAE S Iz% . Amazon Simple Storage Service
(Amazon S3) ICANTF—RETY7T7O—RIBIUENHYVET, T—X%Z Amazon S3 ICEET VY
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7O0—R9% BIZE, AE1I—RBEHNS), £E. Amazon ML & Amazon Redshift & 7= &
Amazon Relational Database Service (RDS) IZREFL THBT—R%Z csv 77 A I)LIZOAE—L T
Amazon S3 ICT7 Y7 O—RIBDENTEERT,

Amazon Redshift £k Amazon RDS A5 O F—XOIE—OFMICDW TR, "Amazon ML T

@ Amazon Redshift DA £ E "TAmazon ML T® Amazon RDS OEH, ZFNhThSHBL T
<FEEV,

cOtEI2a>oBRYOFE S TR, ADF—RZIAEI—2HS5EE Amazon S3 (IC 7Y 70—
RIZDHEICOVTHBLET, COEIZAVOFIEEZFEBITIHIC, T—X%E csv 77AILT
BFo>TVWBXENHYET, Amazon ML THERTESDEDIZ csv 77MINEZELLK 7 A—XYRNT
BDHEOFHMIIOVWTIEE, "TAmazon ML O F—Z2 X Z2EH TS, ZSRL T EEL,

F—R2EAE1—2HS Amazon S3 IC 7Y 7O—RT3ICIF

1. AWSNXZXI X2 RNIOAVY—=)IIZH A2 42 LT Amazon S3 22V — )L (https://
console.aws.amazon.com/s3/) ZBEE £ T,

2. NTYRNZEERTEDH, BFEONTY h2BRLET,

a. NTYRZERTDICE. INTY MOER] ZBRLET. NTY NZHEaiZFH., U—
TarveEBER (EATESEEN)—2a EEIR) LLE, ER] Z2&IRUET, FMEIC
DWW Tk, Amazon Simple Storage AFiHA RO "XTY NOERL 2R T EE
(A

b. BRFONTY NEFATRICE., [TXTONTYRNOUARNTNTY hZERTB &I
FYNTY R ERRLET, NTY REARTENES, ThEBRLUT, [7Y70O—R]
ZEBRLET,

3. [Py 7O—RIZATFTOTRYDART, [77A4)N%EMN Z2BRLET,
4. ANT—RD csv 77ANEETCTAINFICBEHL, BA<]ZBRLET,

T O tAFH

Amazon ML A"WFIA D SBNT Y NCT OV ERAIR2 00TV AERERETD D, NTY
RRUS —ZRETILENHWET,

Amazon ML IZ Amazon S3 ID/NNT Y "RA S TF—RZHmAIAT OO T IV AERZNFETE &
OFMICOVWTEE., "TAmazon S3 A S5 TF—RXEHZHKIAD LSO DT UV AFFA % Amazon ML I E
T2, ZBBLTLSEEV,

T OEAFH Version Latest 77
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Amazon ML Z Amazon S3 IONT Y MANY FFRERZHE DT EHDOT IV ELAFTONED
FMICOVWTIE., TAmazon S3ICFAZH D TBD OO T U EAHFAT%E Amazon ML ICF 5T 3
ESBLTLSESTV,

Amazon S3 VY —ZAANDT IV AEROEBEOFMIC OWTIEE, TAmazon SSHRERESNA Ry 25
BLTLEEL,

Amazon Redshift ® F— 2 A5 Amazon ML & —&X Y — A &R T
)

Amazon Redshift ICREL 2F—2 A" % S 3FE . Amazon Machine Learning (Amazon ML) 3~

Y —J)L @ [Create Datasource] (T*—2X Y —ADER) V71 HF—REFEAL T, F—2Y—RFTTT
I NEERTEET, Amazon Redshift *—RX A S5 F—2YV—RAEEKTDHEEE. T—2E2ED
DSAZ—, BRY, F—RZEWMBITHSQLIVIVEEBELET. VT AZ—®0 Amazon Redshift
Unload ANV RZFUHEITZE T Amazon ML IE VT ZR{TLE T, Amazon ML &, BIRL =
Amazon Simple Storage Service (Amazon S3) DFFTICHERZHRFEL . Amazon S3 ICRFEE AT
BP2T7F—22FALTTF—RV—REZERLET, TF—FY—A, Amazon Redshift 77 AX—, &
CSINTYRNEFIXTALUV—23VICHDBEN HYVET,

(® Note

Amazon ML & 75 4 X— N VPC T Amazon Redshift 7S AX—H S5 D F—RY —ADHER
BHR—RNLULTVEBA, V9TAEZ—ICENTIUY I IPT7RLANYBRETT,

NEY

s T—RY—ADERVAF—RICBEBL/NTX—&

- Amazon Redshift *—& (A V=) TTF—RYV—RAZERT S
« Amazon Redshift DEEO RNZ 7N 1 —FT 129

T—3Y—ADERT 1 HF— RICBEBZNTA—Z

Amazon ML A" Amazon Redshift F—2XX—RICEHEL, I—F—ICRD>TF—RZ2H5EAIAT D%
HOUITBICE, ATZREITILEN HYET,

 Amazon Redshift ClusterIdentifier

« Amazon Redshift ¥ —ZX—A D Z &
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« Amazon Redshift 7 — XX —ADREEHR (1—H—RBE/NAT—R)

« Amazon ML Amazon Redshift AWS Identity and Access Management (IAM) O—JL

« Amazon Redshift SQL 2 T 1)

(#F7°2 3>) Amazon ML AF¥—X OHFR

« Amazon S3 D AT—2 2V J5BFT (Amazon ML A" 7F— &Y —AZER T D EIICT—XZBEL 2F7)

& 512, Amazon Redshift ¥—&2 Y —AZERT S IAM I—¥—FEO-)L (A>V—IIC
&Bh, £ilE, CreateDatasourceFromRedshift 7O a2 FEATINICHAADHST)
A, iam:PassRole R ZF > TWB L ZHAITDIHEN HVET,

Amazon RedshiftClusterIdentifier

CORXFENMNFZEXBTDINTA—RZFEAL T, Amazon ML VT AZ—Z#®REL T#E
MTEBDERSICLET, Amazon Redshift AV =LA S IV TAZ—HBF (BEl) ZBETESE
To V5AZ—DOFMICDOVWTIE, TAmazon Redshift 75 AR — 1 #SBL TS EE L,

Amazon Redshift F— XX — A DA

CONTAXA—BZ%ZFEHAL T, Amazon Redshift 75 AZ—DEDTF—ER—AILTF—2Y—ARE
LTEATEZTF—ENEENTVWS A %E Amazon ML ICIERE T,

Amazon Redshift 7— 2 X — AFAEE K

CcNSONTAXA=—RZFEALT, EF1VFT AT INERTEND I TFANKTD Amazon
Redshift ¥ — X —A1—H—O1—H—BENAT—REEELET,

(@ Note

Amazon ML Tl&. Amazon Redshift T—2Z X —AIZ#EH T 5 = Z. Amazon Redshift
A—H—BENAT—RHIBETT, T—2%Z Amazon S3 ICF7O—RLE#E

(2. Amazon ML "/ NAD—RZBHMATD, . NAT—REREITIEEHY)
Ft A

Amazon ML Amazon Redshift 0—JL

CONTAXA—R%ZFEHL T, Amazon Redshift 75 AZ—0tF+11)F 145 )L—7& Amazon S3
DAT—=VTBRONT Y NRDD—&ERET D HIC Amazon ML A"EA TS IAMO—IL®
BHZEELET,
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Amazon Redshift [C7 V2 ATZE% IAM O—=)LAF%5WEEE. Amazon ML A O—)LZERKTE
£9, Amazon ML AO—I)LZEHKT D E. BEEERU—NFMERE N, IAMO—I)LIZTRY
FENET, Amazon ML AMEK T BRIV —F, BELEIVTARX—DOHKICTIOEARATR D
DT Ut AER%Z Amazon ML IZ 5L £ T,

Amazon Redshift IC7 A T30 IAMO—ILATTICHBEEE. O—JLO ARNZA D
IT5H., ROVIFAIDARNDYSO—I)I%ZEIRTE ET, Amazon Redshift 7 7 AER =+
D2IAMO=-)LEROYTAD O OLEEBIZRTRENET,

IAM O—J)LICE, RORABHFBETT,

{
"Version": "2012-10-17",
"Statement": [
{
"Effect": "Allow",
"Principal": {
"Service": "machinelearning.amazonaws.com"
},
"Action": "sts:AssumeRole",
"Condition": {
"StringEquals": { "aws:SourceAccount": "123456789012" },
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:datasource/*" }
}
1]
}

BEEER)—OFMCOVTE, TAMI—Y—HSA R, 0 TEEEERI—, 25RL
TLEE L,

Amazon Redshift SQL 2 T V)

CONTA—BEZFERAL T, F—2X%EEIRT S =% IC Amazon Redshift — XX — AT Amazon
ML A"$£2479 % SQL SELECT 7T U ZEEL £9., Amazon ML I&. Amazon Redshift ®
UNLOAD 702 a>afFERLT, VI DO#HER%Z Amazon S3 DFRICKRLICIE—LET,

(® Note

Amazon ML &, ABLO—RHFSUALLBIEF vV 7I) DEZICREMNENT
¥, Amazon Redshift random() Be%Z /A9 % &. Amazon Redshift SQL 7 T O#ER
EEEICOYYTINTERT, LEARF, A TOIIVTHBDELET,
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"SELECT coll, col2, ..

FROM training_table"

RDESICVIVZEFMITDCETIUVALBRI Y Y TN EEHIACZENTEEXRT,

"SELECT coll,

AF—X OB (F7>3Y)

. FROM training_table ORDER BY random()"

CONTA—Z%EZFERAL T, Amazon ML A" T A7R— N F % Amazon Redshift F—X 0O A ¥ —
IAD Amazon S3 /NAZIEELE T,

F—RY—ANDAF—IEEELBZWVWESE. Amazon ML IV —JL & Amazon Redshift SQL
DITVDOTF—RAF—NICETVT Amazon ML AF—Y 2 BB ICHER L F£9- Amazon ML
AF—NF F—ZEAH Amazon Redshift AF—X LKW DBEWESH, 111 OEBRTREHYE
A, Amazon ML OV =)Lk, ROEM|AF—L%ZEHAL T Amazon Redshift *—X & %
Amazon ML F—ZX B ([ZZ#L E T,

Amazon Redshift ® 7 — 2 &

SMALLINT

INTEGER

BIGINT

DECIMAL

REAL

DOUBLE PRECISION

BOOLEAN

CHAR

VARCHAR

Amazon Redshift T4 U7 A

INT2

INT, INT4

INT8

NUMERIC

FLOAT4

FLOAT8, FLOAT

BOOL

CHARACTER., NCHAR, BP
CHAR

CHARACTER VARYING. N
VARCHAR, TEXT

Amazon ML O 7F—&X &
NUMERIC

NUMERIC

NUMERIC

NUMERIC

NUMERIC

NUMERIC

BINARY

CATEGORICAL

TEXT

T—RJ—ADERT A - RICBBEB/NT X -4
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Amazon Redshift D57 —42 %  Amazon Redshift T4 'J 7 A  Amazon ML O 57— &
DATE TEXT

TIMESTAMP TIMESTAMP WITHOUT TEXT
TIME ZONE

Amazon ML Binary F— 2B (ZZ#T B (CE, T—X A D Amazon Redshift 7 —)L{EH
Amazon ML NA FVEZ B R—KLTVBRENFHYET, 7—IIEOF—XEN, HKR—
RENTWEWEZEFEDESWEF. Amazon ML E TN ZTES L TEAN LT —XBICEHBRLE
¥, HIZE. Amazon Redshift D7 —JLIEA 0, 1. LT 2 THBHE. Amazon ML lF 7 —
JLfE%Z Numeric F—RBIZEBRLET, HR—FEhTVWBINAFTUEOFHRICOV TR,

T AttributeType 7 4 —JLROFERA L Z8BL T EE W,

Amazon ML A F—XBEZYFITEBRVEEIE., T7FIERD Text £EBRVYET,

Amazon ML ¥ AF—N&Z2ZH#RL 5, BV HTsNhi Amazon ML OF—XBEZF—XY —RE
KA HF—RTHERELEETE, Amazon ML A" F—3Y —AZER T RDRIICAF—NZ2ZLEET
EET,

Amazon S3 D AT— VTG

CONTA—REZMFERAL T, Amazon ML A" Amazon Redshift SQL 7 T DEREREFEL TLD
Amazon S3 NAT— VI BMNBRZRELE T, T—X2YV—AZEKL =%, Amazon ML
&7 —2X % Amazon Redshift ICIRT D TREEL, ATV T0BmMTHEALE T,

(® Note

Amazon ML (& Amazon ML Amazon Redshift D—JLIC& 2 TEZE n i IAM O—)L % 5]
EZ (I3 7-%, Amazon ML F¥§EE Nz Amazon S3 AT —J VU BAOITNTOAT
DIONCTOEATERD TV LAFTZEEET, Dz, Amazon S3 DAT—
VIOBICIE., MBEBBASENRTVEREVTI Z7AILOXRERETDILISBHOLET,
BIZE, IL—KNNTY NN s3://mybucket/ ®HBE., Amazon ML X7 OLARTHT 7
AIINEGERETDEOODEMEERTEIEZ2HHOLET (Hl: s3://mybucket/
AmazonMLInput/).
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Amazon Redshift #—&Z (A VY —J) TF—XYV—ARZEKT D

Amazon ML >V —)LICI&. Amazon Redshift *—ZX2 &AL TF—XYV—AZEKTD2O0
FENFAZENTVET, F—RYV—AERV1F—RZETLT, F—2YV—ARAZEHTR L
£. Amazon Redshift *— XA SER L EF—2YV—ANTTICHhiE, TOF—RXY—RZ2E—
LTREZEEITRCLEETEERT, T—RY—RZ2IE—ThE, BUOTF—RY —AZEREK
THRENBHEICTEERT,

APl ZFEALETF—2Y—ADEROFMIZ DWTIE, "CreateDataSourceFromRedshift; %2 &
LTLEETW,

LTOFIEONZA—ZOFMICOVTR, T—FY—ADERTAHF—RICBEZ/NTX—F %
ZRLTEEL,

N =Ey
« F—RY—=ADER (OV—I)
e F—RY—AOQIE— (V=)L)

F—2Y—AQER (T2 Y —IL)

Amazon Redshift 5 Amazon ML T—X Y —AANT—X%ZT7 2 O—RTBIClE. T—X Y —AERK
DA —REFEHALET,

Amazon Redshift D 7F—2X A5 F—RYV —A&ZERTDICIE

1. Amazon Machine Learning 1>V — )L (https://console.aws.amazon.com/machinelearning/) % B
2FT,

2. Amazon ML & ¥ 2 27R— R® [Entities] (LT 4 7 1) ® T, [Create new...] (31
BX...). [Datasource] (TF—2X Y —RX) DIEIZERL ET,

[Input data] (AT —2&) R—Z T, [Amazon Redshift] ZiZRL £,

T—2)—AERKT A —RT, [VFAE—BRIFIICIOZAZ—DEFZANLET,
[Database name] (T*—2ZX—AR) IZl&, Amazon Redshift *—ZX—ADBZFEAHILET,
[F—EAR—ARAD—H =R ICTF—ER—-—AQ1—H—FZAHILFT,
[TF—EZR—ANADT—=RIICF—ER—=—AONAT—RZAHDLET,

IAM O—JL] T, IAZMO=)Z&8IRLET, ELO-IIEVEEEK, [Create a new role] (3L
WO—=I)LOERK) #iBIRL £9. Amazon ML IZ& 2 TEHERIZ IAM Amazon Redshift 01— )L A"
ERENET,

© N o 0o bk~ w
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9.

10.
11.

12.

13.
14.

15.
16.
17.

18.
19.

20.
21.

5—“_

Amazon Redshift DEREZT AN T B ICIE, [Test Access] (7 7 AN TARN) ([IAM role] (IAM
O—J)L) O#) ZBRL E 7, BHE N ERET Amazon ML A" Amazon Redshift (Z1Z#: T & 7
WEEE., TRV —ADERERFETEETFEA, NFTLZ2—F12TDOALTIZOVT
k., "IZ—0OrZTINZa1—F1420, #BRLTLEZ,

[SQL I U], SQLYTURAALET,

[Schema location] (AF—~X DOFFT) Tlk. Amazon ML X AF—I ZERTIH ESH ZZEIRL
F9. AF—NZBDTERLEBERE., AF—XT77A4I)IC Amazon S3/NAZAHLET,

[Amazon S3 staging location] (Amazon S3 A7 —2 > J35F7R) 121k, Amazon ML A" Amazon
Redshift # 57 >O— RULEF—RXZBETD/NTY MAD Amazon S3/NAZAHBLLET,
(A7 2an[F—RIY—ARB| Ik, =RV —ADBBZAILET,

W2 ZIEIRL £9, Amazon ML [& Amazon Redshift F— XX —AICEHRTED L ZERLE
C

[AF—NIR=DT, IXTOEHOT— 2B ZHEIAL. BEICISUTEBELET,

[Continue] ( #t1T ) ZERL E T,
COT—RY—AZ2FERALTMLEFIILZERELIEFME T 254G, [Do you plan to use this
dataset to create or evaluate an ML model? (CNF—X2t Y hEFRAL T ML EFILZHERE
FRFMIAHEEZFTELETHN?)] T [Yes (kW) ZBIRLUET, [Yes (kW) ZBIRL £5HES
. 2—7Y MNTZEBRLET., X—7 Y NOFMIC DOV TR, targetAttributeName 7 1 —)L
ROFER Z22RBL T EE L,

FREERTDEDICBEICERLEETILERICCOTF—2Y—AZFEFATIESE. [No (L
W) ZBIRLET,

[Continue] ( #t1T ) ZERL E T,

[Does your data contain an identifier? (F— X I ERBIFAEENTVWETH, )] T, TF—XRIZ
TORBIFAEEATUVETAE, [No(WVWR)] ZBIRLET,
F—RIZTOBBFHFEETNTUONE, [Yes(EW)] ZBIRLET, TOBIFOFEMOWVWT
. rowlD 71 —)LROEA 25RLTKEE,

[Review] (LE1—) ZBIRLE T,

[LEI-IR—DT, BREZHEFREL., [ET])ZERLET,

XY —A&ERL 2%, create an ML model ICERATEEXT, I TICEFILEERLTVSIE

Bk, 7F—A&Y—R% evaluate an ML model & 7= (& generate predictions ICfEFATE £ 9,
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TF—2J—A0IE—(3a>VJ—-l)

BEOTF—RY—RAIUETF—2Y —RAZERTEHEE. Amazon ML IV —=I)LZFEAL T
T—2Y—AZ2AE—L, BREZZEETEEXT, fl2lF. BFEOTF—FV—-ANSHH T, F—X
AF—XZRY)EBIC—HEEBDIELSICEEL 2V, Amazon Redshift A 5 7F—2Z27>O— RT3
EOHICERAEND SQLYVITUAEZEL V), Amazon Redshift 75 AR —IC T It A TSRO AWS
Identity and Access Management (IAM) 1—H'—%EL V) TE X,

Amazon Redshift ¥ —&2 Y —AZJdE—-UTEETSICF
1. Amazon Machine Learning 1> Y — )L (https://console.aws.amazon.com/machinelearning/) % B

XY,

2. Amazon ML & ¥ 2 27R— R® [Entities] (LT 4 T 1) ® T, [Create new...] (351
FX...). [Datasource] (T*—& Y —RA) OJEIZERLET,
3. [Inputdata] (ABXFT—2R) R—Z D, [Where is your data?] (7*— X Q% FT) T. [Amazon

Redshift] Zi R L £9, Amazon Redshift *— XA SERENTF—RYV—AN T TICH 35
G, BOF—RYV—ANSEEZIE—TBD L ZBIRTEET,

Where is your data? ‘ S3 . Amazon Redshift

Do you want to copy the settings from another Amazon Redshift datasource to
create a new datasource? To copy settings, choose Find a datasource.

Amazon Redshift *—Z D SERE N ETF—R YV —RZHF>TVEVERR, CoFA7> 3k
KRRENFEE A,

4. [Find a datasource (T*—2 Y —ADKREK) Z2BRL E T,

5. IE—92F—2Y—A%&IRL. [Copy settings] GXENIE—) %i#IRL £9, Amazon ML
H. F—BYV—ABEDEFEALEIL, TOTF—RV—ANLSOFREZBBALLET, F—X
R=ANAT—R, AFX—XDOFA. TRV —ARBRXTOF—RYV—ANPSOAE—chFt
Ao

6. MEICHLUT, BBMADEThEREZZELET., HlxE. Amazon ML A" Amazon Redshift A
S5F7O0—RTZDTF—22ZLEITHEEEF. SQLIVTVEZEELET,

7. [F—EZR=ANAT—=RIIZF—EIR—=AONAT—RZADLET, Amazon ML [F/N AT —
ROREXEIAZLEVED, BEILBSTALTRIHEN HUET,
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8.

10.

11.

12.
13.

14.
15.

16.
17.

5—“_

(F7°2 3 2) [Schema location] (AF—~X DOFFT) Tld. Amazon MLIZ & = T [I want Amazon
ML to generate a recommended schema] (Amazon ML A#RAF*X—Y &2 ERT D) HFElE 2
TEBRENATVET, AF—TEITTIZEKL TLVBHEE K, [| want to use the schema that |
created and stored in Amazon S3] (Amazon S3 TER L TRELEAF—YZFEHTS) 2ER
L. Amazon S3 DAF—X T 7AIANDNAZEADLET,

(A7 23N [F—E2Y—ARRB I, TF—RIY—ADBBEZEADLET, TN DIEE

(&. Amazon ML "L W F—R Y —ABZEHRL T,

HERZIEIRL £9, Amazon ML [& Amazon Redshift F— XX —AICEHRTED L ZERLE
ED

(F7°23>) Amazon ML #* [Schema] (AF—X) R—IJ TCARAF—NZHEL EHEK, A¥—
NOITXTOBMOT— 2B ZHAEL, BEICISUTEBELET,

[Continue] ( #t1T ) ZERL E T,

CHT—RY—AZ2FERALTMLEFIILZERELIEFME T S5 EE. [Do you plan to use this
dataset to create or evaluate an ML model? (CDF—X2t Y hEFRAL T ML EFILZHERE
ERMMITDEZFBEULUETHA?)] TYes (lEW)] BIBIRLUE T, [Yes (IFW)] ZBIRL =545
. 2—7Y MNMTZEBRLET.,. X—7 Y NOFMIC DOV TR, targetAttributeName 7 1 —)L
ROFERA 2R T EEL,

FREERTDEDICEICERLETETFILERICZOTF—R2Y—AEFERATZEHEEE. [No (W
WR)] ZBIRLET,

[Continue] ( #t1T ) ZBIRL E T,

[Does your data contain an identifier? (Z—X ICF BB FAEENTVWETH, )] T, T—XIC
TORBBIFAEENRTLAETAE, [No(WWR)] ZEBIRLET,
TORBBFAF—RIZEENTVWBREEE. [Yes (V)] ZBIRL., BRI FELTHERATRTZE
BRLULET, TORBFOFEMCOVTIEE, rowlD 74 —)LROFEHA 2B LTS EEL,
[Review] (LE 1—) Zi&IRL F T,

REZHRL, [T ZERLET,

Y —A%ERL =%, create an ML model ICEEATE X T, T TICETFILZERLTVWSE

BlE. F—AXY—A% evaluate an ML model & 7= I& generate predictions ICEATEE T,

Amazon Redshift DO NS TN a1 —F14 20

Amazon Redshift ¥—&2Y—A, ML 7). BLUOFHEZ®ERT S &, Amazon Machine Learning
(Amazon ML) & Amazon ML 1>V —JLT Amazon ML A7 TV RDAT—RA%ZLKR—KNLF
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To Amazon ML A TS —X v -2 2RI EEE. AOBEHREDY —AZFERALTEABEO NS T
A—TFTAVTETVET,

Amazon ML (B89 % — MM B ERADOEZE. "Amazon Machine Learning D &< H 2 ERM, &5
BLTLSEEV, £, Amazon Machine Learning 7 # —2 ATEZZ®RERL V), BREZEEBEL
V)T BEETEERT,

NeEY
c IZ5—0OrZTNZa—F142T
« AWS Support \OHELVEDLE

IZ—ORZTINZ21—FT427

O—I)OERXNEMNTT., B IAMO—-)LEZEBELET, H&X
(. arn:aws:iam::YourAccountID:role/YourRedshiftRole & L £ 7,

RHR
IAM O—)L® Amazon )Y —RAZ—LA (ARN) ODFERAELLSH Y EE A,
IR R

F—BY—RAERTVAHF—RT, O—ILICEHDETARN ZEBELET, O—J/LARND 7 #—< VY
NOBMBIZOWTE, TAM I—H—#H4 K, @ TIAMARN, £83RLT<EEW, U—T3>
. IAMO—J)L ARN OBEEA7>3a>Td,

AO—I)LAEMTT. Amazon ML (& <role ARN> IAM O—)L%&B|EZFd W TEEBA, BIKA
IAM O—)L%Z#&E#L., Amazon ML A ST O EATERELSICLET,

RE
O—J)LiE. Amazon ML " Z N ZBIER TR L ZFTTRLSICHREETCNTLVEEA,
R R

IAM OV —=)LT, O—IL%ZHMEL T, Amazon ML A7 2 Y FEhEO—-I) 25|EZ (2%
A2 EHER)—&EFOLRSICLET,

Z @ <user ARN> 1 —H'—I(ZF <role ARN> IAM O— )L ETHERENI HY) T A,

R
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IAM 2—H—I(Z1F. Amazon ML ICO—/)LZET L ZHATRIT I EAERRI —BEH)EE
Ao

IR R

IAM 1—H—(CEFaR)>—ZR/FL T, Amazon ML ICAO—)LZEITEHNTEET, IAM O
V=IO IAM A=Y —ICT O AERRIS —2TRYFIBENTEET,

TFAODVKNEBTIAMO-)LZETCERFTEREA. IAMO—LEZOTHINIBLTVWS L
BENFHUET,

R
BOIAMTAOYRNCBLTWVWAO-ILZETEETEXREA,
IR R

O—)LOERICERALEAWS THIONCHA A2 LET, IAM OV —)LT IAM OKE| % 1
MCEET,

EENEO-NICBREZETIZDERIHYELEA. Amazon ML ICHER T I AEREZIREHTS
R)—=FE HO>0-)L2RBEELET,

R &A
IAM O—)LICE. BEREhLEREFZRITIDERIBUREA
R R

IAM 2V =) TAO-ICHIENhTVRERRD S —ZiREL T, BEZHERZEZXT,

Amazon ML i&. #EEE hi- IAM O—)L %3 D Amazon Redshift 7S AX—EtOtEF1UF 144
N—T%2BREITDEFTEEEA,

RH
IAM O—JLIC (&, Amazon Redshift EF 1) T 1 VT AR —DREICHERIERIHY)EBA.
fRRE

IAM 2V =) TAO—-ICHENhTVRERR S —ZiREL T, BEZHERZEXZET,
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Amazon ML X9 S AZ—L0OEF 1T A4 TN —T2RELIDIELEEEZICTIS—NFEELEL
fz:o fﬁ_@55—}§33§itb< Téé \l\o

FERA
Amazon ML A" Amazon Redshift 7 AR —IC#EH L KD S ELEEE BB RELEL .
fRIRER

Create Datasource J 4 H— RTHEL L IAMO—)LIC, REZERNIIXNTEENTLVDR L %HE
wmlLET,

VZ7AZ— D OERNEYNTT, VZAZ—IDRETILT7RY NXFETHEY, TITT7RY K
NPENATORTREIFNEBR)TEA, NMT72%, 2 2T TEALLEY ., XFIOHKERICHE
RALEEVTRERFETEXREA,

FER
Amazon Redshift 72 AX— ID ERNELL BV EE A,
fRRER

T—R2)—AERTAHF—RTR, VTFAX—IDIZEBFENATOOHKNEEN, 2 DOEHRT
BNATUREGNATTROSBVRSICEBELET,
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IEEICKE X Regularization amount fEZEET R E., IXNTORENT I A M EOICKD
AN HYET,

HREZEALDEZZRL TRHEBIZD LR, #BZFBEOSHTERICHAREATVEIRET

¥o Amazon ML A2 Y=L DFT7 A )N THDEELZED L2 EALZBIRI B CEICE XU Y B
FHd TL&S, ERI—F—k, EAHLD 3 D2DX A7 (none, L1, £zl L2) EEZERTE
£¥Y, ERMLOFMICOVWTE, TEANML (#F)) 25RLTKEEL,

NL—Z2INTAX=B: BAL4T7EFT A NME

RORKIZ, Amazon ML RL—Z2FNTX—2E, TREFhAOF7 AN NELHFREFHZRLE
9,

NL—Z27/%  Type F7#) NME i EA

TA—A

maxMLMode B 100,000,000 /Y EFZ#IE:100,000 (100 KiB) ~
ISizeInBytes £~ (100 MiB)  2,147,483,648 (2 GiB)
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NL—Z=9N
FA—A

sgd.maxPasses
sgd.shuffleType

sgd.l1Reg
ularizati
onAmount

sgd.l2Reg
ularizati
onAmount

Type

B
String

ERE

ERE

F7#) MNME

10
BE

0(F7 7l
M. L1 EEAE
hEXEA)

1E-6 (77 %)L
N L2RRCOE
DO IEAtZER
LET)

S

ANTF—RICL2>TRE., EFILOY
AAXINT AR ACHETDH
BN BV XY,

ZrREHE: 1 ~ 100
HAEE: auto £/21F none
HFAREFH: 0 ~ MAX_DOUBLE

L1 Ofg%z 1E-4 & 1E-8 DEICT S
EREBERNBOND LN D

AI2TVET, ThRYYKEBET
. RADEFIFERESNDAIEE
HEHTRIHYEEA,

L1 &E L2 DB ZRETRDERT
EXBA, EE5N ZEBRTIHLE
FHYET,

FFEREE: 0 ~ MAX_DOUBLE

L2 Ofg%z 1E-2 & 1E-6 DEICT S
ERFBERNBOND LN D

AP2TVET, ThRYKEBET
&, RADEFIFERESNDAIEE
HREHRHUREA

L1 &E L2 DS ZRETRDERT
EXBA, EE5H ZEBRTIHLE
FHWETS,

RL—Z2VINTX=BR: BATEFTT AL NME
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ML EF )L DFERK

TF—RY—AZERLES. ML EFI)IZERTE FT, Amazon Machine Learning 1>V — )L &
BAULTEFILZERTSDEEE. 74NN REZERATSEH, DARARLAF TSI ZBHALTET
NENAZIAXTBIHN ZBIRTEET,

AARLATZA2RBROEHY)TT,

o FHMEERE: Amazon ML ICAATF—R O —EHEFEFEHE, MLEFIILOFRAREZFTME S &
TEFET, FHEOFEMHICOVTIEE., "MLEFILOFHME, 2B LT EETL,

« LE: LB Amazon ML IZ, EFIRNL—Z2 T ICERATE2EHEBHETREZEHNSEF
9o Amazon ML L EOFEMICOVWTIE, TF—R2LIEZERL LR, 25BLTLKE
=L

e RL=—Z2INFX—B:NFA—RF, NL—Z2J7O0LABLVHERELTELS ML EF
ILOBEO7ONT12HEBLET, SL—Z2INTX—ROFEMODVTE., "RL—Z=22T
INTGAXA—2, ZSBLTLSESL,

CNSDRENDEZBIRELRFIEETZICE, MLEFIERTVA Y —REGFERATIEEIZ[HAR
L FA72a20%BRUET, Amazon ML ICTF 7 AL NREZ BRI 254, [Default] (7 2 )L
N ZZBIRLET,

MLEFINZERTDE, Amazon ML B2 —4'Y NBMOBMHZATICESVWT, FATZZE7
WIVZXLDRATEZBIRLET, (F—T'Y NEMHER TELV, BEEZECEMENETY, )
X—=TY NEENNAFTUDBE, Amazon ML FAOP AT 4 Y VEBZILIVAXLZFERT SN
AT IVREEFINZERLET, 2—7Y NEUAHTIUDEE, Amazon ML RZEOD A
TAVORBTFIIVALEZEATIERISAETIEERLET, X3—7Y NEENIBEDS
4. Amazon ML K ERRFEZIJVALZFERAITZIERIIBETFTINEZERL FTT,

NEY D

- BIIRZRM

« T7ANKATIVTMLETLEZERTS
« NABLAT>I2TMLEFINEERTS

Bl FR SR

Amazon ML OV —)LZERALTMLEFILZEXKTREIIC. ETFILONL—Z_2THEETIFE
fRAD2 DOF—RYV—AEBERTIVEN HVET, 2 20F—FYVY—RZEXTEERL TLWEW
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BeEk., "ATVT 2 hL—ZVIF -3V -AZERIRD OF1—NITIILZSRLTLEE
W,

F7ANNATS I TMLEFLERRT S

Amazon ML T T O &2 1T5B &, [Default] (F7 AN A7 a2 #BRUET,

c ANF—2EZ2ELTHRAD 70% ERL—ZJICFERL, BY D 30% 2FMICFEALET

s NL=Z2IF7F—RYV—ATWEE LRI (ADT—RY—AD 70%) CETVWTLIEZRR
LET

s FT7AIRNDRNL—Z2VINTA—RZBIRLET

TF7FILNNOFTS a2 EBRIBICE

1. Amazon ML 1>V — )L T [Amazon Machine Learning] Zi#RL TH 5. [ML models] (ML €7
) ZBIRLET,

2. [MLEFIL] OBMER—DT, FILWML EFILEER] Z38RLF T,

[ AATF—R]|R=DT, [S3TF—RZEITT—R2V—AZRICERLELEZ] AFBREATVS
CEEERLET,

RHOST—RY—AZBIRL., [#1T) Z2BRLET,

ML EFLRE]R—Z O [MLETFILE]ICMLEFILOBRMZADLET,
[NL=—Z2TBLVFMERE] T, [T7 AN FBRENATVDCEZHERLET,

[Name this evaluation] (C OFHMEIZ B HI Z5RE) T, FMEDBER Z AN L T [Review] (FER) ZiF
RUET, Amazon ML IZ& Y KR DOV 1 HF—REFAF Y TEh, [Review] () R—DICEBE
LET,

8. T—REMWEL., EFIINEFHECEALBVWF—RY—AASIE—LEZTZITNXTHIERL.
[ET]ZBRLET,

w

N o o &

NAZRLAT>3TMLETINEERTS
MLEFLOARRIA XEFSEUTOZENTEET,

s MEDOLIEZREHLET, MEOLIEEZRHEITZIHFZEOFMICOVTE, TLEERRKXOD
J7LA; Z#ZSRBLTLSESL,

e NL—Z2INTGA—B%ZBIRLET, NL—Z2INFA—ZOFHIZOVWTRFK, "TRL—Z=2
TJINTA—2, #SBLTLSEEL,
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« F7FILBEDT0B0 BADKL—Z2TRHMEDEILL ZBIRT DA, Klold, FHMEDL-HICERL
EROTF—2Y—AZRHLTLEZT VW, FEFEOFMICOVTR, "T—2058, 25RL
TLEE L,

CNSDREDT 7 A NMEZRBRIDCELETEXRT,

TF7ANNOAT a2 EFEALTITICETILZERLTVT, EFILOFRANT #—X 2V A%ZM[
LERBIEVBER, [DARARALI ATV 2FALTHARNAARENLERETHLVWETILZEK
LT, LA, WEEMELIEICEMTS, Rk, SL—Z2INFA—R2ONAOHZIE
RFENTEXRT,

NABLATZAVTEFINEERTRICE

1. Amazon ML 2V — )L T [Amazon Machine Learning] Zi#iRL TH S, [ML models] (ML €7
L) ZBIRLUET,

2. [MLEFIL] OBER—TT, FHLWML EFILEER] 2BRULET,

3. F—RY—RZITILERLTVRHER, [AIT—R|R=TJT, [S3TF—REZEITT—X
V—RAZBICHEBLELE] ZEBRLET, RAST—RYV—RAZERL. [T 2BRLE
ER

T—R—AZERTIUEN HBDEEE. [TF—REF S ICHY, F—RY—AZERT DX
ENHYET) ZEIRL &, [#1T] ZBIRL £9, [Create a Datasource (F—X Y — AN
R DA F—RICUAAL IV RNENET, T—XN[S3] £l [Redshift] ICHB A EIBEL .
(%5 ZBIRLET, T—RXV—RZ2ERKTHDFIEZETLET,

F—2Y—RA%EERL =5, [Create ML Model (ML EFILDHER)] 71 H—RODRXDATY T
CDRALIRNENET,

4. MLEFLBZEIR—TZO MLEFILE]CMLEFILOBFHEADLET,

5. [Select training and evaluation settings (L ——>J & K FHAREDIZIR)] T, [HARAL] &
BEBRU &, (17 2BRLUET,

6. [LZE]R—T T, customize arecipe Z1TAE T, LZERHAZRIAALBEVES
(&. Amazon ML AL > EZ#RZEL £, [Continue] ( #t1T ) ZBIRLET,

7. [FHEZEIR—DT, [RAMLETFILYAX] [F—EZNAOERE]. [NL—Z2TF—2D
YV ITNEAT). [EAHLR AT, SRV [EAHLDE] ZIEELET. chsEZBELEVIE
&, Amazon ML BT 7 # )L RORNL—Z2INTX—RZFEALET,
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CNESDONTA—ERBLOTF7 AL NOFMIOVTR, "RL—Z2VINTX—%, ZZRL
TL<EEW,

[Continue] ( #t1T ) ZERL E T,
8. [HMA]R—IT. $<EMLEFLETMTAAES A EEELET. ML EFIL & T <5
LEWEBEAE., [Review (LE 1) ZBIRLET,

MLEFINEZSI<STHAETZDHE

a. [COFHMEICBBZRE]IC, FHMADRIZEADLET,

b. [Select evaluation data] (Il 7*— X Z#iR) T, Amazon ML A"FHED HICA D TF—2 D
—HEREBTIBDNESHERBIRLT, T5F50ThhE, F—XYV—AODEIFE, £z
MO EDHICEBDT—RY—AZRMIDEZEBIRLET,

c. [Review](LE1—) Z&EIRLFT,

9. [Review (LE1)XR—T 7T, BRRZHEEL. TFLEHEICEALEVTF—2Y—AN S5O

E—ULEZTZINTHIBRL T, KRT]ZEBRLET,

EFINEERLERE. "TATYT4MLETFINOFANT #—X 2 AZEHE L, AOAT7OLEW
BEZRETSH ) 2SRBLTLEETL,
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BB 0T — R TR

T—2F, BEEBETIOMN L —Z2DJICHEAENET, RUNL—Z2JF—R0EERRHH
., FEEMRILOLOICHRBEUENEFTETRHEENDZZETI, COREZTF—NY NTT—
BEFEEHRITOLAR, ERTRIEEZTRELTHSKTVET,

NEY D

- WEZHROEEM

- F—ALIEEFERAL s Tin
« LYEERXVTZFLUA

- HERELIE

« F=REZWITTFLUA

- T—SBRE

BRELROEEN

TLZY R A—ROWEIATFTETHIAESH ZHMITDCLZBENELEEBMEBETIEEAT
HEL &S, PTUVT—2 a2 0BRABET—FIMICEITVT, ANT—RICBOBENE
BERT—RT A=)l R (FLFHEE) ZRETEET, LealE, BEI&HE,. REER, . JL
DY RNA—RABEEOEMEFZFBE7OLACREIZIOREETY, —H. FUFALILERELEDL
ZoH023VIDICRRHBIBENTHST (RBRICZVHAALATHRI N DN >TVEREE), A
ATE®NEREA,

ENDTA—IIRZBHIDNERDIZS, ChSOHEZERL TEBTOLAILRITET, BHIC
KV, ANT—RIINYOTZIO2 RERAEME N, BEFBETTIEGEZOBBRASOXUY K2
BonEd, LA, ROPEEEFRMRIXFIHELTRENET,

123 Main Street, Seattle, WA 98101 |

ChBEATR, ChEeF2E<BEUEMICEELENZ—2OFBICULAKRIEBZVOT, XB
AFBRENATVET, LAL, ThEBRIFDICHEITDE, TEFTL (123 Main Street), "M
(Seattle). M. (WA), B&LT. TEEHBS, (98101) k& DEIMMEEEERTEES, CnT.
2ETLIVAALE, KYBKOERBBENZ YO ETI—THL, KYEEBBENZ—2 2
RIBENTERT, LEARF,  HORFTEOHFEES TR, MR EZLODFRETAZRRL
TWBAPrELhEEA,
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BREZHROT7O—FELEBOFMBICOVTR., "#RFBEOH S, 2ZRBLTSEEL,

T—RLIEZERL EH#EELR

Amazon ML T ML EFINZERTHEIICHEZZERT D HFEFE 2 2BV ET, ASLTF—2%
Amazon ML ICRRT D EICEEZRT DA, Amazon ML DEAIAKT—REHEFHL F

T Amazon ML DL EZFERATRICENTEERT, chldk, BRI 7A—XY hEhE—KREO%
ZHROEHDOFIETT, LIETIEE, UTEERITTEET,

c HAHZOHRBEIYS VEZFEBROVARNSERL., B2 OEBELZEROIIIL-TICEHERALET
- BBEFB7OCATHEATED ANEREEHOEREZERLET

Amazon ML DL EZFERATR E, WK O2HDPDORENFHYET, Amazon ML I F— X B %ZEE1T
TBHNT, B TERITIHLERHVEEA. €512, Amazon ML FA D TF—RZHRHE> TS
BCEZ#EZEAL, BRETAAVICREITZIERTEEOLAICERZRHIZ LD, 3ET
9,

LEERV77L2A

Amazon ML L EICIE, #BZFEE 7O A0 —HBELTTF—R2E2ETRIBZFIENFEENTVET,
LB JSON ICP B 2FEALTESZSENTVETH ., BED JSON O#IRO E£IZ&E 0 &IR
APHYET, LIEICRULATOEI 3> NF®HY), CCIURTIEFTRASNDMBENHYET,

c JI—7 &, BROEBEITIN—TTE, BROBANLPI<KBYET, LexdF, 717
R=IOT7V)—FTFANBD (BA NI, X)) LBERNBD2IXNTOEROT I —TZERL.
ChSNINTORRZ—EICERID LN TEXRT,

« BVETR, LERICBFATER>HEOBMFEZROERN TEXT,

- HAOR, FETOEATHEAEChIZERE, ChSOERICERENZER (FEITIER) EE
&#LET,

TIN—=7

TIL—T7TAOIXNTOERE—RFLTERLLEY, ChoNERZZERETICHMFBEICEATS L
OIZ, BBOIIN—TZERTERT, 774 MTE., Amazon ML BELTFOIIIL—T 24K L &
ERD
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ALL_TEXT. ALL_NUMERIC, ALL_CATEGORICAL, ALL BINARY -7—& Y —AAF—Y TEHRE
NEBRICEISRATERBOIIL—7,

(® Note
ALL_INPUTS T IL—T%2ERT D LFTEEH A,

ChSNEHEIF, ERENTVWEVLIEOHIEIZ IV THATEELET, £, BEOITIIL—T
CERZEMEL-RHRIDZET, £, BEROOL I IV SERE, DAZLIIN-T24k
BIBDEETEERT, ROBFITRE, 32IXTOFT7TO—FEITIL—TILOEN) HTOEXZERL
£9,

"groups": {

"Custom_Group": "group(varl, var2)",
"All_Categorical_plus_one_other": "group(ALL_CATEGORICAL, var2)"

}

TIN—TBBTILTIT7RY NXFTHEDHLEN BV, REBF1-64XFTY, JIL—TEHTI
77RY RXFTRESBVEE, FLEERBHEXF('"t\r\n()) FEEATVREEE, TOSH
BZS| AR TCHEATLIEICEDRHEN HYUET,

T

FEHEATHREDOLDIC, 1 DFELREBROTRZEFEERICE) HTRENTEXT, LR
(&, email_subject EVSBRIOTFARNEHN BV, ThICNINFOERZEATDE, BROE
IZ email_subject_lowercase E VWS BRI EN TR LN TE, LIERDEZTETOEHRE[HE
CEBHFTACENTEERT, ., BYVETZEHETE T, BELLIEFTEROZHRZEATS C
EETEXRT, ROPIE. LIVEBXOE-SITEHDEHTEZRLTVET,

"assignments": {
"email_subject_lowercase": "lowercase(email_subject)",

"email_subject_lowercase_ngram":'"ngram(lowercase(email_subject), 2)"
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}

FREAZHETILT7RY RXFTREZDBENHY), REBF1—-64NFTT, BEIHATILTT7RY
RTHESBWVWEBE, FLRFBHEXZE('"WWr\n())YHAEEFATVEHEERE. TORFZESIAFT
BEATLIEILEDRIRBENHYVET,

i 77

Hhteo>arik, EOADEBNFB7OLALFEAEhZ D, EOEBRNFBERAE NI L ZFHEL
£¥T, =20, FhF, FELBEVWHAIEIZIVE, 2BT7OLACT—2EEABZVED, T
T—EBYERT,

BEEHgLEHE NI VICE., EEBEAD ALL_INPUTS JIIL—7A"EETNTWVWT, Amazon ML
NEBERICTF—RFYV—ATERENTVBDRIXNTOEREFERAITSHIELSICERLET,

"outputs": [
"ALL_INPUTS"

]

HAOtEo>3a2i@E, Amazon ML ICC NS DT IL—TOIXNTOEREFERAITD IS ICERTD L
T, HOERBEATIN—T22RIB_EELTELRT,

"outputs": [
"ALL_NUMERIC",

"ALL_CATEGORICAL"

]

MOt 3aVBAARLIIN—TZZRBIBDEETEERT, AOHITE, FIOBHOTIL—TE)
HTEI2IVTERENLEAARZLTIL—T D1 DOANEBFZFIIERAECNET., HOITANT
DEBIFHIFRE N ET,

"outputs": [

"All_Categorical_plus_one_other"
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HAOtEO2a ik, BVETEID AV TERECNEEREVETESRBRIBDLEETEET,
"outputs": [
"email_subject_lowercase"

]

Rz, ANERFRLEBEBRE, HOEIP a3 TEEERTEEXT,

"outputs": [
Ilvarlll ,
"lowercase(var2)"

]

HAORF, FE7OCATHEATEREFREIND IR TOEREEBRENLEEHEZHRNICIEETS
PBENFHYVET, LEAE, vart Evar2 OTFHI RN EEHAHICEDHDELET, raw B var1 &
var2 DB EEHDHEE. HAEI>a I raw BEREZEBMTHIHEN HVYVET,

"outputs": [
"cartesian(varl,var2)",
||VaI1||'

"var2"

HAOCE, ZBRECELCLOAXRNTFARNEZEML T, AR I<ITRLEOOOAXV NEEHD L
FTEXRY,
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"outputs": [
"quantile_bin(age, 10) //quantile bin age",

"age // explicitly include the original numeric variable along with the
binned version"

HAEI2 a2 RTINSO T7O—F2INTHAEDLETRAIZENTERT,

(@ Note
LEZEMTDEEIC Amazon ML 2 Y =)L TOX Y R EANTEIERTERE A,

T2 LIEDH

AT OB, BROBATHENENEVKDADEL M F—E 7O Y HERLTVET,
{

"groups": {

"LONGTEXT": "group_remove(ALL_TEXT, title, subject)",

"SPECIALTEXT": "group(title, subject)",

"BINCAT": "group(ALL_CATEGORICAL, ALL_BINARY)"

}I

"assignments": {

"binned_age" : "quantile_bin(age,30)",
"country_gender_interaction" : "cartesian(country, gender)"
3,

"outputs": [
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"lowercase(no_punct(LONGTEXT))",
"ngram(lowercase(no_punct(SPECIALTEXT)),3)",
"quantile_bin(hours-per-week, 10)",

"hours-per-week // explicitly include the original numeric variable
along with the binned version",

"cartesian(binned_age, quantile_bin(hours-per-week,10)) // this one is
critical",

"country_gender_interaction",
"BINCAT"
]

}

ERLE

Amazon ML THLWF—2Y —A&ZERL. TOTF—2Y—ADOKEAITEET NS &, Amazon ML
ETF—RYV—ADLSFLVML EFINZERKTHEOICFERATESIHBEBLEEERLET, BRES
NEF—RY—A, T—RIFEEITHDT—E2EHEZ—TY NBHICEIVTSEY, MLEFILD
EREFI—Z—2TOHRERIERET,

Amazon ML AV — )L TRBEE L EZFERAT S, [Create new] (FiRER) ROV 7R
1) AR S [Datasource] (F—X& Y —RA) £zl [Datasource and ML model] (F—&X Y —AB R
ML ETI)) 2 BIRLET. ML EFILOFRETIE. [Create ML Model] (ML EFILDIERK) 7 1 H—
K ® [ML Model Setting] (ML ETIDERE) DATY T T, F7FINNELERAARARLONL—ZY
TJETMOREZBIRTEE T, [Default] F7 AL NFA T3> % BIRT B E, Amazon ML (F#2R
ThELEZBEBNICERALET, [Custom] HDARALAAT a2z BRTBDE, RODATYTD
LIEIFARICHERLIENRTREh, RELCRUTHERELGREETERT,

(® Note

Amazon ML Tk, #HEBEBROGFTEN TTITHHIC. T—2Y—AZERLTIT<IC ML £
FIEERTBDCENTEET, COBE. DAZLF T AaVTREENIELIEEZRTR
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TRERFTEXTEBAN, TOATYTEEAT, Amazon ML ICEFILNL—Z2F0OF
7AIRNLIEZFERESEZCENTEET,

Amazon ML APl TRREchEL I EZFER TS ICIE. Recipe APl & RecipeUri API O HF 0O/NZ
X—BATEONFHEETENTEEXT, Amazon MLAPI ZFEAL THEEZ h L EZRET
DcEETEFREA,

F—RERYTT LR

REY D

- nJZLEH

« BEANDAN—ABI\NA T Z L (OSB) Zif
- NXFEH

- AFRABREZER

- OUouEZ_JEHR

- EHR{LEH

- THILNEZR

nJ 2 LZEHR

nJZLZEHE, TFARNEREZADELTZTRY, (A—PHFREFTEZ)nT—ROT 12 RD
BATZAREEZZELCHBIZINFIZERL, 7OLARNOHEIZERL KT, LA, TC
DAEERLIZELVLATHRAELEL EVSNFIEEZTHEL LS,

TAVRIGAX=1TnITLEBRZEETDE, TOXFIAOET OEENF TXNTESIE
ER

{"I", "really", "enjoyed", "reading", "this", "book"}

DAVRIFAX =2 TnIZLERZEETRE, TIXTO2ENEAEDEBE 1 FEOEAEDE
ECISE (F S5

{"I really", "really enjoyed", "enjoyed reading", "reading this", "this
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book", "I", "really", "enjoyed", "reading", "this", "book"}

DAV RIFAL X =3 TnITLEREEETDE, COUAMIIFNEAGEDOENEMEN, X
DERIBSNET,

{"I really enjoyed", "really enjoyed reading", "enjoyed reading this",
"reading this book", "I really", "really enjoyed", "enjoyed reading",
"reading this", "this book", "I", "really", "enjoyed", "reading",
"this", "book"}

n-grams (&, 2—10 BBOEHEDOH A ATUVIIARNTEXT, Y4 X 1D ngrams l&. F—XA
F—XTEATHTHFARELTY—IENTVBRITXRNTOANICHL THENICERE DD,
ANTRUERFHEREA. HREIZ, ngrams FEANFOANT—ZRZ20ETEEICK>TER
ThBEICFRLTLKEEY, ChiF, LEAR, ORRXFENFEERFRN—U 0 —HELHxETh
BEEERLET, XFF Tred, green, blues £ 42 R 2 T n-grams ZEK TS &, {"red,",
"green,", "blue,", "red, green", "green, blue"} £EBZ W ET, ChZFLELAVESER. AFiLS ZHIR
TREHIC, AGRREZTOEYH (COERTER) ZFAL TORLESZHIBRTDENTESR
CB

Z¥vart 07142 RIY AL X3 D n-grams Z5TET B IC I,

"ngram(varl, 3)"

EfDA/N—ABZ/INA T Z L (OSB) Z£#

OSB MR TFARNNFIBMEXBID L ZENEL TR, NATFLEBR (V12 RIYA
A20OnTZL)ICRKDZENDTT, OSBE. TFANETnHAADTA2RIZFTSL, T4
PRUDBYIDETZTEZEEL. BEBRTEHATRIEILR)EREIET,

HOSBZBEIZI-HIC. TOBHEROEFER " (TUHA—AO7)XFTHREESh, AFY
TENLEIXNTOR =TV OSBICT VA —AAT ZEBMT D LR 2>TRENET, LA
T. 0SBk, JAVRIAICRSNBDN—UVEFTELS, ABUTA Y RTATARAFY TEni:
N=D2OBEII—RLET,

Fle LT, XFF Tquick brownfoxdog, . OSBH A X4 2EZXE T, XFHNEENS 62D 4
BEODIJAVRIERED 2 DODEVWI A RIE, BRICENENDASERE iz OSB A XD B
ICRENTVET,

BADOAN—REINA T Z L (OSB) i Version Latest 115



Amazon Machine Learning FROY/IN—HA K

74> R {OSB 4/}

"The quick brown fox", {The_quick, The__brown, The__ fox}

"quick brown fox jumps", {quick_brown, quick__fox, quick___jumps}
"brown fox jumps over", {brown_fox, brown__jumps, brown___ over}
"fox jumps over the", {fox_jumps, fox__over, fox___ the}

"jumps over the lazy", {jumps_over, jumps__the, jumps__ lazy}
"over the lazy dog", {over_the, over__lazy, over__ dog}

"the lazy dog", {the_lazy, the__dog}

"lazy dog", {lazy_dog}

BEXAN—ANATZ LR, nZ7LORBRATRRICKI > TRRECEETDAEMEAN DY ET,
T—RILREBTFARTZ AR (10 BEFBRLE) FHBEERF. EE5NK<BETIHNARRLT
ATLKEEW, ANFREZTFARNTA—IREBDIHDE, RRICI>TERDARUEANIBHD LI
ABLTLKEEW, L, REBTFANT 1 =L ROBE, BRIICE OSB ', HHlZEMRE
5 (THR) LKV, —BIETFAREZRICENRENATVERT,

ADTHFARNERDO OSBEBRTIE, DA RIHAL X% 210V IV ITARNTEET,
T vart D4 RIHFAL4 X570 0SB #51E T3 -1,

Fosb(var1, 5)
INLF R
PMEFEBRT7OELY YR, TFANADZPIXFICEBRLET, LEXEFE. ABDAH TThe Quick
Brown Fox Jumps Over the Lazy Dog. ®3%&. 7O+ Y H& Mthe quick brown fox jumps over the
lazy dogs ZH AL ET,
ZH¥ varl [P XFERZBERATSICE,

Mlowercase(var1)
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FIJL/\\\ F’%’% jﬁj:ﬁ

Amazon ML &, ZHDTF—RXAF—NDTFAREL TN =V ENEADZRBEBNVICPEILET,
XEI0aGRalk, BEIT2REERN—ITEDLIH, ThEEOZEAICISUTAORN—22ELT
ZE2ICKDYET, ChHFERLLBEVES, OGAREZBREFAL T, EREhIZH#ED S TFH
HEERETDENTEET, "Welcome to AML - please fasten your seat-belts! s & LS XF5
ZIETDE, KOR—=001Y NIBERANICERENET,

{"Welcome", "to", "Amazon", "ML", "-", "please", "fasten", "your", "seat-belts!"}

DFRR/RBEE7OEYHZ2ONFIICEBRTDE, ROKRSICBEVERT,

{"Welcome", "to", "Amazon", "ML", "please", "fasten", "your", "seat-belts"}

TLT7AVIORET T4 v OADAFRRELETNEHIBREND CEICEELTLSEEVL, =20 0Di&
hICIRNh2 A58, EEZE Mseat-beltsy D/N\NA 7V FBIBREhEE A,

Z#Hvar! ICAZRKBREZERT S0,

"no_punct(var1)
P TR

Mo EZ> 708y Bk, BEEHE bin BESEFHRFNRDINFA—ZD2 O2OAHZZTEY,
ATIVEBZHHILET, BN, BAMEZIIIL—THLTEROSHICH TR IEREEZRAT
22&TT,

Z<DBEE, BEZEHRESZ—TY NOBREFRETESH ) FEA BEZBOEBERRERAICERLEL
Ao TORSKIBE, BEMENE TS FTLEHEZRI AT MEEICHEMREZRMNT D EEF
Td, EHTIVMBELE bin) ik, F—TYREDTIhBEBEOBREBEEEZERE >EQDELTEFILILT

BLENTEERT, LA, HENSZBIEBAE account_age NEEZBATD IR EEEMNIC
HBELTWEWCEN DA 2ELET, Z—TYNEOBRERY ERICIBIETESD LS AT
BBEIC DT D _ENTEET,

mofueE —>J 70ty HEERAL T, Amazon ML IZ, age ZBOIXNTOADED D RICED
L\‘C%bb\*y‘%l"@ nEVZEEIL, FEVZECTFANN—V UV TEEMADLSERTESE

o BEZHORHELZEDHIE., BHOBHLEZ—TY NEOBRICKELET., child, XBRZEE
LTEEE$</J&E‘&‘1’L$?O Amazon ML Tl&, #EL EOF—RFFTICEIVWTHEREORE
BEDHERKRLTVET,
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EEOBEANZEHICHL TS5 A5 1000 BOSUE> ZFHELTERIDZDENTEXRT,

ROBIE, BIEZH vart ORHDYIZ50 EZ Z2FHELTEAT R HEZRLTVERT,

quantile_bin(var1, 50) 4

IER L2

ERCESE, FHEFAEOTOEN 1 CEDES CHEZEHRZERILLET., BEZHOERL
. BENZHEOBEBROENFEECREVZECEZBTOLAZHTRENTEERT, ZEL
5, TORHBHNIZ—TY MIRULTERTHINESHIEI P DST, RROEBN ML EFILEX
B30 5TT,

COEBRZHEZ R vart ICERATSICE, ChzlLEICEMLET,
normalize(var1)

COZTHEF, I—HF—EZOREZERIN—T LB IXNTOEEZS (ALL_NUMERIC) DEBEFIE
BIN—TEZADELTEBITRMBEETEET,

normalize(ALL_NUMERIC)

XE

ERE7OtY Y Z2HEZRICEAITZCLRIVATRERYY TR A
THIL NEEH

FHAIRERRGE, 2 2UEOTFARNKLEZGEHATIVALZROIEIN ZERLET, COEHEF, &
BEOHEERNBEONZBEEICERAETNAET., LA, F1—bUTIL :Amazon ML ZfEAL
IN=—TTAVITFT 7T NOREBEZFUATIOIEASNBIROIN—TTAVITF—2EY ~hEE
ATHELES, cOTF—REY NEFALT, BENBICAORANBERICESVT, ANRIT
O7OF—23a2VICBBHICRBIZDAESHEFRALET, HHTR., BAOABSOEENEET
HBIEEZABDNDELNERA (BENSHETEATNATIRATREHBEZFICAND L), REKE
DHEOEBELEETY, Htl@FFRl, ChSs0 2 DOEHOMEERICEV TFHIFH2DEN
5, FYRVWERZFOD>TVRIHPELNERA - LEAR, RERRFORUZEBLEEERTH
PEEICEICELTVET,

TFHILNEEHRE, ATIVERFLRTFARNEADELTEZTERY, ChSOAHEHEOHEE
ERZEBITAMLVHBEEZERLET. BEFNICE., NL—Z2J6IC e ICHEEDHEKEDE ZF
LU, AZRTOVHEELTEMLET, LA, BRBELEADTARORSIZH 2TV
ELERT,
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2—=Tv N, HE. HE

0. university.degree, #ifi#&
0. high.school, H—E A
1. university.degree, BIE#H

FHLRERZATIVEBOBEIHEREIFICERAITARSICEETS L. BROMEE
education_job_interaction XD KD &KV F T,

X—%"Y N, education_job_interaction
0. university.degree_technician

0. high.school_services

1. university.degree_admin

THIRNEBRE, 5IBD 1 DFBHENTHIHEE. EFLBATHNICRN -2V ICH8EhDTFAN
EHTHIEE, " EORN I ENEBIZELEICETSICHBAICAEYET, L, EENYRE
NESHEDPEITDRAVICOVWVTHRELET.,. BERMICIE. BHRETHAHLEEZTRITEEZENVZAN
I EREORA NLTEBEOEEN HEICHR TSI UEMENI HD)HFHBDEBRDNBIHLAELNIE
BA, Tl ZOKTTTFRTEDEEZZADNELIAFEAN HEHBEE/N—RAN—-IZED A8
FEVE®D), EBRICERZRARNILEETICOVWTOVK DA DEENEAEDETTFATEET, £
BROBIT, ROEKEE, AHNZEE binding B& U title ICTFAIIL N 7OY B ZERALLEERZRLTY
¥,

B AN NA > no_punct (24 KNJL) EETOTFHILNE

= TA

= J

1 #wEF REAl M N—R {"Economics_Hardcover", "Principles_Hardcover",
B, R)>— HN— "Problems_Hardcover", "Policies_Hardcover"}

0 The Invisible Heart: Y 7 b {"The_Softcover", "Invisible_Softcover", "Heart_Softcover",
An Economics HN— "An_Softcover", "Economics_Softcover", "Romance_
Romance Softcover"}

0 Fun With Problems V7 k {"Fun_Softcover", "With_Softcover", "Problems_Softcove
HIN— r
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ROBIE, FHILRNEREEZ varl Evar2 ICEAT3AEZ2RLTVWET,

cartesian(var1, var2)

T—2BEIE

TS BHEEREEZFERT L, ADTF—RO—PICOKXESIVTF—RY—AZERTEXT,
5z X, Amazon ML >V —JL® [Create ML Model] (ML EFILDER) 71— REZFEHL T
MLEFINZERL, F7FIINOFHEAT2 3> & BIRTSDE, Amazon ML & BEIIC ML E
TIIFHED =HICT—F2D 30% ZFHLT, BYVD70% ZNL—Z2TICERALET, C OHEE
(&. Amazon ML O F— X BiRHREEEIC K > TEMZEY ET,

Amazon MLAPI ZERAL TF—RYV—RAZERTDHEERE. ADTF—R20EOHDICHLVWTF—
RY—ANBEIVTVRIA EIBETEET, cnEITDICIE, DataRearrangement /N X—

X MNIER%Z CreateDataSourceFromS3, CreateDataSourceFromRedshift API, £l
CreateDataSourceFromRDS API (ZJEL £, DataRearrangement XFHOARIE, T—X DHH
BRUNBERTHNEZED JSONXFEHT, N—toT—2, #7797, BLUTPIHMETRE 1
£9. L& AEF. RO DataRearrangement XF5lIE, |EID 70% OTF—ZHT—K2 Y —ADEE
ICERENDEEEELET,

"splitting": {
"percentBegin": 0,
"percentEnd": 70,
"complement": false,
"strategy": "sequential"

DataRearrangement /N5 X —2&
Amazon ML " 7#—R YV —RAZER TR HEZEETRICE. ATONTAXA—ZEZFERALET,
PercentBegin (F7°2 3 )

percentBegin ZFAL T, F—ZYV—ADTF—XORAKBMNEZIEEL £J, percentBegin
& percentbEnd ZEEL A& ITIIE., F—X Y —ADOERRKIC Amazon ML ICTXTOF—ZHE
FhET,

EMERF 0~100 T,
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PercentEnd (A 7' 32)

percentEnd ZFAL T, F—FYV—ADTF—RXOERTNEZIEELET, percentBegin &
percentEnd ZEEL B ThIE, F—2Y—ADEREIZ Amazon ML ICFXTOTF—ZAEE
nEd,

BMEER 0~100 TY,
x (F7>aY)

complement /NZ X—2& (&, Amazon ML A" percentBegin /'S percentEnd Q&EHICE SR
NTVWEWF—RZ2FALTF— RV —AZERTEDELSICLET, complement /NT X—
BiE, NL—Z2TEHEDOLEHODHENLBT—RY —AZERTIHENf HBDESICERT
o WENET—RY—RAEERTSICIE, percentBegin /NT X—A T percentEnd 8 KT
complement EEUEZFERALET,

FEAR. RD220F—RY—ARF—ZERELT., EFLENL—ZOIBLCTET S
EOILERATEET, BUOTF—XY—RILR 25% OF—2H &Y, 2 BEOF—2Y—RK&
75% DF— RN BV ET .

REOLHOT—5Y— A

{

"splitting":{
"percentBegin":0,
"percentEnd":25

}

}

NL—Z20DEdDOTF—2Y—A

{

"splitting":{
"percentBegin":0Q,
"percentEnd":25,
"complement":"true"

}

}

BEMEEE. true RV false T,
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HEE (7> 3)

Amazon ML ' 7F— 3R Y —ADTF—RZED RS IZDE TN ZEETSICIE, strategy /NT
X—RZFERALET,

strategy N X—2 D77 # )L MEW sequential TF, D&EVY, Amazon ML &, LO—K
FANT—RIIRRENDIEFT, F—2Y—AD percentBegin & percentEnd BMOFTNXT
NDF—RLA—RZEEBLET,

XM 2 D0 DataRearrangement Tk, IEFICIEFFHFSshizcNL—Z2J &FHEOT—2R
\J—7\0)1’§|J_C"3'o

AN IESHDTFT—RY—RA, {"splitting":{"percentBegin":70, "percentEnd":100,
"strategy":"sequential"}}

NL—Z200EODTF—RY—RX, {"splitting":{"percentBegin":70,
"percentEnd":100, "strategy":"sequential", "complement":"true"}}

T—REZUHLICBRLTTF—2Y—RAZERTBICIE, strategy /NT X—& % random (C
BEL, ZUALTF—EZREO—REELTFEATRIXFIEZEBELET (LealE, F—&
ANDSINAZSVRALBY—RXFIELTHERTEERY), X ALBDEIEEEZRIRL -
%&. Amazon ML & F—RITICEMEL K ZEIV) H T, percentBegin & percentEnd O
CEVETSNLEBEE  OITERBRLET, NI A 7Y NED—RELVLTHEAL TREEE
HFEWETSND Y, T—R2EEITHERBIPENRELET., BFOIEFEIXNTRE
TNET, SUFALBDEEEICKY), NL—Z—2JF—REFHATF—RXOEHHN BRICOHE
NEFT, A DT RIIBRABCEXNBRIEFFrSEATVEIEEICRIUEET, TS THRWVES
&, BOULBWVWF—ZLI—REZSECNL—Z2IJBLVHET—RY —ANERENET,

XD 2 DM DataRearrangement 1T, EEHEMNBERNL—Z2 T EFMMOTF—RY —ADHIT
9,

MO EHDOTF—RY—R

"splitting":{
"percentBegin":70,
"percentEnd":100,
"strategy":"random",
"strategyParams": {
"randomSeed" : "RANDOMSEED"

}
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}

NL—Z2TDEHOTF—RI—A

"splitting":{
"percentBegin":70,
"percentEnd":100,
"strategy":"random",
"strategyParams": {
"randomSeed" : "RANDOMSEED"

}

"complement":"true"

AM#MER. sequential KT random TT,
(72 32) Bk, RandomSeed

Amazon ML & [randomSeed] ZFEAL TF—XZ20EILET, APIOTF 7))L MDD —R@FZE
XFHTT, ZVALBDEEBOS—REEETHICE. XFHEELET, random Seed (2
D2VWTEL<LIE. TAmazon Machine Learning ZAROY/N—HA Ry O "F—2DF 0 F LD
2, EBBLTEE L,

Amazon ML TUVOANVF—2 3 &2 FERATSHZEZRT Y7L I—RICOVWTE, TGithub
Machine Learning Samplesy ZZBL TS &L\,
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ML 7 )L O

HLLWTF—RERROTF—ETE—TY R EFRANSEIVWAESHZHMTHEHIC, BICET
NI DHBENHNERT. BROAAZRVALRTRABZE—TY MEFHB 1D, 2TV b
NEZEZITICHA>TVETF—EITMLETIOBEX NI VAZHEL, COFEZHROT—R
DFARENTOFELTHATILENHYET,

EFIINEZBEDICTHMEIBICE. NL—Z2VTF—RY—ADER—5Y N (TS RRNIIIL—R)TZ
RIFFENETF—2OH TN ERELET, SL—Z2JICERAThEOERAUTF—R%ZHED
MLEFILOFAREZFTMIA_LBFERATREOYYEFEA, BE¥LES, NL—Z2FF—%%—
BILtId0OTREL, NL=Z20F7F—2% "82%, TFILICHERVWEIHLASTT, MLEFILD K
L= T7LES, 2= Y MEZHA>TVRREHBENEBIEZETFTIICEESLET, X
E\ML%?%E$?TLénL$MC%ﬂ®7 TV NEZRBLET, REIC, FREhEEE
ENEAENKSV—HBLTVRIAERTHIV—X KNIV IRZFELET,

Amazon ML Tl&., FHMEZEKL T, MLEFLZFMLET. ML EFIINOFMEZER TS ICE, FF
fiTd MLEFIADETHY., SL—Z2VTILEAENBLY 2EIRINLEF—EINIMBETT, £
7. BHEhEF—2%EZHED Amazon ML F—X YV —AZERL T, FHMEADT—X YV —AZHERL
£9, FHMAICEATEZTF—XEFE. LI TFEAThETF—RERBUAF—NEES, 23—V
NEHOEEBOEEZEATVIHLENHYET,

INRNTODTF—ENBE—DOT7AINEEETALINIICHZEEE., Amazon ML IV =)L & EH
LTF—2RZ5EITEET, MLEFILODERVAHF—ROF T AL NNARGAIT—RY—R%ESD

LT, RAOD70% ZRNL——_2T9F—RY—RICEAL, &Y D 30% 25 7— 2 Y —AICfF
ALET, MLEFILODERDAHF—RODAZLF T a>zEALT, 2ELREEDAZIIA

AXFBDEELETEET, VAH—RTR, NL—Z2VRICST LB T0% O T )L &BIRL,

V) D 30% ZFHEICERATEE T, DARXRALADEILREESSICEETSICIE., 77—V —ADERK
API TF—2BEREEXFIZFERALET, FMETF—2V—AREMLEFILZEREBL LS, FHMEZER
LM RERRETDENTEET,

N =R

« MLEFINAHA B

s NMFUVEFILAHAB

« BRETILIZADMEE

- BRETIDIEE

« F—N=T4VT142TDMLE
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. RERIT
- FHE7 5 — b

MLEFILA>HA b

MLEFILZFMTDE, Amazon ML BERBEEDOAX KNV IR S DARZRHEL T, EFILO
FRARBEZ®FELET. Amazon ML TR, FHADKERIZEXDEDHABENKT,

s EFINOLENBERIELR—NIBFRABEXRNI TR

s THREXRNVIVAZBATETIOEREZRAND ZODEEI

« AOA7DOLEVMENREDKEZHETDIHE (NMFTUVITEDNHZEDHK)
- HMEOBEMMEFIVIOTREELCEIZTI—H

XRVOAERBAADORRGE, FHMELTVE MLETFLORSATICL2TEBYET, ChSsDEE
LZBREL T, ETFIFEDRABRICE 2 T2 BNT A —XVAZRELTVWR L ES A Z XM
TRENEETT,

NAFTIVEFTINAHAS
F RO R

ZLONAFVRETIIVXLAORBOBEAGFRHAITTY, AAT K, BEEE LSRN ED
DZACBLTVBREVWSS AT LOHEEMEZRLET (EBROX—7Y MEWR 1) Amazon ML /Y
AFTVREETILE. 0251 0EBEOADAT7Z2HAILET, COROF7NOI>>1—X—&LT,
BREE1ETERGOILPBEIDINESHERETSICE, PELEVEZRBRLTCAOTEHIRTS
A, AYKRATLT, ThICHITBIAATZERLET, AY RFT7LRVEFGVAODTZHE >ERRE
B—FYRN=1ELTFRHENET, AY MATXRYEVRDATEZFE O ERIZ—TYh=0&LT
FHEhET,

Amazon ML TOF7 A MNOAATHAY R AT IE 05 TS, COAY MAT7EESZRAZ—-XICE
DETEHITRENTEET, AV -IIOARILEFEFRALT, WY NATOBRNF T —
AVICEDRS ICHETHHNEBRBIDENTEET,

ML EF)L O EREMEDEIE

Amazon ML &, (Receiver Operating Characteristic) Bi#R T H®E (AUC) E HIE B /NA F+ U S EET
IWOERZEDOEBRMEX RNV VAZRHBLET, AUC K., EFLOELEREL T, EOHIZOV
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TERYBVWAO7ZFRALAOHIEHRRLET, AOATAHY RAT7ASHIULTWVWS S, LEWE
ZEREFICAUC XNV AL SEFINOFAREZHMD CENTEEXRT,

AUCOXKRDDARFO0OAS 1D 10 EEZIRLET, 1I12IEV AUC fEIE. W TEHES ML EFI)L
THAEZRLET, 05 FEDER, BEEBEETINFZO0XALBERNZ LR >TVWEVNZEZ
RULET, 0 ICEVMER—BRNTREHYELA, BE, F—RRAEBENHDEZRLET. EFH
2, 0IZIEVWAUC . MLETFINFELWNEZ—2ZZFB LN, BELSSRESALEFRHZTS
EHIZEhSsZFEALTVRZEZRLTVET (01 &EFREh, FEREE). AUC OFFMEICD
WTIE. Wikipedia ® "Receiver operating characteristicy OR—2 &2 SBL TS EE L,

NAFTVEFILOR—ATAZ AUC XKV DTAFE05TT, ChF1EEBZEODFAZT A ALIC
FTRTRIREMLEFILOETT. NAFTJMLEFILAMESHZDEDICHEDEHICE. NT7+—X
DARCDEL)EBNTVILZENF BT,

N7 #—=I 2 ADARILDERA

ML EFIIOERMEZFAXNSICE. Amazon ML 1>V —)L® [Evaluation] (FMfl) R—> DTS 7 %%
BLTLKEEV, COR=DICEF, a) EBOE (XZ—TY NE 1) OADATOEARNT S LE, b)FF
fTF—RDORBEOE (Z—TYRF O DAOATOEARNITLAD 2 DDEARN I TLANRRENE
CP

FRBEANRHFZE ML EFIILE, REO1ICEVAOTZ, ZBEO 0 ICEVWAOT7ZFRHLEXT.
EEBETIE, xBEDO 2 DNOEZDHIC2DOEARN I T LZESE, EBOENFIXNTFEVEAE
AL, EEOENFINTEVERZRLET, LAL, MLETFIIEEEVZS|IERIL, BN
T27 2 D2OEARNTZLNRBENDAITTER>TWAZEZRLET, MiKIC/NT+—X >
ADEWVWETFILTR, EEENDITAZXBITEY, EE5NDTVTAEREALERIZEANT S
LEBZY)ERT,

Sample Good Chart

Evaluaton Uatasource -
™)
R Y/

.....

-valuatic Jatasource | |
Striped areas indicate 1
records for which the
ncorrectly based on “" Score “"
the s utoff.
True False False True
Negative Negative Positive Positive
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http://en.wikipedia.org/wiki/Receiver_operating_characteristic

Amazon Machine Learning FROY/IN—HA K

ARLEERATRE, 2D20RATOELVWFRAE 2 DORATOR>EFRCTEEID FRAOK
ERETEERT,

ELVTA

« ELVKRHE (TP): Amazon ML lEZDfEZ 1 & FRIL. EOfER 1 T,
« EUWVIE#HKE (TN): Amazon ML FZDfE%Z 0 EFEIL., EDfEIK 0 T,

o =F

- 3B (FP): Amazon ML X ZDEZ 1 EFRILETH, EDfEEF 0 TT,
- RN (FN): Amazon ML FEDEZ 0 EFRLEXTH, ENERF1TT,

@ Note

TP, TN, FP, 8, FN O#lE, BRULAEZAID7OLEWVEICHKEL, ChSOBEOWV
ThAZHRENTDICER, MOROTEDRL—RATZERLET. aVHBO TP &
B, BLUFPEBITEVED TN &V XRT,

AATHY N A7 OFE

MLEFI)INE, BEFRIRAOT7ZER L. ChSORATZNAFT) 01 FRIVICEBRTDHY MF
JZ2BERTRCEIR>THELET, AOATOAY MATE2EETHET, KMULEEECET
IDOEMEZRETE XTI, Amazon ML 1Y —J)L® [Evaluation] (FHll) R—2 Tlk, S FTETRKBEA
AT7HhY " A7 0OFHEZ2HEL. TFNICEATHIAATHY NAFTZRETEET,

AA7DAY R FT7LEVMEZRETDEER, 2BEOIZ—ONL—RATZHIALET, HY
NAT7ZECBBHISDE, KUELVWREFIBOSNETH, RREIZ—OBAEMT 2 A8EMEH
WEY, AICBB IR ERBREIZT—RBIB<BYRTSN, ELVKREHZREITAEEAN B XS,
FRAT7VTr—23> TR, BYBAY NATOAODTZBRTBZCET, EQLSBEEOIS—
NRYABTED L ZHIMLET,

SEBXN) O ADMHESR

Amazon ML &, ML EFILOFARE (ERME, BE. VI, BLUOBRER) ZAETS LD
I, ATOEMOXRN) OV AZRHELET,
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ERE

Accuracy (ACC) FIELWFHINEIEZRBELE T, E#EIKE 0~1TT, EFRKEVEEFAREN
BLWZEZRLET,

TP + TN
TP+ FP 4+ FN + TN

Accuracy =

RE

Precision l&, EEFRENDZNSOFOFTEROENESERANELET, EEIKO0~1TT,
EAKREVEETFABEN BV EZRLET,
TP
TP + FP

Precision =

=)

Recall i, EEFRETIhZEBOENEESZRHNELET, EEIEF 0~1TT, ENAKEVRFETARE
ENXfEVWCEZRLET,
TP
TP + FN

Recall =

B

BPRHE (FPR) &, BB T T —AQEIEFERELEFHEALEEBROENEEZRELET, &
HiE0~1Td, ENfNPEVEEFABENf RVWCEZRLET,

FP
" FP+ TN

FPR

ESZFALOBEICI>TR. ChSOXRNIIAORBEDT T/ Y RTSERSWVWKEFILILE L
BIRFHINELNERA, LEARF, 2D2OEDRATTUT—232T, MLEFILOEHHE
BICERBIHENHVET,

s —FOTT7TVIT—32 TR, EOFRANERICE (SBE) THDEHEL, WS DO2HDELSH
28 (PREEOVI-I) ELTERIBEIDAEMENI B KT,

c BIOT7VTr—23>TlR, TEBRYZ<OEOHZELS FRATIXENF B2HLELAEY
EH@EWVWUO-I), EELTHES>THEENBDVK 2P DENHIZEZTANET (PEEDORE
E)o
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Amazon ML Tlk, T2V ThHADSELBXA NIV IAOBEDEICHISTZAIAT DAY A7
ZEBIRTEEXRT, L. 1 D2OX NV IRAZRELTIBRICEUDML—RFATZTERLTVET, &£
EAF, SRECRRITZDANY MAT7ZERLEEE, BE, ThZELYEVWII-I)ILTRL—RF
TI2RBENFHYVET,

® Note
MROFHZE MLEFLTHETSICE, AATNWY RATZRETILENHVET,

BHRETINIZADTREE
TR DR

BHOSAZETIIVALOEBROENE, —EOFHURAITTY, AOATR. EBEE BN
TNThDIVZACBLTVREVWSETFIIOBEMEZRLET. NMMFTUSTEBEOSESELRER
V., FRIZITSOICADATONY MFAT7ZBRIZDVEEHVEEA, FREHZEERF. FRAD
THAREEVWIZRA (ealE, ZXRI) T,

ML EF)L 0 EEMOEIE
EROSATEREND —BUBEXRNUIRAG, TRNTOISATEYLEZONATUDEDOT —

ATEAZNBDAXANITIAERBUTY, Amazon ML Tk, YXV7OFHE F1 AOAT7Z2EAL T, B
DZ2AARNVADTROBEZFTMEL XY,

ROO¥EYF1 A7

F1AO7E. SAFUXRUSAOEREE U I—LOAEEZEETD/N(FUSEANIIRAT
¥, ERMLUI—LEEAEDEEFATT, BAR 0~1TT, EAKEVELFABENFBL
CeERRLET,

2 = precision = recall

Fl score = =
precision + recall

RYOFHF1 RAIT . BRISAT—ADTNTOIFATO F1 ATFORMEFHTY, ¥
HF—2EY NATOISAOREHEEFEBENTVE A, EFAZEVEEFABENFBLCE
ERLET. UTOFLRLTVEOR, FHEF—2Y—AD K ISATT,

-
1
Macro average F1 score = EZ F1 score for class k
k=1
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R—AZAIV7OFEFF1 AT

FROYN—=HA R

Amazon ML IZI&, BB TS AETFILOR—ATA VAN OANARZRETNTVET, chiF. &E
HELBOVTAZEEZEELELTFAUTRROEBEHIZAEFIOIVOFEF1 AT TY, LEAE,
MEOD Y ) ZETFHTREE, NL—Z2JF—2TORE—MBHUBED YV IIHNOXATHN
F R=AFGAVEFIGELCS Yy I Z2OXAEFRLET, MLEFILZZOR—ATS L
LkBT2CET, BICCOERZBZELTFRUTS MLEFTILKNEBZO ML EFILFENRTY
PHESHZERITEET,

NT A= ADOARILDER

Amazon ML Tk, BRIV S ADEOFRETFIORBEZAIRIL TR HZEEL T, BETHEEML
TWET, BEATHE. BROFRISAEEDISRAERETRZEICL2T, EBUVFADELL
FREBR > EFAORELFES (%) ZRICRLET,

EAE, REZD Y IIICHBELRISELTVREES, FREFILEZEOD YL (VT R) O

NOATHBDEFRTEINELIhERBA, LAL, EBOD YV IIEHARATHBDBZEN B E
To BHRIUTSAPEMLETFIINOREZFMMIAHEE, Amazon ML IECh S DRSEEEIIL. &R
DRICRT RS ICHERERBTIHICRRALETD,

Predicted Values

& &
o
$§ 3‘%& f? &
%
Q_D _‘\"':' ‘_\;? ..;“D fqh"
ABT.92%
Romance - (40.1K) 078
w
[=F] - -
3 Thriller 2123% 4 ag
= (18.0K) e
} —
E Adventure - f?.?;:’j 0,32
77.56% 9.33% 13.12% 100.00%
Total | iesey  (7o10) (113K (348K 047
Correct Prediction | | | m
0 20 40 G0 a0 100%
Incorrect Prediction | | | m
0 20 40 60 30 100%
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ROBHBIBETIICRRENET,

c BEUVZAQELVWFRER > EFROH BETIHOETE, BEOVFADARNITAD 1 2ICx
WLET, Leald, BP0OTR., ERCONADD v INICHBZL—E—ICO2VWT, EHIZ
AMLEFIE, 80% ALDT—ATELVWFRZLEZEZRLTVERYT, 20% L TFDT—XA
TONVINEBYARVAERI>TFARIL, 20% ATFDOT—ATT RRYFr—&LERLIE,

« DZAMIEO F1 A7 BEBOHIEEIZADOF1 AOAT7Z2RLTVERT,

« M TF—XTOEDIZABEE: HENS 2FEBOIICK, fFHMETF—XEY MT, 57.92% OFHl
T—2AON A, 21.23% ARV A, 20.85% BT RRUFY¥—THBDZ2RLTVE
EE

« FHMETF—ZOTFRIZAEE: HREDITE, FTRCET2EIVZADEEZRLTVET, SAlE
D 77.56% FAXAEFREN, 9.33% FHARAEFRHEN, 13.12% BT RRVFv—&
LTFREhTVERT,

Amazon ML OV —=)LICIE, BETHIICRKR10DIT A%, FHMET—RXOHRTHREEELEITA
DPESREBEDEVWIZTADIEICVARNTEZED ATIERRIFAZEENTVET, FHMEFT—XI(C
VU EDOSANHZHEEF. BETIHORTHREERTDILEMNIDDITANRREH, EOT
NTDIVZAE T2, EVWVSVFTAICEFEHSNET, Amazon ML (&, BE I S ADAHR1L

R=IDIVVINSBETHNEINTA I O—RIBIHELRBLTVET,

BIFETILOTEE
TR O #ER

BFEMLEFILOEDEK, Z—Y NOETFILFRHOBETT, EFEXIE., FEMEZFRALTVWS
BE., EFILOFEIE 254,013 B EDEIZZVY) ET,

(® Note

FROEBEA, SL—Z2VTF—20X—T7TY NEREEBDFENHBVERT, LEAE,
FEMEZFRALTVRERELET, NL—Z2TF—RIEENTVER—TY MED
0D S 450,000 TF, FRITAHE—TY MBEAILEETHISLERFELS, KEZED
fE (450,000 & V) KE V) RLEFEDE 0 KE) AELIhEEA, PTUIT—232TEIFA
NBEEADTFAENBONLBZEORNUGT EZFEITZEREETY,
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ML EFI)L O ERMEORE

BIFERX AT DHE. Amazon ML FERRED ZFFIYFHRRE (RMSE) X MUY O RAZEAL
FT, k., FREIhEBESZ—TY NEERBOBEROBOERZNETSDZETT (IFUR
NoJ)L—2R)o RMSE QEN/NEWVWEE, EFLOFROERUEANES<ZNET, TRICELVFHE
EFI)ITEE. RMSEEE 0 TY. UTOHIE. NLO—RFRFEATVWERHMETF—XZERLET,

I

N
RMSE = | 1/N Z[actual target — predicted target)?
=1

N—AZ 14> RMSE

Amazon ML IZREIRETFIDOR—ATA VX RNIY DANABEENTVET, chiF, ElCE—
Y NOFEZFRORZEETEIREQEIBFBETILO RMSE TT, LEAEFE. ROBAEZEOFR
ZFRALTVWT, RL—Z2TF—20BRAOFIEFRH 35 DBE. R—ATAVEFILRGEICH
ZELTHBZEFALET, MLETFILECOR—ATA 2 ERBRTDICET, BILCOEHZERE
ELTFRTEZMLEFILLYEBDTD ML EFILFBNATVEZAESHERIITEET,

NT A =X ADOARILDER

EFEAETREERZLEI—F20N—RHNEHFETT, FHMET—X0BEAOERERZF, EOX—
TYREFRENLEEZ—TY FMOEVZERLTVET, ARE, EFILFFRUTEZVWEZ—TY K
DEHZRLTVET, EOERE., EFIAFZ—7Y h2BIFELTVD (REOX—TY R
FRAZ—TYRKLYKEW) CEZRLET. BEOBERE, EFUNZ—TY hZBARFHEL TV
(EBOR—TY NFFREZ—TY &) NEW) CEZRLET, THMET—ZOERROEARNTZ A
A EOZHFLETRINIILERTIHLTVREE, ETFUNZUOXALALCIAZLLTVT, &—
TYMEDBEDEHRE THRNICBAFARLFBNFALTVWEVWIEZRLET, BRIEO%Z
FAELERLIFRICESBEVWES, EFLOFRAIZ—ICAAOBENFELTLVERT, EFILIK
ZHzEMTRDE, BREOETFLTF Y TFYLTVBUNE—2EZETFIF YT FYyI2KICT
2HAELNERA. RORIC, EOFLEBZRSBVWERERLET,
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Select Bin Width: a0 20 10 5 2

23
220

200
180

16 =

14

12 i

10

8

G =

4

2 e
ol mm Be sl a |I.IIIIIIIIII I nl-l-l

-255 -180 -105

= = = = = = =
- H BN =N = . L | - - HE =N N =N =

=]

Prediction < Target | Prediction > Target

F—N—T 1YV TF14 T

MLETFILZERLTRL—Z220T9%5E. BERRROTRHZTSETFINERBIRTBDLETT,
chld, REERE ML EFILREEEENAN=NTA—=R) TEFIIZBRTD L EZZRLE
9. Amazon Machine Learning ICl&, /NAE, EHRL. ETFILHA KX, ¥V TILEZALATD4O0
NAN—NTA—REHRETEEY, LEL, FHMETF—2T "&REO, FRANT A X AZERT
BPETFINTA—ZBEZBIRTDE, ETINNA—N—T 1Y NTRDAREENF BYVET, EFILY
RNL—Z2TEFADT—RY—ATRETEINZ—2ZRBBLTVEN, F—2ONEZ—2%—#%
CTBDENTERBADIEHBE, A—N—"TAVTAVINFRELET, ChEFNL—Z2TF7F—&
2, A CTCHERAEAEITXRNTOTF—ENEENTVIHEICEILSBELET, A—/N—T1vF1>
JEnEEFILE, FHMERESEKVEFTY, RABVF—RICODVWTERABFAZTRZ LR’ T
EEtHA,

F—=N=TAVTAVTENEEFIZREOEFIIELTERTZDOZRITH-HIC, EMNOT—
BEFHUTMLEFIONT A -V AZRIETDCENTEET, LexlE, F—RERNL—
“VURIZ60%. FHMEAIC 20%. BREEAIC 20% ICPEITRCENTEXRT, FMET—XICEL £
EFINTX—2Z2BRU R, RIT—RXZFEALT2HBOFMMEZETL T, ML EFILARKREE
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T—RILRUTENETSESETIBIDNZHWELE T, EFIFRAET—RICN T2 HFEZRL
LTWhiE, EFILRET—RCA—N=—T 197142 TLTLEREA,

RIDEHICEIOTF—REY NEFATDIE, BB MLEFILNSA—XEBEIRTE, F—
N=T4YV T4 TZHIETEET, LAL, FMEEKRIIOBADOLEHICNL—Z2070ANS
NTF—RERETRE, SL—Z2J0LEOHICHATELET—REPBELBYET, SL—Z2T0
EHICETERLEHZKOTF—REFEATIONBICRARNTHDEH, chiF, MehTF—2EY
ROBEEFEFICEAETT,. cOBEZMRRIDICIE. MERIEZERTTEET, HERIEOFMIZD
WTIk. RERIE ZSBLTLSEEL,

REMREE

RERIEEG., FHAREBRAITF—E2OYTEY NTOLK2AOMLEFILENL—Z2T 0L, £,
FThSEZTF—RN0HEY 7Y NTCEETACEICEKY MLEFI)INE2EMMITAFETT, REKRTT%E
FARALT. NZ—EFOKBBEODA—-—/N—T 1y hZ2RRELET,

Amazon ML &, K D EIRZERIADXAYV Y RZEFRALU TRERIMEETTERT, K TEIRERET
. ADTF—RZKBEOTF—R2OHTEY NMIABEILET, 1 D2BMATXRTOHTEY N (k-1) T
MLEFIZRNL—Z2YL, NL—=Z2JILERALBL 2 YTy NTEFILEZFHMELE T,
COZOEAN KkE, S MEOEHICERY D Fshiz (RL—Z20h5BAE L) BRERD ST
Y NTHRYVIRENET,

KORTE, 4 PEIRERTIDEICERENNL —Z2TENE42OFEFILETRTNOEOHICER
ENLERNL—Z20H 7y NEHENBTHMEI 72y NOHIZRLTVET, EFIL 1. &
D 25% NDF—REFMAIC, BYUYD75% ERL—ZFICERALTVET, EFIL2E@,. 2FED
72y RO 25 N\—t2 N (25% ~50%) ZFHEIC. BYUD 3 20Ty hENL—Z2JICEH
LTVWT, URERICHEEET,

IR

AH__.S

AT
@ @ ® @

Evaluation datasource [ | Training datasource {Complement of evaluation)

EEFIG. BEWETFT—RY—REEALTNL—ZVJEh, HichEd, HEF—2V—2
DF—FRIE, EL—ZVF—RY—RLBVF—ROHZNTRTEEATVET., ChE0OEY
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T2y hOF—2Y—A%EKTSIZIE. DataRearrangement, createDatasourceFromS3,
H KT createDatasourceFromRedShift APl ® createDatasourceFromRDS /NTX—X &
AU &9, DataRearrangement N X—2 Tk, EEIXMNOBEBNBERTNEZIEETS
CET, T—RY—AILEDDT—RAOYTEY M EIBELET, 4k PEORERIEICHERFT
T—RY—RAZERTBICIE. UTOHIICTRTLSIC DataRearrangement NTX—RZEEL £
CP

T 1:

AMEOLEHOTF—RY—R

{"splitting":{"percentBegin":@, "percentEnd":25}}
NL—Z2T0D0rEHDOTF—RI—RA

{"splitting":{"percentBegin":0, "percentEnd":25, "complement":"true"}}

T 2:

FEDEHDF—RY —R

{"splitting":{"percentBegin":25, "percentEnd":50}}
NL—Z270EHOF—2Y—R

{"splitting":{"percentBegin":25, "percentEnd":50, "complement":"true"}}

T57) 3:

MO TF—2Y—A

{"splitting":{"percentBegin":50, "percentEnd":75}}
NL—Z270EHOF—2Y—A

{"splitting":{"percentBegin":50, "percentEnd":75, "complement":"true"}}

T 4:

MO EHDOTF—RY—R
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{"splitting":{"percentBegin":75, "percentEnd":100}}
NL—Z200kEHOTF—RY—RA
{"splitting":{"percentBegin":75, "percentEnd":100, "complement":"true"}}

4 DERERIAZRITIDE, 4D0EFIN., EFILENL—Z20T0F2L0D4D20F—ZY—
A, EFILZFHETRDEHD 4 DOF—FYV—A, BREFEFIIC A DFDO0 4 DOFHAENERK
ENET, Amazon ML Tk, FMEC EICETFIMNT 7 =X AX RNV ORAZERLET, L&A
. NAMFTULEEED 4 PEIREZRIETE., TREThOFMEHATEE (AUC) X MU T AZHR
HLET, 28BN BNT XV AQREEZRETSICE. 4 DDAUCDOXKNI I ADFET%E
FFELET, AUCXRNUDAQFFHICOWTE., "MLEFILOEBRMEDORAE, 2B LT
Wo

REBIEETETFINADATOFREGERERT D HEERI YN I—RIZCDOWVWTIE., TAmazon ML #
7N —R, BSRBLTLSEETL,

EFI)IORE

EFLORERTEL &R, EFLONT A —I Y AFRBCT<ODEVERIC, ROEFLO

DEEFBTEET, A—N—T A Y ROFBICOVTR, TEFLTAY N FPUE—T 4y RE
F—N—T74v b, 2BRLTEEY, FALOBMIOVTR, TEAHL, 283RBLTLI K

V. FAMLOBRENZEOHMIIOVTE, THAZLFT IV TMLEFILEERT S, 258
LTLEEL,

SE 75—

Amazon ML &, EFIIZELLKFHAL A ESH ZRIATD-HDEAEEZEZETT, FHMETLT
HORIMBENFH LT NBEVES, AmazonML OV =)Lk, ERUERIIEEEZRTIOKLSIZRT
THREILL>TEELELET,

- REF—2TMLEFLOFES ThnEL L

Amazon ML G RL—Z>J EFHMAICRAUTF—RY —RE2ERAT2EHEICEELET, Amazon ML
ZERALTT -2 %208 32583, CORAEEZRLLET, Amazon ML ZEAL TTF—X
EREILBEVEEE. SL—Z29F—2Y—ALAOTF—R2Y—ATMLEFINZFHMEL TWVS
CEEBRELET,

s FREFILOFEC D BET—XFMEREhELEL
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Amazon ML &, FHMEF—ZOBRALK/L I—RENFNL—Z2TF—XY—ZAOERHED 10% K
HMTHAIHZRICBELET, TFLZENICTMISICR,. T2 CREETF—EH DT ZRMT
BDLENEETT, cOEERZG, FALTVRTF—INfDPBITEZLNESHZFIVIL, AstE
F9. MLEFINZFTHAT A EHICHELBTF—ROERFEHNTT, TR, FUEVEEN
WIBEIC 10% NF—BHNBREDELTEREATVET,

« —HULEAF—Y

Amazon MLIE ML —Z2 T AN TF—2Y —ADAF—IHAELTHEVGZEICEBELET, ¥
fliT—2YV—ACEELBEVEENEEN HBDEE. TLEEMOBEENHSEE. Amazon ML
FODT7Z—NZEXRRLET,

c FHETZ7 TFAIILDINTOLO—RAFREEFINT =X AOFHAICEAEhEL 2

AL ICREENEINTOLOA—RFAEFIINZFTMI A LHOICERICEAEThLEAESH
ZHBDCEWREETY, TMATF— 2V —AO—HOLI—RHIEBUNT, BEXNJIAGFEIZER
nTLVEWVWEE, Amazon ML FBEZRRLET, fIxE, FHMETF—2 YV —ADOEHAED —IRIC
K=Y NEBNBEVEES, Amazon ML &, ChsOBAEICK TS ML EFILOFRHNEL WV
NESHZEFIVITEFEEA, COFE. FTRELTVWAE—TY NEZF ODLI—REEMER
BENhET,

« BTV NEBDDH

Amazon ML E RL—Z2 T EFADT—RY —ANSEZ—TY NEMEO P HERTRTBDDT,
A=Y NFEAAFOTF—RFYV—ATRARICDHELTVWIHAESH EERTEE T, TF/ILN. 4l
TF—REOR—TYNDHRERGERBDZIR—TYRNDHOHBDINL—Z_20TF—XTRL—Z2T
N=BE, EBICELDIHRHZERF ODOTF—XICELTHEENTVSOT, MOEN BEHhd T
BEMAHYET, NL—ZUIBLVPFHET— RV —ATTF—RHFEALRSIZZHMLTVT, FH
EERTDIEEICETINERITZDT—RICTEZIRYTF—EEY NELEDZOHFRETT,

COFTZ—RANIA—ENBBERE. FUFLATVY NEBZFEALT, F—RZML—Z2
THELPTHAET— Y —RACDEIL THTLKEEY, FhiZ, F—R2ETVELICFTELTER—
TYRGHOEWVWICOVTZNEEN R >THENZ ZENHET. Amazon ML Ik, BE XA
BTF—BH2ERALTTF— 2050 ZMMLTVT, COTF7Z—hERBR>TRNIUH -T2
HV)ERT,
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F 0D 4 R & R

Amazon ML (Z(&. SERHA (NY FAR—R) EAH (—EIC1D) EVWSFRIZERTD 2 DOXAHZ
ALNBYET,

ZHOBREEZES, BRABEOTAEZEEO THEIZEER. AT, FLENYFFAZE
FALET, 7OLARTF—RYV—RAZADELTEAL, BIRLESINT Y MIHEME Nz csv
T77ANICFRAZHEALET, FRHERICTIEATRAIIC, NYFFRUTOCANTTITSDET
BFOMBENHYET, Amazon ML ANY FTI 7 AN TRETEDZTF—RYV—ADBRBAY A XIE 1TB
F1ELI—R)TY, F—RFY—AN1TB LY AREVFE, 237 @FKKL, Amazon ML i T
S—1—RZRBRLET, chZBHSICEK, T—R2ZEBHONYFILHEILET, LO—RIEERLV
BE. 1 EBOLIO—RAVEENDHEIC1TB OFIRICELERT. CDIJBS. AWS support (ZEFZL
T NV FFROZaTHA X 2BXITEE2BEBOHLET,

BUVWLATO—TFRAZRBIREERE. B, FLEVTILEZALTE, ZEALET, UT
ILZALFRAPIIE, JSSONXFIELTIVTIILtEhEEE—DAIBAZZTAN, FRE
BEETRXRT—2%Z API [SED—ZE L TEBMIZIRLET, APl ZEBERVTEHL, ETLT
FEFRZENEITDCENTERT, UTILRALTFRAPIOAIL—7Y NEIBROFEMICOWVWT
(&, Amazon MLAPI U7 7L AQUTILEZA LFRFIRZSREL TSEEV,

NEY D

« NYFFRDEK

« NYFFRAXKN) T ADOHERR

s NYFFREANT 7 AN DFHMIAHK
c D7ILNZRALFRADIIOIADL

INY FFRIOERK

NY FFRZERKT S IZIE,. Amazon Machine Learning (Amazon ML) >V — )L £ = (& API

Z#EHAL T BatchPrediction #7219 N E#ERL F£9, BatchPrediction #7214

NE. MLEFILE—EDANBAZERAL T Amazon ML A"EK T2 — BN FRIZERL F

¥, BatchPrediction #7 IV NZER TS E, Amazon ML ([ FRIZHE T2 FERHET—U 7
A—ZzR®BLET,

NYFFRZNEIDEHICERATEITF—2Y—RE, FRZIVIVIZ MLEFILZIKT S0
ICEALETF—RY—ACRAUAF—XZHEATILENF HVET. E—OFIIEE. Amazon ML &
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X—=TFY R EFRHTZEH, NYFFAOTF—Z2Y—RAZEZ—5Y NEEZEHIHEN BV ET
T, ZI—TYNEMZIEETSE, Amazon ML B FDEZERL £,

INY FFROEKR (T>Y—))

Amazon ML OV —I)L&EERALTNY FFREERTDICE. NYFFROERD 1 HF—REFEH
LE9,

NYFFRZERXTSICE (AVY—I)
1. ZY 424> AWS Management Console L. https://console.aws.amazon.com/
machinelearning/ © Amazon Machine Learning 1>V —)LZHA&Z £ 9,

2. Amazon ML &Y < 17R— R0 [Objects] (7 T U KN) O T, [Create new...] (FiRE
BX...). [Batch prediction] (/Y'Y FFH) OIEIZEIRL £,

3. NYFFAOERICERATS Amazon ML EFILZBIRLE T,
4. CODEFINZFEATHIEZHRTSICIE, [F1T) ZBIRLE T,

FRZERTEDT—RYV—RAZEBRLET, T—FY—AIL, 2—TY NEHEZESHIHLERH
WERBAN, EFINEAUVAF—NZHFLZTAER) XA

[Continue] ( #t1T ) ZERLE T,

[S3 MFE%] ik, S3AT Y NOEHEANLET,
[Review] (LE1—) ZBIRLE T,

REZWRL., NYTFTROEK] 2BRLET,

o

© © N o

XY FFROER (API)

Amazon ML APl ZfH L T BatchPrediction #7 T O N EBERTBICE. KONTX—45%
EETHHENHYET,
TF—2Y—A 1D

FRANVEZHAUAEZRRLRTT—FY—AD ID, LXK, s3://examplebucket/

input.csv EWST77AMIILADTF—2DOFRZITSIHEE. T—R27 74N ZEEITTF—RY—
AATSTORNEERL, CONTXA—22FEALTEOTF—RY—ADID ZELET,

BatchPrediction ID

INY FFRICEIVEHTS ID,
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ML €F)L ID

Amazon ML " FRIZ8B4£95 ML EFILOD ID,
7 URI

FROE D EEMTS SI/NTY RD URI, Amazon ML IZIE, CONT Y NCTF—2%ZEEAD
RNV ETT,

OutputUri NTX—&F, ROBICTRTRSIC, ATV 1 (") TEDHLD S3NAZEZZRTS
BEANBHVNET,

s3://examplebucket/examplepath/

SIT7ULEAERDEEICOVTIE., Amazon S3 ICFHEZHNTAHEHIZ Amazon ML DT T+
AFA =152 #SHBLTLSEETL,

(7 7°< 2 >) BatchPrediction &

(A7 23y Ny FFRAOI-HDOABAFAEIND EFI,

INY FFRRIX KD DADHSE

Amazon Machine Learning (Amazon ML) 2"/NY FFRIZERL =5, 2 DO X NJ DA, Records
seen &V Records failed to process N"E#tEhET, Records seen l&. Amazon ML
PNy FFRUERTLEEEICAXNELI—ROBZERLUET, Records failed to process
(&. Amazon ML "B TERZA 2L I—ROBZTLET,

Amazon ML A kBLEL I—RZVEBTEDZXKSICTDICE, T—RFY—ADOERICERAE 1
F—=ROLI—ROT7#—IYREFIVIL, BEBIXNTOEENEEL, IXTOF—XNIE
LOWCEzBRELET, T—R2ZEBELES, NYTFFRZBERTIHA., &, KBELAELIO—
RTHLWF—RY—RAZERL R, HILLF—ZFY—RZFEALTHLWVWNY FFRIZERT S
CENTEFET,

NYFFRAXNIAQOHEE (O>YV—))

Amazon ML OV —=I)LTXKNU DU AZRRTSIZIE, [Batch prediction summary] (/XY FF 8 8L
E)R—I%ERE, [Processed Info] AEBF A DIER) U a > 2#BBLET,
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INY FFRIXND A EFMOHESE (API)

Amazon ML APl Z#AL T, LO—RKRX KUY RAZEE. BatchPrediction 772 T MO
EM/BTEET, Amazon ML T, UTONY FFRAPI J-)LZREL KT,

* CreateBatchPrediction

* UpdateBatchPrediction

* DeleteBatchPrediction

* GetBatchPrediction

* DescribeBatchPredictions

M OWTIE. TAmazon MLAPI U7 7L VA, #3BLTLSEEL,

INYFFRIEADT 7 A OFEHIA K

NYFFRAEAT7T7AINEBMBEITRICE, ROFIEZETLERT,

1L NYFFRAOIZTIARNT7AINERDOHRT,
2.NZT7ITART7ANETH, HOT7T7AINDZFHREZRELEXT,
3. FRIZEBCHAT77AINZERMBLET,

A WH77ANORBEBRLET, ATV, FRZERTZLEHICEAShE ML ETFIL
NDRATICK>TEBYET,

ADEI2 3V TR, FRECOVTHLBALET,
NYFFRAODIZTIARNTITANZROTS

NYFFAOIZTIARNT 7 ALEE. ADTPALEFHBDT 7 ALY 7T 2 EHBHEF
hTLET,

NZT7IARNTZ7ANERDWHDICE. Ny FFRAATSIONEERLEEEICEELEE DS
FinSBBLET. TETLENYFFAATSIORNZIT LT, Amazon ML APl E /=& https:/
console.aws.amazon.com/machinelearning/ ®DWIFhAZERAL T, cOT7 7 A4)L 0 S3 DIFFTZE
BTEFXT,
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NZT7IANT77AINE&E, HABREXZTTANT7A4ILOAE® H:5RF /batch-prediction/
MrEmEnE/NY FFEO D) ICEBMENDBNANES .manifest TEERE N /NADOH DG
CHYET,

EZE, IDbp-example TNY FFBIAT T O NEERL., S3 DiFFTs3://
examplebucket/output/ ZHNBARE L TEETD E, CCICNZTIARMNTI7ZPAILEZRDWHS
hEY,

s3://examplebucket/output/batch-prediction/bp-example.manifest

NZT7ITARNT 7AINDFEHIAHK

RZTIARNTZZ7AINOATF OV ISONIY Y FELTIVO—RENET, F—F S3AD
TF—RT7T7AILNOBREONFHIT, EBREETINYFFAZRT77AMIILOXFHINTT, EA
HEAT7TFANORTIZE 1 D2OIVYETTHFHVET, ChETOHlZSIEHREFEALE

¥, BatchPrediction #72 T UV NDERD A NN, s3://examplebucket/input/ ICH B
data.csv EVSE—QDT7 7ML TERENTVSBEE, RORSBIVEVITXFINRREND C
EXNBYET,

{"s3://examplebucket/input/data.csv":"
s3://examplebucket/output/batch-prediction/result/bp-example-data.csv.gz"}

BatchPrediction 77 T 9 NDERAND A LA, datal.csv, data2.csv. & &K data3.csv & L
S53D2NDT7F7AITHEREN, TNSHFTNT S3 NIFFT s3://examplebucket/input/ (Z1&HK
ThTVWBREFEE., YYEITXZFINRFIRDOESICHERY)ET,

{"s3: //examplebucket/lnput/datal csv":"s3://examplebucket/output/batch-prediction/
result/bp-example-datal.csv.gz"

"s3://examplebucket/input/data2.csv":"
s3://examplebucket/output/batch-prediction/result/bp-example-data2.csv.gz",

"s3://examplebucket/input/data3.csv":"
s3://examplebucket/output/batch-prediction/result/bp-example-data3.csv.gz"}

INYFFRENT 7 4 OEGS

RNZTIARNIYEVIASHMELEZNYFFR7 74N 272 O0—-—RL, O—AILTRETS
CENTEET, 77A4LERE CSV T, gzip PLOVALATEMRENTVWET, TOT7AILA
L, BT BDADTTFAIINDOARBRAZEIC1THFHYET,
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FRAZNYFFRDOANTTAINERETDICRE, 220774 OLO—- RS EOBFEEI—D%
RITLET. NV FFROEIT77ALNERE, BEFAALT77AIILEBLUHOLO—RAEUIERF
TEEATVERT, ADBRSRBICRBL, FAZEKRTEZVWES, NYFFROEIT7 7ML
. ST REMICERTERREET,

NAFTIVDEMLEFINONYFFRZ77AINO> T2 OER
NAFTIVDEEFILONYFFRUT7AILDFIE, bestAnswer & KV score EFIFNEFT,

bestAnswer FIIC &, FRIAATZHY RATAATERBLTESNEFRSARIL ("1 £
OV A EENET, AYVRATZAODATOFMIIOVWTRK, "AOAT7AHY RATOFE, #5HBL
TLEEZV, MLEFILOAY M7AT7 A7 & Amazon ML APl & 7#z(& Amazon ML >V —I)LDOE
FILFHAEO VT A ZFEHALTRELET, AY MATZ7AODATEREL B VIES, Amazon ML
TRRTF7Z2IIMMED 05 NFERAEINET,

AAT7HICE, COFADLEDIZMLEFIICE > TEYYETSNAERMIOFARIATHFEENT
WET, Amazon ML BOP AT 4 Y VRBEFINZEATS O, COAATRED ( "11) EIC

WHTREROBEEETINAMLELISELET, AATRBRENRETHREETNDOT, XROHlOK
HDITTIE, fE 8.7642E-3 IF 0.0087642 IcHEL W EICEEL TLKEELY,

FEAE, MLEFIILOAY A7 AATH 075 DF/E,. NAFTVDEEFILONY FFRED
J77ANDADTUIVRERDEIICKENET,

bestAnswer, score
0,8.7642E-3

1,7.899012E-1

0,6.323061E-3

0,2.143189E-2

1,8.944209E-1

ABDT77A4IND2FBESBFBOEIERF 0.75 Z2BADFRHUAATEZITTVWS D, ChsDE
BIMED bestAnswer FllIX{E ", Z/RL., MBOEBREGE "0, Z2RLET,
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BHRIOZAODZEMLEFILONYFFR77A4)IN02 72 OFER

BEROZAETIONYFFRAT7FALNCE, RL—ZVIF—RICEENBDIVTAIEIC1D0
FAEEATVET, NV TFFRT7AILOAYR—TICHENRRENET,

BHROSATEFILASTAREIVITIANTDE, Amazon ML &, ALD7 74 IINOEZERIZDOWVWT,

(ANF—REY RTEBETNTVBZRITAIC12FTD) VLK 2ADOFRHRIOATEHELET.

Nk, HOIVSAERBLT, COBENFCOITAICHTREEREE O L1 OATHEEND)

ZERTVIOELEEAETT, FEAATR. BN COIVTAILETIHER, EMRITDENTE
£9, FHAO7E., FEOIVFRAILEIZHEUAOEBELIBERETTIVILTSDH, T24E0T
XTOFRAODTDEFIE1TT, EFILOFRIZTAELT 120 IVTAZBRITZIHLENHY)

9, BE—MROVICEK., RESVEREZEF ODIVTAERARNTOHY—ELTERLET,

FEZE, 1~50EART—I)ICETVT, HROBEFOMMEFALELSELET., VTADEH
A" 1 _star. 2_stars. 3_stars. 4_stars., B8R 5_stars THDHE. BHRITADOFAH
H77ANEXROEDICHKEYET,

1_star, 2_stars, 3_stars, 4_stars, 5_stars

8.7642E-3, 2.7195E-1, 4.77781E-1, 1.75411E-1, 6.60Q94E-2
5.59931E-1, 3.10QE-4, 2.48E-4, 1.99871E-1, 2.39640E-1
7.19022E-1, 7.366E-3, 1.95411E-1, 8.78E-4, 7.7323E-2
1.89813E-1, 2.18956E-1, 2.48910E-1, 2.26103E-1, 1.16218E-1

3.129E-3, 8.944209E-1, 3.902E-3, 7.2191E-2, 2.6357E-2

COBITIE, RNOBAERF 3_stars VZAOFRHAIDT (FRAAIDT =4.77781E-1) 'KEF L
S, HBRIEF 3 _stars VTANCOBRORARNT O —THBDEHBRLET, FRARAIDATEH
ZHRRETHEESNDINDT, 477781E-1 OFRAOT I 0477781 ICHEL VW EICEFEL TLKEE
Wo

BENSNRESVWITAZERLEKBVEENf®VUERT, el RDPLEVMEZEILTDH.
TOEUT TR, FRHAOTHFRESVEETETDISAERANT Y=L BVEHEENF HVY)E
T, MEZD Y IIICHEL, TODYUINERANT OH—EEEITHRICTFRAAOT 2B L
HEEE-1ICLAEVELET, OXFAICRULT3E-1, RSTICHLT25E-1, RFa1XH2Y—IC
XL T 25E-1, BT I AVREICKH LT 2E-1 OFRARIAT7 2B ELET, COEFES. ML
EFILIEOIATFAARETREMEOTVERFELEEFALERTHN,. ThEXRANTH—E LU TERL
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BOWCEILLET, FRHAOATRENER—ATA 2 FRAOAT 5E1 ZLEE>TVWEVEYD, 20
FRAZOD Y+ I ZBRELCFHATZICEFR T THDEHML, AL MBOENZERTZ LK
WES, P77V —23>TlR, COL—E—OZY2I)T714—=)LRIEF "FH, ELTERLNET,

EIRMLEFLONY FFHT7AILOILT2Y OBRR

BIZFEFILONY FFRAT7AILICIE, score EVSBRIDFN 1 2EENTVET., CDFIC
. ADTF—RAOZBHAORMIOBEFANfr €FENET, EFRNFZENRIETHREET DO
T. -1.526385E1 £\ S score X OBHIOFZFHFNDITT -15.26835 ICHEL <V ET,

cOFITIEE, BRETFILTEAECABNYFFROELT77A4ILERLTVET,

score

-1.526385E1
-6.188034E0
-1.271108E1
-2.200578E1

8.359159E0

DTPNLEZALFRADOI)ITITAN

DT I ZA LFRIE, Amazon Machine Learning (Amazon ML) N DB EFUOH L TF, Amazon ML
FVOTARNZZFE LB CFRNEREN, I<SIELARVANBRENET, UTILZALTF
BlE—MWIS, AR OTATBIDITFIVTr—23>, ENANTTVTr—>3>, FRY
NYZF7UT—>a> T RMEEEMCITRDICERENET, €L 1T — Predict API
ZEAL T, Amazon ML THERE N ML EFLICH LTI TILRALFROEHO O T 23X
TUEYT, COPredict ARL—>32 TR, VDIITARMRAO—RT1 DOAHNBAZZ T A
N, LARATERBPICTFRAZIERLET, chlk, ADBROMNEZRT Amazon ML O ID 7*—
BY—=AAT IO RNTHTEE N, IXTOHAUOFRHUEECT7 7L 0O URI ZERHISET

NY FFRAPI EEBINDENDTT, Amazon ML KEEAEDVUTILZALAFHIIOITANIC 100 S
UBLRICEELET,

Amazon ML OV —=I)LOREERES BT ICUTILZAALAFAUERTENTEET, UTILZRA
LAFHEGFERAITDERELESZES,. BROICIUTILEZALFUNEROI RRA N EERLET,
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ik Amazon ML OV —J)LF /(& CreateRealtimeEndpoint APl ZH L TRITTEET, T
VRRANDERE, VTILEALTRHAPI ZFERALTUTILEZAALAFTRHEERLET,

(® Note

EFILOVTILERALTLY RRA 2 M EERL ER, EFILOBAXICRHLULEF /N
TA—FHOBENFrRELBROE T, FMICOVWTE., "BE, 28RBLTEEL,
DTILNEALLIY RRANZIAVY=IITERTDEES. AV —I)ICIEEIY RKRA

VR THRENICRET D FEBBREONRIRREINET, TOEFILICLDZUTILE
ALAFRHOMENTEILB D EBESICHEZRESEEVEHICE, OV —-ILFELEE
DeleteRealtimeEndpoint ARL —23a>ZFEAL T, UTZILEZA LT RRA 2 NzHl
BRLULET,

Predict DUV TARNEL AR ADHIZ DOV TIE, "Amazon Machine Learning API U7 7 L >
A1 @ "Predicty 22BLT<KEEV, BIOEFIEZFEAITIEREL AR AER DLl 2S R
T3, "UTFILERALTFAOHAL 28RBLTEEV,

NEY D

« D7NEZALTFROEA

c DPINEALIY RKRA2 NDERK

s DZIWNEBALFRATIVRKRAZ K (QAVY-I)ZRDOFS
c DFINEALTFRATRKRAZ K (AP) ZRDO1F3

c DZINEALFRAIVITANDER

« DPINEALIY RKRA> N DHIER

DT7ILEZALTROEA

DTPILEALTFRHEBBCTRILESHZHMTEIOZ TS EHIC, UTILRZALFRIY RKR
AVMORECHRIPEMBEZRESETIC, Amazon ML TE—-OF—XLI—ROFAOE
RERBICHTENTEET, UPLNRSAMLTFRHZTARNTRICE, MLEFILZF >TVEIHE
FHYWVET, REBBETUTILRALTRHZERTSICIE. "Amazon Machine Learning API 1)
77L>AJ @ Predict APl ZERALE T,
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DTFNLEZALTFRZERATDICE

1.

(CH 4 >4 > AWS Management Console L. https://console.aws.amazon.com/
machinelearning/  Amazon Machine Learning >V —J)LZHE £ Y,

FTE%—> 32 )\—® [Amazon Machine Learning] RO Y 7&A > T [ML EFI)L] ZiBRL £
ED

Fa1—NUTFIHS Subscription propensity model 5&, UTZIRAALAFACEATS
EFILEZBRLET,

IMLEFILLR—RR=DT, [FR LS BE] 2BRL, RIE[VTILEALTFIAOHEA] Z
BIRLET,

Tools

Try real-time predictions

Amazon ML I&. Amazon ML A EFIOKRL—Z>YICEALEF—2ZLO—RICEETh TV
FZHOVVANZRRILET,

BITIBICE, 74—LDOFET A —=I)LRICF—RZANTEH.,. 1 DOF—XL 11— K% CSV
ERTTFARNRY IAICEBY R TET,

T7A—LZERTDICE. BE] 74 —ILRIE, VFPLRALATFAOTANIEAL ZVWTF—
BEANLET, ABLTVBF—RLO—RIC1 DRLEFREHROTF—IBEHOENFBENT
WEWEE, ABDT7 1 —)LREZHOTRRICLET,

F—R2LO—RZRMIZES. [LO—ROBYFH] ZBRLET, TFAMN 71 —=I)LRIC
CSVERXD 1 2OF—R1T%EEVFF. [Submit] (X15) Z38IRL £9, Amazon ML A" [Value]
() 74— RICBBHNICADLET,

@ Note

F—BLI—ROF—R2OFHOEENL——>F57—2REALU T, AUEFRICEEE h
TVRRENFHYET, BE—DOHINE, 2—FY MEZEBRIDVEN HD_ETT,
=4y NMEREDHIEES., Amazon ML kT h &2 ERL F T,

R=JDOTET, [FRIOEK] Z1BIRLET. Amazon ML FI<ICFRIZRL ET,
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[FRIER] RA 2, Predict APl =) ARLEFRAAT I IONIMAET, MLEFILEA
7. B—TY REBOEH, FTHENEIVSATLREFr RTRENET, BROBROFEMICD
WTE., "NAFVEMLEFILONYFFRHI7AIINOADT Y OER, #SBLTLE
L AN

s T R e I e T L

Z Prediction results

Target name vy
ML model type BINARY

Predicted 0
label

§
{

"prediction”: {
3 "predictedLabel": "0"
E "predictedScores": {
j "0": 0.033486433
;

}

"details": {
"PredictiveModelType": "BINARY"
"Algorithm™: "SGD"
}
1

J

}

DTNLNEZALTY RIRA 2 NDERK

DTPNEALTFREZERTBICE. VPILRALLIY RRA N EERTIHBENF HYET,
DTPILEALIY RRARNZERTBICE., VTZILRALTFRZERTS ML EFI)ILZBRIC
BoTLWBRENFHYWET, UFILZALIY RRAVNE, Amazon ML AV —)LZ2FERATS
A, CreateRealtimeEndpoint API ZHU'H L THER TE X J, CreateRealtimeEndpoint
APl OERDOFMIZ DOV T, "Amazon Machine Learning API U7 7L > X1 ® Fhttps:/
docs.aws.amazon.com/machine-learning/latest/APIReference/API_CreateRealtimeEndpoint.html) Z
ZRLTEEV,
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UTINEALTY RRA NEERTDICE

1.

)

ICY 4 >4 > AWS Management Console U, https://console.aws.amazon.com/
machinelearning/  Amazon Machine Learning >V —J)LZHE £ Y,

FTES—2 32 )N\—® [Amazon Machine Learning] RO Y 7”& > T [ML E7)L] Zi&RL &
9,

DTPILEALAFREERL EVWETFILZRBIRLET,

IMLEFLOENAR=20O [FRNT, [VTPILRALIY RRA2 MOERK] ZBRLUET,

DTPILEALFRORESZZRATIHAATATRY VANRRENET,
[Create] #ERR) ZiBIRLET, UTFILRA LI RRA MDD I ITAND Amazon ML IZ3E(E
TN, FI—ICAVET, VDZILNRALI RRAVNOAT—R AR [EFHHP]ICBYVET,

I e . T e i

Enable real-time predictions
To enable real-time predictions now, create a real-time prediction endpoint.

Real-time endpoint:

DT ILEALLIY RRA NOERHITERS, AT—X AW [Ready] (EfFET) [CEML

L. AmazonML EIT> RKRA MDD URL ZRARLET, TV RRAIMOURL ZEAL

T. Predict API QDT ILEZALFRAI IO ITANEERLET, Predict APl OEA QM
2WTI., TAmazon Machine Learning API V7 7 L 22 A4 @ Thttps://docs.aws.amazon.com/

machine-learning/latest/APIReference/API_Predict.htmly ZZB L T<EE ),
ﬂwwwwﬂwm'—ﬂ"\ﬁmhﬂ

Enable real-time predictions
To enable real-time predictions now, create a real-time prediction endpoint.

Real-time endpoint: Ready

Endpoint Url: hitps://ami- aMazon.com
Peak Requests Per Second: 200 €&

TIWEALFRAL RRAN AV =IL)ZRD0E5

Amazon ML AV =) ZFEALTMLEFIOURLIV RRA RN ZRDOHZIZE,. EFILD
[ML model summary] (ML EFILOEN) R—JICBBLE T,
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DTILEALTY RKRARNO URL ZRDFBICE

1. (2% 424> AWS Management Console L. https://console.aws.amazon.com/
machinelearning/  Amazon Machine Learning >V —J)LZHE £ Y,

2. FTEZ— 32 /\—® [Amazon Machine Learning] RO Y 7’AJ> T [ML 7)) Z&RL &
Jo

3. DFILRALFAZERLEVETIILZERLET,

4. [MLEFLOEWAR=DT, [FRIEIZIVARTENDETCTIANARIO-ILLET,

5. EFILOIVRRAZNOURLE [UTLEALFRICKRTENET, UTLEZALTFRAOF
CHETZOURL%E, [TV RKANURLJURL ELTERLET, IV RRA U NEFALT
FRZERTBHEICDOWTIE. "TAmazon Machine Learning API U 7 7 L2 A4 @ Thttps:/

docs.aws.amazon.com/machine-learning/latest/APIReference/AP|_Predict.ntmly &R L T
=L,

DTFNLNEALTFRAL RRAZN (APl) 2R D3

CreateRealtimeEndpoint ARL—> 3 ZFEALTUTILEZA LI RRA 2 N EEKTS
EVLARVATURLEIY RRAVNODAT—RANRENE T, AV —IZFERALTUTIL
BALTY RRAV NEERLIEBE, REGBICHERL I RRA 2 KO URL XRREZEE
TG, U7ILRALFRARICOIVULEVETILO ID ZEL T GetMLModel AXRL —2 3
VEFUPHELET, TV RRSA 2V MERIE., LAKRYAD EndpointInfo V2 3VICEEFATV
F9, UTZILRALLIY RRA Y MNFBEEFSNTVWBEFIDEHESE. EndpointInfo FXD&KS
Cx)ET,

"EndpointInfo":{
"CreatedAt": 1427864874.227,
"EndpointStatus": "READY",
"EndpointUrl": "https://endpointUrl",
"PeakRequestsPerSecond": 200

DTINEALTY RRAVRABLVETFIEROLSICRLET,

EndpointInfo":{
"EndpointStatus": "NONE",
"PeakRequestsPerSecond": 0@
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DT INEALTFR)TTANDERK

B2 7 ) Predict UVTARRAO—RBPRORSIZBYET,

{
"MLModelId": "model-id",
"Record": {
"keyl": "valuel",
"key2": "value2"
3,
"PredictEndpoint": "https://endpointUrl"
}

[PredictEndpoint] 7 4 —JL Ri& EndpointInfo #i&® [EndpointUrl] 7 4 —JL RICHIEL T
WBRENHVYET, Amazon ML &, UTILEZALFRAT7)—NOBEYNBEG—N—ICUIVITANE
WN—=—TFTA42T0F2EHICCDT1—I)LRZFALET,

MLModelId @&, MBIICNL—Z2 9 %2k, UTLEALTIY KRS M2 EFLOBRET
7,

Record FEHBEEBENN Y T TT, ERTRERZRLET, Record ¥ Y 7IZIEk, Amazon
MLEFILADAANEENET, chik, 2—5Y NEENFBVNL—Z2UF—2EY D117
DTF—RIHEHELEST, NL—Z2TF—RDEORATICHADNHST, Record FXFFHHSXF
HANDIYEV T RERET,

(® Note

EZ/F>TVELVERZERTERIYN., TOSETARENMBETIZ N BT, &
BHFZVWRE, EFILER)ERICBEVET,

Predict U TARNIZK?TRENDLARVADT7 A#—I Y ~NE, FROLEDHIZVIVEhTY
PDETFINDRATICE>TERBYET, WITNDOBEE, [details] 74— RICEFHIVIIR
NZBET21E®|AREES N, 452 [PredictiveModelType] 7 1 =)L RICEEFILZATHEEH
-

LTRENAFTVEFILOLAR ADHFITY,

"Prediction":{
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"details":{
"PredictiveModelType": "BINARY"

iy
"predictedLabel": "0Q",
"predictedScores":{

"Q": 0.47380468249320984

}

[predictedLabel] 74 =)L RICFHENESRIAEENTVDRZEICEFELTLKEEZY, 20D
BEROIEBEYET, Amazon ML iF, FRIAATZHREHAY NATELRTSD T, FllEhE
FRINVEFELET,

c MLEFIIICEHEBEEFTSNTVSSE N Y AT, ScoreThreshold 71 —JLR%
GetMLModel AXRL —> 3> DL AR ATHARBDZET, £k Amazon ML O Y —I)LTE
FILEHRERTRLUTHETERT, AAF7LEWVEZRELAZVES, Amazon ML & 77 # )L ~
fED 0.5 ZFEALET,

s NMFTUBEEFI/IOEREFAADATZEETSICIE. predictedScores ¥ Y 7 ZFANE
T, COXYTATR, FRATHLEIARIFERBEFARADT7ERTIZE2>TVET,

NAFVFROFERICOVWTEE, "TFRAIDOHER, Z2ZZRLTEZ L,

LDTERBEFILOLAR ADHFTY, FRlEhLEHED [predictedValue] 71 —ILRICH S
CEIWFEEBELTLEETL,

{
"Prediction":{
"details":{
"PredictiveModelType": "REGRESSION"
},
"predictedValue": 15.508452415466309
}
}

UTREBIZAETFIOLAR ADHEITY,

"Prediction":{
"details":{
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"PredictiveModelType": "MULTICLASS"

.

"predictedLabel": "red",

"predictedScores":{
"red": 0.12923571467399597,
"green": 0.08416014909744263,
"orange": 0.22713537514209747,
"blue": 0.1438363939523697,
"pink": ©0.184102863073349,
"violet": 0.12816807627677917,
"brown": 0.10336143523454666

NAFIVBEBEEFTINERKIC, FRENDSIXRI/V T AW [predictedLabel] 714 —J)L RICH V) F
T, FAHNFBISAEENEEM<SBEELTVS A K, predictedScores VY 72 R3 & T

SICBEBTEERT, CONYTHADIZADAATHIREVRE, FRARKIVSALHSEEL TV

T, BRWICKRAREN predictedLabel &L TEBIRENET,

EROSATAOHMI VTR, TEBEFLISAORE, 28RLTLEEL,
UTINEA LT RIRA 2 N DHIER

VTNEALFRFEELIEEE., UTILEALIY RRA2 N Z2HIBRL TEMBEOREZIIA R
T IVRRAVNZHIRTDETSICREN DA SBLIBYET,

UTINEALTY RRA NEZHIRT D ICE

1. Y4 > 4> AWS Management Console L, https://console.aws.amazon.com/
machinelearning/ @ Amazon Machine Learning >V —J)LZRA& £,

2. FES—2 3> /)\—® [Amazon Machine Learning] RO Y A>T [ML 7)) Z&#IRL &
CB

DTPILEALAFRNRBICE>EEFIILEZBIRLET,

IMLEFILLR=RNR=D0 [FH] T, BE] Z2BRLET,

[DT7ILERALLIY RIRA NOHIRR] ZiBIRLET,

[DTP7ILERALIY RRANOBIBR] ZATOTRY VAT, [HIR] Z&IRLET,

o o b~ W
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Amazon ML 7T O NDOERE

Amazon ML ik, Amazon ML J> Y —J)L ¥ /=l& Amazon MLAP| 2 BU TEETE2 4 D0OA7
SIVNERHBLET,

e DR

« ML EFI)L

- PR

« NYFFHE

BEATOTIONGE, BBEBT 7 VT—2 32 eBEIDSATHA VLB VTELBRENERE
L. 8FT72TO0RIR, TOATDIIONCOKABERAEThIREOEUES IOCBEN B ET,
NSOEWVICEN P DST, BURSIBAEETATDIIONEEERLET, L&A, 72100
DUAN, HEAOWE, EMILEHRICEEEU7TOLRAZEALET,

UT0OE923a>TR, 4 20F7DI VRN IXTICHRBOERREICOVTHAL, HEKIZDOV
THALET,

NeEY

« A7 OO AMER

« A7 IV NOBRBHOEE

« AT IV NOEH

« A7 T U NOHIBR

FTITORND) ABNERK

Amazon Machine Learning (Amazon ML) F—&Y—A, ML £FI)L, . S KONy FFRIOGFF

MBBERICOVT, —BEXRRLET. EF72IMNIOVT, B, 247, ID. AT—2A0—
R, ERBFZAFRRENET, Tk, BEOATZI IR ZATICEBEOHMBERTENET, L&
ZE, TF=EY—ADTF—RARERTENET,
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72T OROUARNMER (QAVY—IL)

BEENIERLEEED 1,000 BOATSITIORNDI)ARNZERTRTSICIE. Amazon ML OV =)L
T [Objects] (A7 T U RN) XY 2 R—REBEET, [Objects] (A7 I VRN AV a1R—R%E
RERTDICIE. Amazon ML OV —=)ILIcOF14>LE T,

Objects (2)
[ crestenow..— | . Refresn
Filter: Al types ¥ @ tems per page. | 10 - 1-50f 5 Objects

Name 2 Type % ID + Status % Creation time * Completion time*

»  Evaluation: ML m. Evaluation  ev- Completed  Aug 1, 2016124448 PM 3 mins

ML ML m Completed A 2 zmi

Examp Daftas Completes A 0 2 F 3 mi

Examp Compleled  Aug 612

Examp Di Completes Al 01 423 PM

ETOATDIONCEROFHMEEC A/ DIV NOFHMERTIDICRK. 772V NOBRIEL
FEIDZEBRLET, LA, T—RY—AD [F—RAR] 2RRITDICE, T—RV—-ARAEL%ZRE
RULFET,

[ATPIIORN AV IR=—ROIIZEE, EATSITIORNIBATIROBERNIRTIENET,

1)
FT7ITORNDEH

Type
ATSIONDERAT, BHBEIZE, [F—FY—A] [MLEFI]. FHME]l. BREF[NNYFF
B AEENET,

® Note

EFNAVTILEALTFRHEYR—RNITBELSICRETNEAEDSHZ
LNEXREFIDZEBRLT MLEFILOENAR—DIEBELET,

ANDICIE, ET

F7ZITORMD ID,
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AT—RA

ATDIVRDAT—RRA, B, RE]. ETH] [T SrT[KHFEEIhET. A
T—RAN [RH] DHEER. T—REEALTES—EHLTKEZL,

4537

Amazon ML DA TV NDERZKRT L EBE,

5E T R

Amazon ML X Z DA TS IO N ZERTAOICHA A > EEEOEE, TFIINOSTEHEZER
LT, HFILLEFILONL—Z2TBEEREBEDENTEEXT,

TF—=2Y—=AID

EFIS LA ET—R Y —RAZEALTEREN AT T O MNDFE, F—2Y—AD
IDo F—&RY—AZHIBRIDE, TOTF—2Y—AZFEAL TERE NI ML EFILTTFROHE
A TERSBZNET,

AV —DIEICHBD 2E=AFNDT7AA 2EIRTZH LT, WThADHTY—KLET,
7T D) ANERK (API)

Amazon ML APl Tlk, XOARL =23 ZFEALTRATRICAT IV E—ERRTESE
9,

» DescribeDataSources
e DescribeMLModels
 DescribeEvaluations

* DescribeBatchPredictions

EARL—=232F, AT IORORVWIUARARNENLT, 7108V T. Y—h, BLROER—D
DEONTAXA—R2E2EHET, APITT IV EATERZF /DI MNBICHREH)EEA, JARD
A XZHRTDICE [Limit) NTX—2ZEAL., TOHEKER 100 T,

Describe* N RIZWT S API L ARV ALK, BEBIZBUTIR—DFEIN—D >
(nextPageToken) BLFEFAT DIV NOEELBRAN EFEFNTVET, 77TV NOFHBAIC
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. 77D ORNERATICEBOFEEESD. AV —LICRRENDEFTZIIONZATZED
BUBHRANSENET,

(@ Note

ENEBEENLEHREYEDBVWATSIIVRNULAEELBZVEETE, ES5ICZK0FER
NFHBE%ZRT [nextPageToken| f"EENBD e BYVET, RENOBOTATLD
BETE [nextPageToken]| FEENDAEEMN BV ET,

HMICOWTIE. TAmazon MLAPI U7 7L VA, #3BLTLSEEL,

F72 T NOEBADOEE
OAYV=ILEEFEAPIICKY), TSIV NOHMBHRPLZRTITEET,
A2V — )L TOEEMMER A

OVY—)LTHAZRTIDICE. BEODZATOATZIIN (TF—2Y—A, ML ETI, FF
fli, XYFFR)DVANIBELET, RIC, VANZSZRTDH, BRXRLFID ZRERTEC
ET, FTZT VNIRRT EDT—TLOTZEROTET,

APl A 5 O 5+ #0R1 A

BATSIVORNEATICE, Amazon ML A7 IV RDIRTOFMENMEBTH -0 DRENF BV
=3

+ GetDataSource

+ GetMLModel

+ GetEvaluation

+ GetBatchPrediction

BARL—230@FE&SE2ODONTA—2EFEALET, 772 T U KNID & Verbose (F#l) &
FENDT—DVFT BT STTT, true ICEREE 1z Verbose (FEfll) TOFUHLICE, #7201
IRMCOVWTORYFHRABBEBRNI€EN, LATVI—BRPLARAOY A AN KREL K E
9, Verbose (F##lll) 75T 2R ETDETEEFND 7 41— )L ROFMIZCOVWTIE, Amazon ML
API V7 7L AZZRLTLKEEL,
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AT ITONDOER

BATSIIORNZATICE, Amazon ML A7 2TV NOHMBEEH TR RENI YV ERT (7
Amazon ML API U7 7 LA, &S 8R),

» UpdateDataSource
» UpdateMLModel
» UpdateEvaluation

» UpdateBatchPrediction

BARL—232TlR, EOATZIIVRMEHFENTVWIAEZEETZIEDICATZSIINDID
HFYBEBETT, INTOATSIIVNDBRRHZEHTEE T, T—RY—R, ili. BLTENY FFH
DA7IIORNOMOTONTAREHFTEELA, MLEFIL TR, MLEFLICVUTILEZA LF
BIY RARAMABEEMFEFSNTVWEVERY ., ScoreThreshold 7 1 —JLRZEFH TEET,

7T NDOHIBR

MLEFI, F—RVY—RA, Fli. BRONY FFRANVELBLLBZ2LEBE, HIBRTDENTER
o TETLERBICNY FFRUAD Amazon ML #7210 N2 REFELTEEBMNBEEH Y ELA
M. AT IIORNZHBRTRDE, EBLRPTVEDLED—IJAR—ANREETIAET, 1 DFLEE
BOAT T NZHIBRT Sk, Amazon Machine Learning (Amazon ML) 1>V —)L & 1=l API
ZFERALET,

/A Warning
Amazon ML DA 72TV hZHIBRT R &, MRFEFT, KENT, TICRBELR A

Objects (2]
Filter: Al hypes & Q llems per page. 10 - 1- 5 of § Ohjects
Name * Type = D + Status = Creation time * Completion times

»  Evaluation: ML m. Evaluation  ev- Completed  Aug 1, 2016 124448 PM 3 mins

b ML mogel mgl... ML model mi- Compleled  Aug 1, 2016 124447 PM 2 mins.

¢ Example [ our Datasource  ds- Completed  Aug 1, 2016 124446 PM 3 mins

b Example Datasour. Datasource  ds- Compleled  Aug 1, 2016 124446 PM 4 mins.

b Example Datasour Datasource  ds Completed  Aug 1, 2018124423 PM 3 mins
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7TV NOBEIBR AV

Amazon ML >V —)ZERAL T, EFILZEC AT IV NEHIRTEE T, EFILZHIKRTS
EOICERTIZIFIRE, EFNZE2>TIUTILZALTFRZERLTVRILESHICL2TERYR
o VDPILEALTFRAEERTRDEOICEAETNDIETIILZHRTZICE. FALCVTILEZALTY
RRAZ NZHIBRLET,

Amazon ML DA 7TV M EHIBRTZICE (O Y —))

1. (2% 424> AWS Management Console L. https:/console.aws.amazon.com/
machinelearning/ © Amazon Machine Learning >V —J)LZHZ £ Y,

2. HIBRYT S Amazon ML #7221 O NEBIRLET,. BHROFTD 1/ NEREIRT
Bk, Shit ¥F—Z2FRALET, IXTOEBRATZS IV NDBREZMBRTSIC
= S
F: /al S
v
REEFERALET,

3. [7023] T, [HIRR] ZZBRLZET,

4. HATAOATRY DAT, [HIBR] Z&BRL TEFILZHIBRLET,

DTFILEALIY RIRA MDA $HBD Amazon ML EFILZ2HIBRT B ICIE (> YV —))
1. (2% 4 24> AWS Management Console L. https://console.aws.amazon.com/
machinelearning/ © Amazon Machine Learning >V —J)LZHZ £ Y,

HIR T2 ETIZERLET,

(7023 ]| TIITLEALLIY RRA NOHIRR] Z#IRLET,

[HIBR] ZiBIRL T, T2 RAKRA NZHIBRLE T,

EFINZBEERLET,

(70232 T, [HIR] ZBRLET,

[HIBR] ZiBIRL TEFILZHIBRLE T,

S L R S

F72 T NDHIER (API)

RO AP O—)LEFEAL T, Amazon ML A7 T O N ARBIBRT A ENTEET,
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« DeleteDataSource - [& DataSourceIld N X—XZHVW E T,

« DeleteMLModel - i& MLModelId N X—XZEV) £ T,

« DeleteEvaluation- & EvaluationId N X—XZHV ET,

« DeleteBatchPrediction - & BatchPredictionId NS X—XZEV & T,

BMICOVWTIEE., TAmazon #W=*E API V7 7L A, #8BLTLSEEL,
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Amazon ML & Amazon CloudWatch XKUY O AODETEZAR
)>g

Amazon ML (&, Amazon CloudWatch ICBEHICX MUY JAZEFEL. ML EFIILOFERAKETZIX
£, ONTEET, EEARE, NV FFABSLVPUTILZA LAFBOEBHIC, RequestMode 7 1 X
>2aICHE2 T PredictCount XU Y ORAZEZRUITEET, XMV JAKBHHICUNE
Eh. 525 8(C Amazon CloudWatch (55 & T, Amazon CloudWatch 12V —JL, AWS CLI,
FhEAWSSDK ZFEAL T, ChSOXRNUIRAEEZRIITEERT,

CloudWatch 2B L THEE N3 Amazon ML X NU JAICEEEEI ALY EBA. XNJUDTAIC
T7o5—ALRERELTVSIESE. CloudWatch DEEREHNFRENET,

FEME(Z DV T, Amazon CloudWatch B%¢& 74 KM "Amazon CloudWatch M & RIZERE, 71 X
>3, XKUY OAOIT77LAL ® Amazon ML U AR ZSRL TS EE L,
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Z#EAL = Amazon ML API J—)L@oO% 28 AWS
CloudTrail

Amazon Machine Learning (Amazon ML) (& AWS CloudTrail, Amazon ML ® 1—%'—, O—JL,
FhEF H—ERAICK>TEFTENET I ZRRTDAWS H—ERTHD £EFaEchTV
F£9, CloudTrail &, Amazon ML ADTARTD API J—=)LEA RV RELTHFYTFYLET,
FYTFYEAEFHTELUICE., Amazon ML OV —=I)LASOFTHL &, Amazon ML APl A
L—>3> A00—RBVHULFrEENE T, SIHZERTSDESE. Amazon ML DA R RNix
E. Amazon S3 /XY RAD CloudTrail 1 R N OBGHIBEEZENCTDENTEXRT, &t
HEFZELBEVWEETE, CloudTrail AV =)0 [A R NEE] TRIIDAR NERRTESE
¥, CloudTrail TPREENBEREFEAL T, Amazon ML IZHFB VI T AN, UOIAKNTO IP
TRLA, UOTARE, VOIANARBREDFHERITEET,

BREXEMLOSERE, CloudTrail DEMIC DWW TR, TAWS CloudTrail I—H—#H4 K, #2&
BLTLSEEL,

CloudTrail I ® Amazon ML 15k

CloudTrail &, AWS 7HV Y NOERBFICT HV Y NTERICAZY EFT, Amazon ML THR—K
ENTVBRARYNTIOTAETANRETDE, TOT VT 1ET 1 & [Event history] (41 X2 b
BE) D AWS OH—EAD ARV M EEIC CloudTrail 1 R MCREEENET, AWS T H
DURTEREDARYNERR, BR, FOVO—RTEEXRT, FHICOVWTE., "CloudTrail4 X
VRERTODAXRYNDERT) Z5RLTLEEL,

Amazon ML DA R K5 E, AWS THO Y RADOARY NOBBEHARRICOVWTIE, fEHEE
MLUET, BIFIZKY ., CloudTrailldA% 7 7 1 )L %Z Simple Storage Service (Amazon S3) /NT Y ~
ICBETEXRT, F7A4INTR., A2V TERL LAFFITNTO AWS U= 3V (ICEAE
NEI, fAPFEFE. AWSN—FT 423 2AOITXNTON) =232 50MR N2O7ICERL., B
EUL Amazon S3NTY NMZOJ 77 A4\ Z2BELE T, ESIC. CloudTrail AT TREE iz A
RYKNF—=REZXVEHICOWL, TRICESVWTITE TSR ERSIC, O AWS H—ERXERETE
£, FHECOVTR, RESRBLTEE L

« SEHFDERDI=H DOBE
e CloudTrail " R—KFBDH—EREHKE
 CloudTrail /| Amazon SNS @& D &K
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e THBHD)—23AS5CoudTraildd 774N E2ZHES ) KT TEROTHI A S
CloudTrailOY 7 7 4 )L & Z (THL5

Amazon ML &, CloudTrail A 7 74 ILDAR NELTEUTOT 2 a>oOdd iz R—K
LET,

» AddTags
* CreateBatchPrediction

* CreateDataSourceFromRDS

* CreateDataSourceFromRedshift

* CreateDataSourceFromS3

* CreateEvaluation

* CreateMLModel

» CreateRealtimeEndpoint

* DeleteBatchPrediction

* DeleteDataSource

* DeleteEvaluation

* DeleteMLModel

* DeleteRealtimeEndpoint
» DeleteTags
» DescribeTags

» UpdateBatchPrediction

» UpdateDataSource

» UpdateEvaluation

* UpdateMLModel

XD Amazon ML ZRL —2 3> TR, BABEHREZESCVIIANMIX—E2FERAEhET, Ch
50U TARNA CloudTrail IZEFEENBEIIC, FBEAFERIE 3 DOTARURAD (T ) ICEBEH
A5NET,

* CreateDataSourceFromRDS

* CreateDataSourceFromRedshift
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XD Amazon ML AR L —> 3> #" Amazon ML IV —I)LTRITE 258, B
ComputeStatistics (& CloudTrail 0% ® RequestParameters AVR—R MNCEEIhEE
Ao

» CreateDataSourceFromRedshift

» CreateDataSourceFromS3

BARVNELEROTIVRNIICR, #FVITIARNEZERLEAEVSBBRIEENE T, 74T
TATARRIE. ATZHBITEOICRILIEERT,

« UOTARNII—KNFRE AWS Identity and Access Management (IAM) 1 —H —ER3E1E 3R % £ H
LTIbhhlhrESH,

s UOTIARYO=-NLNFELEFE7IFL—23 21— —0F RS UBEF21) T4 RAEHRZFER
LTIIhhlhESH,

e UOITARNBIOAWS H—ERIZL 2 TIThhilzAESH,

M DV TIE, CloudTrail userldentity EE%# S B L TS &L,

fBl: AmazonML O 7 7A4ILDOI N

TRLAINL &, BELE Amazon S3NT Y MZAR N ZOT77AINELTEETHELSICEE
ETEET, CloudTrail DOT 77 A )IEk, BE—HEHOOJIV NI EELET, IRV NEFEE
V—ANSOBE—-JIOTARNZERL, VDOTIANENETOAY, O3>0, UIVIAR
NTX—=BBEDBEBREERET, CloudTral AT 77 ALk, NTVU YU API D=L OJEFFFS
NEAZYIRNL—ATRBEVEYD, BEDIEFTCRERERREhFEA,

LToflE. 79232 %539 CloudTral O I MU T,

"Records": [
{

"eventVersion": "1.03",

"userIdentity": {
"type": "IAMUser",
"principalId": "EX_PRINCIPAL_ID",
"arn": "arn:aws:iam::012345678910:user/Alice",
"accountId": "012345678910",
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"accessKeyId": "EXAMPLE_KEY_ID",

"userName": "Alice"

}I

"eventTime":

"2015-11-12T15:04:02Z2",

"eventSource": "machinelearning.amazonaws.com",

"eventName":

"awsRegion": "us-east-1",

"sourceIPAddress": "127.0.0.1",

"userAgent":

"requestParameters": {
"data": {

"CreateDataSourceFromS3",

"console.amazonaws.com",

"datalLocationS3": "s3://aml-sample-data/banking-batch.csv",
"dataSchema": "{\"version\":\"1.0\",\"rowId\":null,\"rowWeight

\":null,

\"targetAttributeName\":null,\"dataFormat\":\"CSV\",
\"dataFileContainsHeader\":false,\"attributes\":[

{\"attributeName\":

{\"attributeName\":
\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"
\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"
\"},

{\"attributeName\"
\"CATEGORICAL\"},

{\"attributeName\"

\"},

{\"attributeName\"
\"},

{\"attributeName\"

{\"attributeName\"
\"},

{\"attributeName\"
\"CATEGORICAL\"},

\"age\",\"attributeType\" :\"NUMERIC\"},
\"job\",\"attributeType\":\"CATEGORICAL

\"marital\",\"attributeType\":

:\"education\",\"attributeType\":

:\"default\",\"attributeType\":

:\"housing\",\"attributeType\":

:\"loan\",\"attributeType\" :\"CATEGORICAL

:\"contact\",\"attributeType\":

:\"month\",\"attributeType\" :\"CATEGORICAL

:\"day_of_week\",\"attributeType\":

:\"duration\",\"attributeType\" :\"NUMERIC

:\"campaign\",\"attributeType\" :\"NUMERIC

:\"pdays\",\"attributeType\":\"NUMERIC\"},
\"previous\",\"attributeType\" :\"NUMERIC

:\"poutcome\",\"attributeType\":
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{\"attributeName\":\"emp_var_rate\",\"attributeType\":

\"NUMERIC\"},

{\"attributeName\":\"cons_price_idx\",\"attributeType\":

\"NUMERIC\"},

{\"attributeName\":\"cons_conf_idx\",\"attributeType\":

\"NUMERIC\"},

\"},

\"NUMERIC\"}

{\"attributeName\":\"euribor3m\",\"attributeType\" :\"NUMERIC

{\"attributeName\":\"nr_employed\",\"attributeType\":

J1,\"excludedAttributeNames\":[]}"

1,
"dataSourceId": "exampleDataSourcelId",
"dataSourceName": "Banking sample for batch prediction"
},
"responseElements": {
"dataSourceId": "exampleDataSourceId"
1,

"requestID": "9bl4bc94-894e-11e5-a84d-2d2deb28fdec",
"eventID": "f1d47f93-c708-495b-bffl-cb935a6064b2",
"eventType": "AwsApiCall",

"recipientAccountId": "012345678910"

"eventVersion": "1.03",

"userIdentity": {
"type": "IAMUser",
"principalId": "EX_PRINCIPAL_ID",
"arn": "arn:aws:iam::012345678910:user/Alice",
"accountId": "@12345678910",
"accessKeyId": "EXAMPLE_KEY_ID",
"userName": "Alice"

},

"eventTime": "2015-11-11T15:24:05Z2",

"eventSource": "machinelearning.amazonaws.com",

"eventName": "CreateBatchPrediction",

"awsRegion": "us-east-1",

"sourceIPAddress": "127.0.0.1",

"userAgent": "console.amazonaws.com",

"requestParameters": {
"batchPredictionName": "Batch prediction: ML model: Banking
"batchPredictionId": "exampleBatchPredictionId",
"batchPredictionDataSourceId": "exampleDataSourceld",
"outputUri": "s3://EXAMPLE_BUCKET/BatchPredictionQutput/",

sample",
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"mLModelId": "exampleModelId"
I
"responseElements": {

"batchPredictionId": "exampleBatchPredictionId"
},
"requestID": "3e18f252-8888-11le5-b6ca-c9da3c@f3955",
"eventID": "db27a771-7a2e-4e9d-bfa®-59deee9d936d",
"eventType": "AwsApiCall",
"recipientAccountId": "012345678910"
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Amazon ML Z#72 T O MO R T T

Amazon Machine Learning (Amazon ML) 72 TV NZ, ZTREDOXRF—RZE|)HTT, ¥
NSZEBEBELTEEBELES, 2V, 77T I9MNCRULTERTEDF—EEBORT T,

2T FERALTAmazon ML A7 T VRN ZBBLTEEITZETTHEL, ThSZHHALTAWS
JARNZDELTERITRDCEETEET, AWSHATZIIVN (MLEFILBE)ICEZTZERATS
E.AWS OJAREBEDLAR—KZ, ZTBICEHEALEERARREIAMNMERRENE T, BHOD
ATV (FezEF RN Z—, PTUT—2308, FER) 2RI ZTE2BATIE., B
DY —ERCHES>TIAANESPETHENTEET, SHMICDVTIE. AWS Billing 1—H—7
AROIARNBED BT Z2ERALUIEDARALBERLAR—RNZESRL TS EEL,

AEN

- RTDOEK

- BT DOHFIR

« Amazon ML #7210 M0 JFH (O V=)L)
« Amazon ML #7219 N0 R T (AP))

2T DEXR

RIEFERALTAT DIV N Z9ETDE, ATV N EHBEICEETEERT, LexE. BW.
iEE, BERECEIVWTATDSIONEZDETEET, RIC, FIEBEE., BETZTIUT—

JAVEETVTEFLEZBHTZOLRIORZTOEY NERETEET, RICVLK 2P DHIZETR
LET,

e JO2ION.7O0IVRE

- FREH: BHl

« B N—4T142TFA

s P77V —=23 U= 3a F

o IREARFG

Amazon ML OV =)L, £EEAPI ZFEAL T, A TORXRAVEEITLET,

s ATSIUONCERTZEBMLET
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« FTDITVRNDRITERRLET

c FTSIVNDRIVZRELET

« FTSIUVRNDSRITZHKRLET

F7 ) KNTREE, Amazon ML A7 TV MCEBRAE W EXTE, TOATO IO NEMERAL TER
ENEATDIONIIOE—EhET, HlZXE. Amazon Simple Storage Service (Amazon S3) 7 —
BY—AWL "R=TFAVTAAN B—TFYRER 2 EX—TTAVTFYIR=2, BITNHS
BE, TOTF—32YV—REFEALTERENEEFILICE, EFILOFMGEL T, "N—45F12T
dAN: ZB—=TYRER 2 ERX—TTAVTXYIR=—" ) RINFREET, ChiCkY), ZT%EE
ALT, X—=TTATF v OR=VIZEAT DI IRNTCOATSIIONEEODHEEFTD IV NE
BHFTEEXRT, N—TTAVIAAN BT Y RNERB 2 IER—TTAVTXTIR=2, EVS
RIFFVEEFILR 'I—TT4VJAN . B—TYRNER D IEX—TTAVUVOBE, £VS
BIDHBDT—RI)—ABE, TV —ABICHEN HBHBEE. Amazon ML BFETFILA SR T ZE
ALET,

27 0 %R
BTEROHRE B ET,
EARHIE:

« FTZITORBIEY) DRI DEAREF 50 TT,
c RTDF—ELETR, AXNFEPMXENFEREIhET,
s HIRENIEAT DI VORNDE T2 EEXRRETDEETEERE A,

2T F—DFIR:
c BETXF—RB—ETHIVENHYVET, BLEATATVERF—22882TZzEMIDE, FHL
WRITT, TOFTSITIONDBRFEOF—EEBORTHFLEEEIET,

e aws: W AWS AEATAEDICFHNENTVWRED, COTLTAYVIOREELEITF—TCHEA
FTHDERFTEEXFEA. AWS TRI—HF—ORDYICZOTLTAYIATHEZRXRTZERL
FIHN, - —RBhhsORITEemEFTLPFHEIBRTIDEFTEEREA,

« RTF—OREIE 1~128 XF (Unicode) ICTRDHEBHNHY)ET,

« RTFx—F, KOXETHERITIDHVENHVYET, Unicode XF, BiF, ZH, BHRXFZ(C . /
= 4+ - @)o
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2 JE D HIR:

« BTEOREE 0~255 X F (Unicode) ICT2HENHVYET,

« RTERFZEAICTDICENTEEXT, ZHICLEVEER., RONFETERITILEN HYE
9, Unicode XF., ¥F. ZH. BHRXF (L . / =+ - @)

Amazon ML #7722 N2 H (O V=)L)
Amazon ML OV —=)LZERL TR I 2R~ . BN, HE. BLVHIBRTEET,
ATDIORNODRTZRERTZICE (AVY—I)

1. (2% 424> AWS Management Console L. https:/console.aws.amazon.com/
machinelearning/  Amazon Machine Learning 1>V —J)LZHE £ T,

2. FETF—=>32N-T, U—JartLIV&x—%ZRHAL, V23 EEBRLZFT,
3. [ATZIURNR=IT, AT ORZERLET,
4, BRUEATZIONO (2T 202 a2VICAPO0-LLET, TOFTZIIVNOERTE,

O3 VOTFTHBE-—BERTENET,

TSI ORNIRTZEBMTZICE (OVY—)I)

1. (2% 424> AWS Management Console L. https://console.aws.amazon.com/
machinelearning/  Amazon Machine Learning 1>V —J)LZHE £ T,

2. FETF—=>32N-T, U—JartlLIV&—%ZRHAL, V-3 EBRLZFT,

3. [ATZIURNR=IT, AT ORZERLET,

4, BRUEATZIONO (2T €023 2VICAPO0-LLET, TOFTZIIVNOERTE,
O3 VOTFTHBE-—BERRENET,

5. [V DEMEEZGHESE] ZEBRLET,

6. [FTDEM T[F—]71—ILRCEZTF—ZIEELT, #7232 THE] 71— RICERT

EziEEL. [EEOEA] Z2BRLET,

ZEDOEBER] REHFBHNTEVWEER., BELEZIF—FLRRTEOVTANANZT O
RzBLELTVEREA, FHICOVWTR, "2T70FR, 22RLTSEZL,

7. 27192320V ARNCHLWATZRTTRICEH. R—DZEHLET,
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2TZmETHICRE (AV-I)

1. (2% 424> AWS Management Console L. https://console.aws.amazon.com/
machinelearning/  Amazon Machine Learning >V —J)LZHE £ Y,

2. FEY—arvN—T, V=arvelLvE—%#RBEAL., V-3 EBRLET,

3. [ATZIIVORNR=DT, AT7PTUVNERBRLET,

4, BRUEATZSIVOND [TV VICAIO-LLET. TOFXTSIVNORT I,
U3 OTEHIC—BERRENET,

5. [RTDEMELBFESE] ZERLET,

6. [EALLEZJIT, E] 71—I)LRTRTEZFEL. (BEEOEA] Z2F#RLEXT,

[ERAOEE]| RIVABWTEVREERE., BEELERTENZTOHRERB-ZLTVWEEA,
MIZOVWTR, "TZT0HIR, 25RLTSEEL,

7. 21 EO923VOVANIEMENILZTEZRTTDICE, R—DZEHLET,

1111
HE

FTOTORNNSRTREIBRTZICE (VY —))

1. 242142 AWS Management Console L, https://console.aws.amazon.com/
machinelearning/ ¢ Amazon Machine Learning 1>V —J)LZHE £ 9,

2. FETF—>3asN—7T, V=—artelLIvzx—z2ERBEL. V-3 zBRLET,

3. [ATZITUORNR=DT, A7V MZEBRLET,

4. BRUEATZIONO I3 VICAPO-ILLET, TOAXTZSIINDODRT &,
2O IVOTHIC—ERTENET,

5. [BTDOEMELFFE]) ZERLET,

6. [BALLZE] T, HIRTZ2ITZBRL., [EEOEA] 2ERLET,

Amazon ML #7229 MO R T T (API)

Amazon ML APl ZEAL TR T NDEM, —BXRR., BLTHIRZITS ZENTEXRT, HIICOVT
&, RORFIAIXIRNZSHBLTLSESL,

AddTags
BELEATDIONDRTZEBMELRFHFELET,

Amazon ML #7249 RO X5 4T (API) Version Latest 171


https://console.aws.amazon.com/machinelearning/
https://console.aws.amazon.com/machinelearning/
https://console.aws.amazon.com/machinelearning/
https://console.aws.amazon.com/machinelearning/
https://docs.aws.amazon.com/machine-learning/latest/APIReference/API_AddTags.html

Amazon Machine Learning FROY/IN—HA K

DescribeTags

BELEATDIONDAR T Z—EBEXRRLET,
DeleteTags
BEENEATDIONDSRERITZHIKRLET,
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Amazon Machine Learning U7 7L > A

Ny

« Amazon S3 A SF— R EFHIAL O D Amazon ML 7V £ AT OERE
« Amazon S3 ICFRIZH N T B EHIC Amazon ML OF VEAFT %2153

* IAM (&% Amazon ML J YV —AANDT 7 = A0 Hl

s Y—EABTORS BB RELEDR L

« FRBARL -3V ORGFHEEE

c VDOTARNAT—RADHER

« DATLOFIR

« IXNTOATITVROERE ID

s A7 TV NOEHREB

Amazon S3 A 5 F—XZFZHHIAT =H DO Amazon ML 7 UV 2 A5F
ATOEE

Amazon S3 TAHNTF—ENSTF—RY—AFTZIVRNEERTZICE. ADTF—E2HFBMENT
W3 S3DBAICHL T, Amazon ML ICATOT7 O AHFAZ25ZRHEN HVYET,

« SANTYRBRVTL T4 Y UAD GetObject 7 V£ A,

« S3/NT Y KO ListBucket 7 VA, DT U a> &EREixV), ListBucket &/N7T Y N&&kD
TOBRAFAT (TL714YJACTRE)NFITEENRTVEIHSENHYET, L. Condition
AEFERALTT IO ERERZBENDTL 74V VARICAOD—TTEEXT,

Amazon ML AV =) ZFERALTTF—3YV—AZERTRIEE. chsOT7 I AFT%E

NTY NIEMTBDENTEERT, VIAH—ROFIEZETLEEZICEFNSZEMT
BPHLESHZERFEIBDTAVT M RRENET, RORIZ—OHIE, 27T ILOBFR
s3:/lexamplebucket/exampleprefix H* 5 F— R ZFHAESD Amazon ML D7 VAR ZHFET
2HEZERLTVWET, ListBucket 7V AFFAIOBEAEE K exampleprefix ATINAIZ D IR
VIARET,

{
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"Version": "2008-10-17",
"Statement": [

{
"Effect": "Allow",
"Principal": { "Service": "machinelearning.amazonaws.com" },
"Action": "s3:GetObject",
"Resource": "arn:aws:s3:::examplebucket/exampleprefix/*"
"Condition": {
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
},
{
"Effect": "Allow",
"Principal”: {"Service": "machinelearning.amazonaws.com"},
"Action": "s3:ListBucket",
"Resource": "arn:aws:s3:::examplebucket",
"Condition": {
"StringlLike": { "s3:prefix": "exampleprefix/*" }
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
]

CORID—ZTF—ZICBRTDICE, T—EFREENATVS SBNTY MNCEENITS R
AT MY NERETILENBYNEXT,

SSNTY ROT I EAERR) S —ZRmEITDICE (HVWI Y- ZER)

1. (%4 24> AWS Management Console L, https:/console.aws.amazon.com/s3/ T Amazon
S3AVV—I)IZREXT,

2. F—EHFEMNTLWANTY NEBZERLET,

3. [ZONT 4] &ZERLET,

4. [INTY MRV —DORE] 2BRLET,

5. ERRORIVZ—ZAHL, Z—RZEDETHARAENAALTH S, [RTF] ZBIRLET,

6. [RTF] ZBRLZET,
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SSNTYRNDTIEAERR)S —ZmEITZICE FHLWIY-ILZ2ER)

1. %4 24> AWS Management Console L., https://console.aws.amazon.com/s3/ T Amazon
S3OAYY—-)IZRHEXT,

INTY RNE, [TOEAER] OIREICERL KT,

INTY RRDS—] Z2BRULEKT,

LERORIS—ZAHNL, Z—RIZEDETHARAEIAALET,
[RTF] ZBIRLE T,

o &~ 0D

Amazon S3 ICFRIZH TS =6 Amazon ML O F 7t AFFH]
z=18%

NYFFRARL -3 0FERE Amazon S3 ICH DT ICIEFE. NYFFRAERARL—>3 20
ABDELTREENEHABRICHTEIUTOT VAR %EZ Amazon ML IZN5 T2 %EBENH V) E
9,

« SANTYRBKRTTLT714YTAD GetObject 7V A,

« SSNTYRBRTTLT 1Y U AD PutObject 7V AT,

« SANTYRBKTTL T4V AD PutObjectAcl 7 7 & AT,
« AT DTV MHERE NIZE TBEE D ACL bucket-owner-full-control 7 ¥ AFFA[ &2 1—H'—0

AWS 7HIVKNIEZZEHIZ, Amazon MLICIEC NS OT VAT AN BETT,

« S3/N\T Y N ListBucket 7 V2 AFF A, DT U 3> &RV, ListBucket &/N7T Y N&&kD
TORAFT (FL74YVACTREL)AFTEEATVRIMREN HYVET, EEL, Zha%z
FEALTT IV EAEREREND T L 74 Y VRIZAO—TTEFT,

Amazon ML OV —=)LZERALTNYFFRVIIANEZERTREHEE. chSOTIEAHFT%
7Y NCEMTBZENTEERT, T —KOFIBERTTBHE, ThSEBMIBALSH
EERID IOV M RRENET,

LTRSS —0HFIE, 5> 7 )L OBFT s3://examplebucket/exampleprefix IZT7F—X 2 E&ALT
Ot AT %Z Amazon ML ICIF5 95 FZEZRL TVWET, ListBucket 7V AFF A D E A H (&
exampleprefix ATB/NAIZLDOKIZRKY)IAEN, HAHTL 714V T AD put object ACL DT V= AFFH
% Amazon ML ILRFELTWE T,

"Version": "2008-10-17",
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"Statement": [

{
"Effect": "Allow",
"Principal": { "Service": "machinelearning.amazonaws.com"},
"Action": [
"s3:GetObject",
"s3:PutObject"
1,
"Resource": "arn:aws:s3:::examplebucket/exampleprefix/*"
"Condition": {
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
},
{
"Effect": "Allow",
"Principal": { "Service": "machinelearning.amazonaws.com"},
"Action": "s3:PutObjectAcl",
"Resource": "arn:aws:s3:::examplebucket/exampleprefix/*",
"Condition": {
"StringEquals": { "s3:x-amz-acl":"bucket-owner-full-control" }
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
},
{
"Effect": "Allow",
"Principal": {"Service": "machinelearning.amazonaws.com"},
"Action": "s3:ListBucket",
"Resource": "arn:aws:s3:::examplebucket",
"Condition": {
"StringlLike": { "s3:prefix": "exampleprefix/*" }
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
1]

DR —2TF—RICEATRICE, T—RZARFEEIATVWS S3NTY MIBEEFR TSN IZRY
—AT—RMXV N ZRETILEN BN ET,

\" 1
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SBNTY ROT I EAERR) S —ZmETDICE (HVWI Y- ZEA)

1. %4 24> AWS Management Console L., https://console.aws.amazon.com/s3/ T Amazon
S3OAYY—-)IZRHEXT,

TF—RNEIPNTVWBINTY NEZBIRLET,

[Z’ANT 1] ZBRLET,

[INTY RRUS —DiRE] ZBIRLE T,

FRORIVD—ZAIL, Z—RICEDETHAZIAALTA S, [RE] ZEBRLET,
(R7F]) ZBIRLET,

o o bk w0 N

SAINTYRNOT I EAERRVD—ZHmETHICEF FLVWIA Y —ILZER)

1. %4 24> AWS Management Console L., https://console.aws.amazon.com/s3/ T Amazon
S3AVV—IZREXT,

NTY RNE, [TOEAER] OIEICERL XTI,

INTY RV —] ZBIRLET,

FRORIS—ZAAL, Z—XICEDETHRAEINAALET,

[RfF] ZBIRLE T,

o & 0D

IAM (2 &% Amazon ML U Y —AAND T 71 A0 #IH

AWS Identity and Access Management (IAM) ZEA T2 &, I—H—0O AWS OH—EREV Y —
ANDT IVt AZRLICHBTEET, IAMEZFEATSIE, AWSI—H—, JI)—7, KO-
LZERBLUVUERL, TOVRAREEZFERALTAWS VY —ZAANDT IV AZH B LTIERTE
F 9, IAM & Amazon Machine Learning (Amazon ML) TEAT2 &, ABRO 1 —F—NEBED
AWS VY —AZFERATEZHNESH, BRTHEFED Amazon MLAPI 723> ZFERALTRARY
ERITTEDHNESHEFIHTEERT,

IAM ZERAL T, LTZITART,

s BEEROAWS PHOY RNTA—HY—TN—TZEHT %,

s BEEROAWS PHORNTA—H—-—ZLICBEO X1 )T (FBAEHRZEHTS

c AWSOUY—RZHEALTRAVZRTIDEHICEI—H—OT IV AERZHETS
s BEERDAWS PAHIV ROV Y—RAZ2 AWS THOMNAOI—Y—BTHETS
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c AWST7AHDYNIO—-ILZHERL, TOTIVEAEREZEEL T, ThZETAZI—HY—KLE
H—EAZERTD

« IAMTO—)ZERL., ERZEEIZCET, TOO-NZERIZIIVT AT 1 XREIFE AWS
DY —EALL > TRITARBZARL—>32%2020 R N0O-ILF%, O—LZ2EDITATAI
BAIZAPICODVTEERTERT,

BB IAMT7ATUOTATAREF>TVREE, AWWSOUY—RAZFEALTRERAIVZRITITS
EOOTOEAERE, ThEFRALTRETRIENTEET,

IAM QOFFMAICOVWTE., TIAMI—HY—HA4 R, #283BLTLSEETL,
IAM 7R S —#EX

AM AU —F, 12, EEGERORT— kX NTHRE NS JSON KF1XYRTT, B2
FoRXY NBRO&LS BERTT,

"Statement":[{
"Effect":"effect",
"Action":"action",
"Resource":"arn",
"Condition":{

"condition operator":{
"key":"value"

}

1]

RIZ—=AT—M AV NIRATOERENfEENET,

- Effect AT— M XV NOBRETEETDVY—ABLCAPITO I 2FERATRLEOOT IO
AHUEHEHBLET, B ERK, Allow BKD Deny T F7 AL KMTRE, IAM I—H—&
DY —ABLTAPI T3> aERTRTIOERAFIN BTV, UIIARNEIINTESE
NET, ARHE Allow EF7 AL NCEXELET, ARWA Deny Ik, INXTD Allows I[CE
ELET,

o Action: 7O A A ZFEXRLRIEETTHINRELED, BEDAPI TV 3>TY,

« Resource] (WY —R):TIO23aVICL>TEEBEREEND VY —ATT, AT—KXUHNTU
V—AZEETSICE. Amazon VY —AXR—LA (ARN) ZFEAL E T,
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 Condition (A7 > 32). RUS—HDNEBMCBIRAZI T ZHBLET,

IAM RV —DERB LT EBREZEREILT S -HIZ. AWS Policy Generator & 1AM Policy Simulator
ZFEATEET,

Amazon MLAmazon ML @ IAM RS —TF o< a> NOIBE
IAMZRD) S —AFT—KXRNT, IABMZHYR—RNTED2IXNTOH—ERAODEEDAPI 7O %
ETEET, Amazon MLAPI 7922 3> DRIV —AT—RM X N EERTIHE. KOBICR
FTRSIZ, API 723> OBZEOHIC machinelearning: ZEBMULE T,

* machinelearning:CreateDataSourceFromS3
* machinelearning:DescribeDataSources
* machinelearning:DeleteDataSource

» machinelearning:GetDataSource

BE—DAT—MXVRNTEBOT V>3V ZEBETDICEK., PO2aVBAZINTRYNET,
"Action": ["machinelearning:actionl", "machinelearning:action2"]

DAINRA—REZEBLTEBOT VIV ZIEETDCEETERT, LEARF, BEIA MGet,
EVSEETHREDINTOTIZAVEEETERT,

"Action": "machinelearning:Get*"
Amazon ML 7923023 XTEETSICE., *DMILRA—RZFEALET,

"Action": "machinelearning:*"

INXTD Amazon MLAPI 722 a>O—8IC D2V Tk, TAmazon Machine Learning APl 1) 7 7 L
VAL EBBRLUTLKEZV,

IAM 7R') <> —7T Amazon ML UY —A® ARN Z#IEET 3

IAMARD S —ZAT— M XY RNE 1 DELERREHOVY —RAICERAENET, ARNTRUS—0DV
V—AZEELEXT,

Amazon ML UY —A®M ARN ZIEETDIClE. XOFEXEFEALET,
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"Resource": arn:aws:machinelearning:region:account:resource-type/identifier
ROBIE, HEARN ZHEEITSHEZRLTVET,

F—&Y—A ID:my-s3-datasource-id

"Resource":
arn:aws:machinelearning:<region>:<your-account-id>:datasource/my-s3-datasource-id

ML EFJ)L ID: my-ml-model-id

"Resource":
arn:aws:machinelearning:<region>:<your-account-id>:mlmodel/my-ml-model-id

JNY FF 8 ID: my-batchprediction-id

"Resource":
arn:aws:machinelearning:<region>:<your-account-id>:batchprediction/my-batchprediction-
id

#Ffi ID: my-evaluation-id

"Resource": arn:aws:machinelearning:<region>:<your-account-id>:evaluation/my-
evaluation-id

Amazon ML O R < — D
Gl 1: BBFEB )Y —AXRTF—E2O5 V) 21— —IZFA TS

RORISD =Tk, I——FKEEITIL—7

A", DescribeDataSources, DescribeMLModels, DescribeBatchPredictions, DescribeEvaluations, GetDat
B KXY GetEvaluation 7O 3V ZHBEDI Y —ATRERITLT, F—RY—ADXZTF—Z, ML E

T, NYFFE, BLOTFEZHZHAED & ZFTLET, Describe* ARL—23 20T 7K
ERZHEDDY—AICHRID LR TEEE A,

"Version": "2012-10-17",
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"Statement": [{
"Effect": "Allow",
"Action": [
"machinelearning:Get*"

]I

"Resource": [
n

arn:aws:machinelearning:<region>:<your-account-id>:datasource/S3-DS-ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:datasource/REDSHIFT-DS-

ip1",
"arn:aws:machinelearning:<region>:<your-account-id>:mlmodel/ML-MODEL-ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:batchprediction/BP-
D1,
"arn:aws:machinelearning:<region>:<your-account-id>:evaluation/EV-ID1"
]
3,
{
"Effect": "Allow",
"Action": [
"machinelearning:Describe*"
1,
"Resource": [
nakn
]
]
}

Bl 2: BBEFE )Y —AOEKZI - —ICFFATS

RORID—TR, 1= —FKLEGEITIL—=TH

CreateDataSourceFromS3, CreateDataSourceFromRedshift, CreateDataSourceFromRDS,
H XV CreateEvaluation 7o 3> &2ERTL T, BBEBFT—XYV—A, MLEFIL. NV FF
BELVFMZERTRD L ZFALET, cNSOTIIAVOT IV EAERZRED) Y —AIC
FRIBDEFETEEREE A,

"Version": "2012-10-17",
"Statement": [{

"Effect": "Allow",

"Action": [
"machinelearning:CreateDataSourceFrom*",
"machinelearning:CreateMLModel",
"machinelearning:CreateBatchPrediction",
"machinelearning:CreateEvaluation"
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]I

"Resource": [

"

]

B3 UTINEALTIY RARA NDEREHIR, 8RFMLEFIICLKDUTILEA LTFROET
Z1—Y—ICFFATD

RORID =T, I—HF—FLBITIL—TH

CreateRealtimeEndpoint, DeleteRealtimeEndpoint & KT Predict 7> a2 ZHBED
MLETFTITEITLT, UFILRALIY RRA2D NOERPHIR, LTV TILRA LTRZRT
ITHEEZFALET,

"Version": "2012-10-17",
"Statement": [{
"Effect": "Allow",
"Action": [
"machinelearning:CreateRealtimeEndpoint",
"machinelearning:DeleteRealtimeEndpoint",
"machinelearning:Predict"
1,
"Resource": [
"arn:aws:machinelearning:<region>:<your-account-id>:mlmodel/ML-MODEL"

]

BlaBEDODVY—AOEHMEHIBREZI - —ICHATTS

RORID =T, I—H—FKLBITIL—TH

UpdateDataSource, UpdateMLModel, UpdateBatchPrediction, UpdateEvaluation, DeleteD:
B KU DeleteEvaluation PO 32ETFTAHIRDODIY—ATEITLT, AWST7HVUY MNO%
EOVY—AOEMPHIRERTIDCEZHFALET,

"Version": "2012-10-17",

"Statement": [{
"Effect": "Allow",
"Action": [
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"machinelearning:Update*",
"machinelearning:DeleteDataSource",
"machinelearning:DeleteMLModel",
"machinelearning:DeleteBatchPrediction",
"machinelearning:DeleteEvaluation"
1,
"Resource": [
"arn:aws:machinelearning:<region>:<your-account-id>:datasource/S3-DS-ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:datasource/REDSHIFT-DS-

ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:mlmodel/ML-MODEL-ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:batchprediction/BP-
ID1",
"arn:aws:machinelearning:<region>:<your-account-id>:evaluation/EV-ID1"
]
1]
}

5l 5: $XTH Amazon ML 7o < 3> %5

RDORYSD—TlE, FEO Amazon ML 77> 3> OERZ1—F—F LG IIL—-TICHFALET,
CORV—RBIXNTOBHEBR )Y —ANOILTOLAZHATZ -0, EBECOHIBEALE
ERD

{
"Version": "2012-10-17",
"Statement": [{
"Effect": "Allow",
"Action": [
"machinelearning:*"
1,
"Resource": [
nn
]
1]
}

B—EABTOLD B RELEOPLE

BEALUVEREBEER, 70232 2RTI2LEOOT IV EAFAZEFELBZVWITAT4H, &UH
BOHZTITATALTIVIVORTEBFHTETLERSIBRICELS, EF21 VT4 LOM
BTY, TlE AWS, Y —EABEOEY)TERLICKY, BEUVLAEREBENf RETH ANl BV E
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T Y—EABTOLRYFTRLEF, 1 2O —ERX (FOHLTY—ER) A, oY —ER (HOH
LRRY—ER) ZHRCHTEECRETDIARES BN ET,. FUHLRY—EAR, ER&57
VEATRENFTFAETNBINETRBEVFETEZOFAZEAL T, HOBEHROY Y —AILCLKHT
PUNBERITIDLIDICBRECNZBEN BV ET, ChZEH<SLEO, AWS TR, 7HI DY
V=ANDT VAN REENEY—ERT U NLT, IXNTOY—EADTF—22RETS
EOICRIDY—ILEZRELTVET,

)Y —ARUS—RTE aws:SourceArn &K aws:SourceAccount JO—NIL&EI T
FANF—%ZFEHAL T, Amazon Machine Learning A"BlOH—EAICRFET D, UY—AANDT
VEAHNZ4IRTZ L EZHBHOLET, aws:SourceArn DEIC Amazon S3 /Y7 ¥ M ARN
BEOTAIRNIDAEEATVWAWEER., A0 J/O-NLEGATHFANF—ZFEAL
T, POELAFAZGFRIDVENHYET, BUARV—ATF—MXrhThsndO-N)
ZHBEAVTFANF—OmEBAEEAL, 7HD N ID IZaws:SourceArn DEAEEA TV AEV
B4, aws:SourceAccount fEE aws:SourceArn EDHRD T HI U NIk, BEUT7AHTNID
EFEATIHXENHYET, VORY—EAOTIEAICVY—RA%&E 1 DEFBEERITEVEE
l&. aws:SourceArn ZFERALET, TOTHVRNAODY—RA 2V OAY—EADER ICEEE
FH3eZHFTNTBH5HEEIE. aws:SourceAccount ZFERALET,

BEILUVEREBENSREITDLOOREMENBFTERE., VY—ADTELAZ ARN ZEEEL
T aws:SourceArn JO—NILE&HAV THF AN F—ZFERHTSZ LTI, VDY—ADESE
% ARN A" FERZIZEX, BHEOVY—RAZEETSHEEE. aws:SourceArn JO—/N)L
OAVTFARNEHF—%ZFEAL T, ARNOKRAIBREDAILRA—R (*) TRLET, flx
&, arn:aws:servicename:*:123456789012:* T,

RDOBIE. Amazon ML T aws:SourceArn & KT aws:SourceAccount JO—NILEB#I T+
ARNF—ZFEAL T, Amazon S3ANT Y MASTF—RZ5HABB BRI L AR ERAEZB < HZE
ZRLTVET,

"Version": "2008-10-17",
"Statement": [

{
"Effect": "Allow",
"Principal": { "Service": "machinelearning.amazonaws.com" },
"Action": "s3:GetObject",
"Resource": "arn:aws:s3:::examplebucket/exampleprefix/*"

"Condition": {
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
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}
.
{
"Effect": "Allow",
"Principal": {"Service": "machinelearning.amazonaws.com"},
"Action": "s3:ListBucket",
"Resource": "arn:aws:s3:::examplebucket",
"Condition": {
"StringlLike": { "s3:prefix": "exampleprefix/*" }
"StringEquals": { "aws:SourceAccount": "123456789012" }
"ArnLike": { "aws:SourceArn": "arn:aws:machinelearning:us-
east-1:123456789012:*" }
}
1]

FRARL —> 3> OKEFEREE

Amazon ML O/NY FARL =232k, ERBICET IR LEOICHOREBICHKEFELTVET, chs
NDIHKEFEEREZEERTD-HIC, Amazon ML BFIKFEHEOHBD VIV I AN ER#RBIL, BENSZETLEES
EEMIAELET, BENTTLTVWAWES, Amazon ML (&, IKET2RENTTIBET, &1
DIVIOITANZREFELET,

NYFARL =23 VBICEVK DA DEKEFEEREABVET, LEXAE, MLETILZERT S
. MLEFNZRL—Z2TTERT—2Y—AZERLTHEKBENH VY ET, Amazon ML
. RAARELETF—FYV—ANBWNEE, MLEFINZERNL—Z20T0F2 LR TEEXREA,

U, Amazon ML L ERHREDKERREEZYR—NLTVWET, LXK, F—2EFIL
ETMLEFINERNL—ZVTTRVITARNEEFEITRHENIC, T—ERANTFEENDIETHON
BEdWEEBA. RDYIC, F—RY—ANERE B ETIC, F—RY—AZFALTML EF
NERNL—Z2T092VO0TARNEEETEET, Amazon ML &, F—X Y —ARKEHNTEET 1D
FTT, ERICNL—ZUBREEZRABLEL A, createMLModel VP TANE, HKETHFEtEE NS

FTFI—ICANSNET, TN TT TS E, Amazon ML (XE 5IC createMLModel #24ENDR{T

ERAET, BHEIC. NL—Z2JZKTLTVEVMLEFILONY FFAETHE) VI ANER
BETEET,

RDOERIE, BBD AmazonML DT V2 3> 2D EHOEHFZRLTVET,
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LTZz3%1z9I(C BERBED
ML EFILZERK TS (createMLModel) BTN TR EEO>T—RY—A
INY FFRI & IER T % (createBatchPrediction) TF—2Y—RA
ML EFI)
INY F 5l ZERX T % (createBatchEvaluation) T—2Y—RA
ML EFI)L

JOTANAT—ZADHER

)OO TANZZEETSHEE. Amazon Machine Learning (Amazon ML) APl 2L TAT—2 A%
WEETEET, HlAE, createMLModel VYV I ANZIEETSHE. describeMLModel U H
LEFERALTAT—RAZBETEEXT, Amazon ML &, XROVWTIhHADAT—RATIEELE
CB

AT—RA E&
RE Amazon ML I, U9 T ANERIEELTVET,
Fizl&

Amazon ML &, UV TARNZRITITRRIERE )Y —AHNFAT
BEICBEDDZEF>TVET, chldk, THYUNTRAKICETTS
NYTFREVIVIANODBRABZBALEZESICRETHHELEND
WVET, CDBE. OERTHFOVIITARNNETITEIHLAF Y &
bEenke&(lZ, AT—R AN InProgress ICBITLET,

TE
Amazon ML @V 9T AR ETT T2 EHICHER/NY FiREERS
BLTVWET,

#435h YO TAN EERFRTT,
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AT—2A E&

COMPLETED DOTARNERETL, #7210 MN0ERER ML EFILETF—
2Y—R) FEGRTER (VY FFREFHE) ABEVEL &,

FAILED Rt nlTF—2IALEENF HBD. . ARL—32H
FrovlehRLE, LEARF, TTIECXRBLET—RY—-AD
T—ARAETHELELDETRE, BENRERFRREVWSAT—X
AXYE=—DHFRRENDZENBYNET, IZ7— XV E—DR,
BENEBLCTETULAA D ILERZHALET,

DELETED TSI O NIHIBREARTT,

Amazon ML &, Amazon ML A" A7 IO NDERERT LEEERE, AT T ONIETZE
WMEBRHELET, FMAICHOVWTR., "7 0RO ARNER L #28BLTLSEEV,

AT LDHIR

BETERAMOSEVT—ERAZRMIZ O, Amazon ML EZATAICHTBUITANI—
EDFIREZRLTVWET, BEAED ML OBER., ChSOHENNICHRIZIREW TS, L1
L. Amazon ML QEAN ChSOHIRICE > THNZZTD EAHAL LHEE, AWS HA
AN—H—EALCEELT, #HRZLFZIRSIVITANTERY, LEAEF, ARICRTTES
SATOBN 5 DLEBRENTVAELET. COEBROEDIC, TITHUY—RE5THER
FI1—CHBCERD O EBAE. FHAIYRTLOLRESE LFHOAEIAELAEL A,

RDERIE, Amazon ML ICB T2 TF7AILRNDTHI R EDFHIBRZRLTWET, S DHIR
DINXNTH AWS HAZN—H—ERAICL>TH|lELITFondbliFTlrdY) EEA.

[BIRD R A 7] [> AT LHIER]
ZFBEAEOH A X 100 KB
MN—Z20F—2DHA4X* 100 GB
NYFFRADOHAX 1TB
NYFFRAADOY A X (LD—RE) 184
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[HIBRD X A 77T [ AT LHIBR]
F=BTT7 A (AF—X) NOEHH 1,000
LEOEME BT hi-HAZHE) 10,000
ZBUFILEALDFRALY RKRA>2 D TPS 200
FTRTCOUTLEZALDFHAIY RRA MOV THOEFH TPS 10,000
FTRXTOVTILERALDOFRIY RRA > MZOVWTOEF RAM 10 GB
ARICERITENDD3aTO 25
FEODITOEROERTHME 7 HE
EBHROSAO ML ETILDOYSAK 100
ML EFIILH A4 X /N1 MB, &K 2
GB
ATZIORNBEY) DRI DO 50

c F=RIT7TANOHARE, PIaTHFRELCKTIBDELSICHRENTVET, 7 BN ERTH
THoEDATNEBNICKRTIZE, AT—RAR KK ICBYET,

INTOATDITIVRNDOERE ID

Amazon ML DI XTDAT TV NEEBRIFERLEF ID ZH>TVRIHENH ) FF, Amazon ML
V=L 0BEE IDENrERENETH, APl Z2FEAITZ2HEF BN DEZERTIHLENH
WET, EIDIE, AWSTAHIVRDRLURATDTXTO Amazon ML AT IV RNT—ETH S
PDENFHVYVET, D2FV., BUID T2 O0fMlizFE 2 ETEELE A, AU ID 2L Tl

ETF—BRY—REEODERFTETTN, #HEZhFEA,

FTDIORNIG, SUVRALICERENEBIFERATZBRATIEVXFEIOSL 71V O A%
FRITZEZHEOLET, FEXIE, Amazon ML AV =N TF—2Y—AZ4ERTIES.
Fds-zSCWIUWIOXFy D& DSBS VA ALAT—ENIDET—RFY—ARICEIV)HTET, cOIDIEF1
ADI—H—ICEHALTEHREBOLOICTHICTVAALT, AODOAVNIRTHEARPTVEDTT,
FEHEEDAYRTEDOLHIC Tds-3 EVSTLT71YIREFHFTVETH, BETEHYEE
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Ao DXZFHIMEFEALESKVHBRTHEVMESE, 16 EH UUID 18 (28b1€915-57e5-4e6c-
a7bd-6fb4e729ch23 B &) EEA TR L EBEBHLET, ChRFEDLSBBHFOT7OYSIY
RIETEMEATETT,

ID XZEHCIE ASCH XFE, BFE, N1 7>, PUOR—AATZEHD N TE, BK64 XFEF
TTF. XRF—REIDXFFCIVO—RIBEATHET, ChEBTS<ERNELELCRER
£F. LAL, AT IV RERENEBRFZO D AEETEANLESD, COFEEHERE hE
A,

7T ORNER, A —TLURUBAXRTF—RE{&ATZIIONCHERTHHELZFET
o ATITONEERL IR, TOBREEHTEXT, ChllkY, FTDZTIREICMLD—
V70— D—HeRMELDIENTEERT, LealF. BHEMLETFILBZ "RE#3, &L,
BTETINEZ "BREABETI L LEETEET, Bk, &K 1,024 XZFETOEEDONFT
T3,

F72TU NGB

Amazon ML THER T2 F—2Y—A. ML EFI)L, i, FEINYFFUAFTZTINE, B
BOBLEE 2 FRAEERATREICEY)ET, Amazon ML &, 2FRET VAKX EFERAEHTY
BOWATZI VN 2BBNICHIBRTZZEFBYET,
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)J—=A

COY—ERAZFAITIRICKRIUDEE) Y —ARRODERY TT,

« Amazon ML & m1EH - Amazon ML ICBE T3 I XN TOBEERRERZ—THICF Y 7FyLE
9,

* Amazon ML &< H2EM - CORMICOVT, RRENSLKFESNBEBICOVWTHAL
9,

« Amazon ML 4> 7 )L 1— R —Amazon ML 2R3 Y FINTF 7V r5r—a>T3, 27
O—RZRABRELTERALT, BEBOMLT7 S USG—23  2#ERTRHENTEET,

« Amazon MLAPI U7 7L A -Amazon ML D FXT D APl BEZFLKHBALET, £k, ¥
R—KRENZVI7H—ERZORINOYTILOVIITARNEL AR AEREBLET,

« AWS FROYN=UY—RAEEZ—-BEERFIXN, O—RY2TII, VDU—A/—Kk
ENBBRIC—DFATTIEATED D, AWS TOEFWNATTUT—23a > 0BEICKRIEE
£

c AWS hL—Z2JBLVTI—A-AWS ICEATRAF )| Z2EE, RRNBERE/LLOHICERL
O, BEAHNOHINI-RELILTIR—ATRADOIUTT,

« AWS ROV N—AY =) -FRAYN—AY -, 8LTER, O—RHl, DI—A/—

N, AWS 2RI L EEFMNBT TV T—>a > OBEICRIDTOMOBEREST Y —AAND
)>07TY,

« AWS Support Center - AWS support T—AZERB LT EBRTDLEOD/NTTT, 73—F A,
BN EOX<HBERM, —EARERAT—X A, AWS Trusted Advisor %% EDEFIZ )Y —AA
DI ITEBENTVET,

« AWS Support—1 X 1 TORRZEMISZITI HR—KNF ¥ X)L THS AWS Support ([CBT B 1ER
DAAYIITTR=ITE, AWS Supportld, V7T RTOTFTTIVT—>32 OBESRTERT
EXELET,

« BEAVEDE -AWS OFER, FHIU M, ARVKN, FEFEA, TOMOREALEICETZHM
WEDLEOZFEOTT,

« AWS H4 NOFIARN - HHLDEEE, BE. BBFEROTHIUN, FA4EVA, Y41 MANOT
VER, BRETOMOKNEY VICET2HMBERTT.
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RF¥IXD NER

LR M F&EIZ, Amazon Machine Learning (Amazon ML) ®SE®O ) ) —ATITHONERFIX MO
EEREEERLET,

« API/N—>32:2015 % 04 A 09 H
- BIEIO RFI XD NOEH: 2016 F 08 A 02 H

zE 8 ZEH
XNUOA® 4SEO Amazon ML D)) —A Tl Amazon ML A7 T 9 K 2016 £ 8 A
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M OWTEE, "THATD T ORNDOHIR 2SRBLTLSESE
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T4 HZEB  AmazonMLOZOU ) —ATIE, Amazon ML 7T ORI 2016 £ 6 B
i BTG GTHIH-EENEBMENEL =, 23 B
HMICOVWTIE., TAmazon ML A7 T O RNDETFT, 25
BLTLSEEL,
Amazon Amazon ML ® M J!) —ATlE. Amazon Redshift ¥—2XY — 2016 £ 4 A
Redshift ¥— ADFEZEZH L LY Amazon Redshift ¥ —XY —RAICIE—F 3 11 H
RY—ANOT HeENEMENEL L,
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Amazon ML ® Z DU —ATIE, OV —)LIZ Amazon ML
T—3Y—AZERL TEGIBEL TVWDR L Z2RFETEIR
([Z. Amazon Redshift DEEEZTANTDHENEMENEL
o BMAICOWTIE., TAmazon Redshift 7—2Z (A2 YV =)L)
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Amazon ML ® 2D J1J—ATIE. Amazon Redshift (Amazon
Redshift) —X AF—Y A5 Amazon ML F—Z AF—X D
BN REECNET,

Amazon ML T® Amazon Redshift O fEFH (CB8 T 2 5E4M (.
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ERT 21 ZSRBRLTLSEETL,
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DTINEZALFROEAOEMIZ DWVWTIEE. Amazon Machine
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